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Abstract

Developed sequential order statistics (DSOS) are very useful in modeling the lifetimes
of systems with dependent components, where the failure of one component affects the
performance of remaining surviving components. We study some stochastic comparison
results for DSOS in both one-sample and two-sample scenarios. Furthermore, we study
various ageing properties of DSOS. We state many useful results for generalized order
statistics as well as ordinary order statistics with dependent random variables. At the
end, some numerical examples are given to illustrate the proposed results.
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1. Introduction

Order statistics play a significant role in probability, statistics, finance, economics, reliabil-
ity theory, and many other fields. In reliability theory, they have a one-to-one relationship with
the lifetimes of k-out-of-n systems. A system of n components is said to be a k-out-of-n system
if it functions as long as at least k of its n components function. If X1, X», ..., X, represent the
lifetimes of the n components of a k-out-of-n system, then the system lifetime is represented
by the (n — k + 1)th order statistic, namely, X;,_x+1.,. TWo special cases of k-out-of-n systems
are the parallel system (k = 1) and the series system (k = n). There are many real-life systems
that are structurally the same as k-out-of-n systems (see [4, 32, 35]).

In conventional modeling of the lifetimes of k-out-of-n systems, it is generally assumed
that the failure of one component does not have any impact on the lifetimes of the remaining
surviving components. However, in most cases, this assumption oversimplifies any given real-
life scenario. For example, the load of an aircraft engine, when it fails, is transferred to the
remaining surviving engines, and consequently the lifetimes of the remaining engines decrease.
To model such phenomena, we need more generalized models that can capture the impact of the
failure of one component on the others. To deal with this problem, Kamps [25] introduced the
notion of sequential order statistics (SOS) (see the definition in [25]), which is an extension
of that of ordinary order statistics (OS). Subsequently, Cramer and Kamps [17] introduced
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sequential k-out-of-n systems as an extension of the usual k-out-of-n systems. As before, the
lifetime of a sequential k-out-of-n system is the same as the (n — k + 1)th-order sequential
order statistic of the lifetimes of the components of the system. In a sequential k-out-of-n
system, when a component fails, the distributions of the residual lifetimes of the remaining
components are assumed to be different from the distributions that they had previously. This
distributional change can be viewed as failure-related damage or an increment of pressure
imposed on the surviving components. Numerous papers have been written on this topic; see,
e.g., [1, 11,12, 13,17, 18, 19, 25] and the references therein.

Sequential order statistics (or equivalently, sequential k-out-of-n systems) are defined based
on the assumption that the remaining components in each step (i.e., after each failure) are
independent. However, most real-life systems, given their complex structures, consist of
components whose lifetimes are not necessarily independent. Below we discuss two examples.

Example 1.1. Assume that the manager of an oil transmission pipeline intends to build a new
station with five pumps to raise the oil pressure throughout the pipeline. If three out of the
five pumps are operational, then the station functions effectively. Here, the lifetimes of the five
pumps are indeed dependent. Again, the failure of a pump increases the load on the remain-
ing pumps, because proper transmission requires a certain level of oil pressure (i.e., there is
a load-sharing effect). This is an example of a sequential 3-out-of-5 system with dependent
component lifetimes (see [3]).

Example 1.2. Consider a four-engine jet aircraft that functions as long as at least two of its
engines function. Here, the lifetimes of the four engines are interdependent. Moreover, when
an engine fails, the load on the remaining engines increases to provide sufficient power to
comfortably reach a diversion airport or continue the journey. This system can be viewed as a
sequential 2-out-of-4 system with dependent component lifetimes.

Given the interdependency structure between components of a system, the SOS model may
not be appropriate to describe these scenarios. Recently, Baratnia and Doostparast [3] have
introduced an extended SOS model, known as developed sequential order statistics (DSOS), to
describe the lifetimes of systems with dependent components. The definition of DSOS can be
found in [3].

The study of the ordering and ageing properties of order statistics is one of the important
problems in reliability theory. A large volume of research on various aspects of the ordering
and ageing properties of ordinary order statistics can be found in the literature (see [2, 4, 6,
21, 22, 23, 28], to name a few). Furthermore, various ordering properties of generalized order
statistics (see the definition in [26]) have been studied by [7, 8, 20, 24] and many others.
One may note that, if the underlying distribution functions follow the proportional hazard rate
model, then generalized order statistics and sequential order statistics are the same. However,
in general, sequential order statistics and generalized order statistics are conceptually different.
The ordering properties of sequential order statistics have been considered in [14, 15, 16, 31,
39, 40] and the references therein. Furthermore, Burkschat and Navarro [13] studied closure
properties of different ageing classes under the formation of sequential k-out-of-n systems.
Later, Barmalzan et al. [5] studied various ordering and ageing properties of residual lifetimes
of live components in sequential k-out-of-n systems. One may note that all of the aforemen-
tioned studies were carried out for sequential k-out-of-n systems with independent components
(or equivalently, sequential order statistics with independent random variables). The ordering
and ageing properties of ordinary order statistics with dependent random variables, governed
by the Archimedean copula, were considered in [28, 37] and the references therein. To the
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best of our knowledge, no work in this direction has been done for sequential order statistics
with dependent random variables (i.e., for DSOS). Thus, in this paper, our goal is to study
the ordering and ageing properties of DSOS with the dependency structure modeled by the
Archimedean copula. It is worth mentioning that the proposed study on DSOS generalizes
many well established results available for sequential order statistics, generalized order statis-
tics and ordinary order statistics. The novelty of this paper is mainly in considering the DSOS,
which subsumes all of the special cases previously considered in the literature.

The rest of the paper is organized as follows. In Section 2, we discuss preliminaries
and some useful lemmas. In Section 3, we discuss the main results of this paper. We study
some stochastic comparison results for DSOS. Furthermore, we discuss closure properties of
different ageing classes for DSOS. In Section 4, we give some numerical examples to demon-
strate the sufficient conditions used in our theorems. Finally, concluding remarks are given in
Section 5. All proofs of theorems, propositions, lemmas, and corollaries, wherever given, are
deferred to the appendix.

2. Preliminaries and useful lemmas

Unless otherwise stated, we use the following notation throughout the paper. For an
absolutely continuous random variable X, we denote the probability density function, the
cumulative distribution function, the quantile function, the survival function, the hazard func-
tion, the reversed hazard function, the mean residual function, the cumulative hazard rate
function, and the cumulative reversed hazard rate function by fx, Fx, Fy 1, Fx, ryx, Fx, my,
Ay, and Ay, respectively; here ry =fx/Fx, ix =fx/Fx, Ax = —InFx, Ax = —InFy, and

o0

mx(t) = [ Fx(w)dw/Fx(t), fort> 0.

t
We use the following acronyms throughout the paper. We write ‘DID’, ‘OS’, ‘SOS’, and
‘DSOS’ for the phrases ‘dependent and identically distributed’, ‘ordinary order statistic(s)’,

‘sequential order statistic(s)’, and ‘developed sequential order statistic(s)’, respectively. By 2
we mean equality in distribution. All random variables considered in this paper are assumed to
be absolutely continuous with strictly increasing cumulative distribution functions.

Copulas are a very effective tool for describing the dependency structure between random
variables. In the literature, a large variety of copulas have been introduced to describe different
dependency structures. Some of the best-known copulas are the Farlie-Gumbel-Morgenstern
copula, the extreme-value copula, the family of Archimedean copulas, and the Clayton—Oakes
copula. Among all of these, the family of Archimedean copulas has received the most attention
from the researchers because of its mathematical tractability and its ability to describe a wide
range of dependency structures. For an encyclopedic treatment of this topic, one may refer to
Nelsen [33]. Below we give the definition of an Archimedean copula (see [30]).

Definition 2.1. Let ¢ : [0, +00] — [0, 1] be a decreasing continuous function such that
#(0) =1 and ¢( + 00) =0, and let = ¢! be the pseudo-inverse of ¢. Then

C(U], M27 LR | un) :qs(l/f(ul) + 1/”(”2) + tet + w(”n)) ’ fOr (l/l], M27 LR | un) € [O’ l]ns (1)

is called the Archimedean copula with generator ¢ if (— l)kgb(k)(x) >0, fork=0,1,...,n—2,
and (—1)"2¢"=2)(x) is decreasing and convex in x > 0. O
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As an extension of SOS, Baratnia and Doostparast [3] introduced the notion of DSOS,
which is useful for describing the lifetimes of systems with dependent components. Below we
describe the notion of DSOS governed by the Archimedean copula (see [3, 31]).

Let F1, Fa, ..., F, be n absolutely continuous cumulative distribution functions with
F 1_1 H=---<F; 1(1). Consider a system of n components installed at time # = 0. Assume that

all components of the system are functioning at the time of inception. Let X(]), Xg), RN X,g])
be n DID random variables, with the distribution function F, representing the lifetimes of
the n components. Assume that the dependency structure between these random variables is
described by the Archimedean copula with generator ¢. Then the first component failure time
is given by

X;, =minfx{", x{", .. xD).

Given X7, =11, the residual lifetimes of the (n — 1) remaining components are equal in
distribution to the residual lifetimes of (n — 1) DID components with age f; and with the
distribution function F; (instead of Fj) with the same dependency structure; here F> is
assumed in place of F; because the failure of the first component has an impact on the
performance of the other components. Let the lifetimes of these DID components be repre-

sented by X(12), Xéz), R Xﬁ)l Then X]Q) ~ F>( - |t1), where Fa(x|t1) = F2(x)/Fa(t;) for x > 11.

Moreover, ngz) >t,forj=1,2,...,n— 1. Furthermore, the second component failure time
is given by

X3, =minfx{?, X, x P )

Proceeding in this manner, we assume that the ith failure occurs at time #; (> t;_1),
i.e., X}, =t;. Then the residual lifetimes of the (n — i) remaining components are equal in
distribution to the residual lifetimes of (n — i) DID components with age #; and the distri-
bution function F;;; with the same dependency structure. Let the lifetimes of these DID
components be represented by X§’+1), X§’+1), e, Xf:-l). Then X;’H) ~ Fip1(- |t}), where

Fii1(x|t;) = Fiy1(x)/Fi1(t;) for x > t;. Moreover, note that X;Hl) >t forj=1,2,...,n—1.
The (i + 1)th component failure time is then given by

Xr

(i+1) G+1) (i+1)
i+1n Xp WX X

= mini

Finally, if the (n — 1)th component failure occurs at time f,—; = X* then the last com-

n—1:mn’
ponent failure time is given by X,., with the reliability function Fr(x|ty—1) = Fp(x)/Fp(tn—1)
for x > t,—1. The random variables X7, < X3, <---<X;,. are called the developed sequen-
tial order statistics (DSOS) based on Fy, F», ..., F,, where the dependency structure is
described by the Archimedean copula with generator ¢. For brevity, we denote them by

(X3, Xoos - -+ Xiin) ~ DSOS(F1, Fa, ..., Fy ).

1:n n:n

Remark 2.1.1f Fi <Py L. £ F, £F (say), then the DSOS, (X, X5, ..., X5)~
DSOS(Fy, Fa, ..., Fy; ¢), reduce to OS of DID random variables with the common distri-
bution function F' and the dependency structure described by the Archimedean copula with

generator ¢. We denote these OS by (X1.,,, Xoun, - - ., Xpn) ~ OS(F; 9).
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Remark 2.2. One may note that if (X7 X)) ~ DSOS(F1, Fa, ..., Fy; ¢), then

1:n® 2n""’

(X7 T 2 P X} forms a Markov chain with transition probabilities given by
. N F Fi()
P(Xm > X, = ) oln—r+ Dy (x) , t>x>0, )
where F(x) > 0and ¢y = ¢~ L. O

Below we give an alternative definition of DSOS (see [19]).

Definition 2.2. Let Fq, ..., F, be cumulative distribution functions with F 1_1(1) <...<
F, '(1), and let

(")
J 1<r<n,1<j<n—r+1

be dependent random variables with Yj(r) ~F,r=1,2,...,n,j=1,2,...,n—r+ 1, where
the dependency structures are described by the same Archimedean copula with generator ¢. Let

X(l) Y(l) =1,2,...,n,and X}, = min{Xil), Xél), ... ,X,(ll)}. Forr=2,3,...,n,let

X =F; |F(Y<’>)[1— )+ R ) | =12 L,

and X*, = min{X<r), X9, x"

n— r+1] Then

(X1

1:n»

X5 -+ X0,) ~DSOS(F1, Fa, ..., Fu; ).

Two equivalent representations of DSOS are given in the following two lemmas. The proofs
of these lemmas can be carried out along the same lines as in [13, 19] and are therefore omitted.

X502 X)) ~ DSOS(F1, Fy, ..., Fy; ). Then

* -—1 1
1 =F) (V( )>’

Xi, =7 (VOF(x

iin i—1lin

Lemma 2.1. Let (X},

1:n

). fori=23,....n

where

< g <>
VO =max{(1-0v)..... (1-02,,,)}

and U;i)'vUnif(O, 1), for i=1,2,...,n and j=1,2,...,n—i+ 1, and, for each ic

{1,2,...,n}, the Uj@ are dependent random variables governed by the Archimedean copula
with generator ¢.

Lemma 2.2. Let ( * X;n, o X ) ~ DSOS(Fy, Fa,...,Fy,¢). Furthermore, let

o 1:n° nn
D; = —In F; be the cumulative hazard rate function of Fi, fori=1,2, ..., n. Then
X}, =Dy’ (W(”>, 3)
X3, = _1<W(’)—|—D( * 1n)), fori=2.3,....n, )
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where
WO =—in(v®) =min{ ~tn (1-0{"),....-m(1- 0L, )} i=12,m,
and the UJ@ are the same as in Lemma 2.1. Moreover, {W(f), j=1,2,..., n} are independent

random variables with
Fypo=¢(m—j+Dy(e’)), t>0,=1,2,....n, 5)

where ¥ = ¢~ 0.

Stochastic orders are widely used to compare two or more random variables/vectors. In the
literature, numerous types of stochastic orders have been introduced, e.g., the usual stochas-
tic order, the hazard rate order, etc. (see [36, 37]). Below we give the definitions of several
stochastic orders that are used in subsequent sections.

Definition 2.3. Let X and Y be two absolutely continuous random variables with non-negative
supports. Then X is said to be smaller than Y in the

(a) usual stochastic order, denoted by X <, Y or Fx <y Fy, if Fyx(x) < Fy(x) for all x e
[0, 00);

(b) hazard rate order, denoted by X <, Y or Fx <j, Fy, if Fy(x)/Fx(x) is increasing in
x € [0, 00);

(c) reversed hazard rate order, denoted by X <,, Y or Fx <, Fy, if Fy(x)/Fx(x) is
increasing in x € [0, 00);

(d) likelihood ratio order, denoted by X <;- Y or Fx <j Fy, if fy(x)/fx(x) is increasing in
x € (0, 00);

(e) mean residual ) life order, denoted by X Smrl Y or Fx<uFy, if
[ Fy(udu/ [ Fx(u)du is increasing in x over {x: [”° Fx(u)du > 0};

(f) ageing-faster order in terms of the hazard rate, denoted by X <. Y or Fx <. Fy, if Ax o
A;l is convex on [0, 00), or equivalently, ry/ry is increasing on [0, 00);

(g) ageing faster in average order in terms of the cumulative hazard rate, denoted by
X<.,Yor Fx <, Fy, if Axo A;l is star-shaped on [0, 00), or equivalently, Ax/Ay
is increasing on [0, c0);

(h) ageing faster in quantile order in terms of the cumulative hazard rate, denoted by X <y, Y
or Fy <, Fy,if Axo A;l is superadditive on [0, 00). O

Like stochastic orders, stochastic ageings are also very useful tools for describing how a
system behaves over time. In the literature, numerous ageing classes (e.g., IFR, IFRA, DFR,
DLR, etc.) have been introduced to characterize different ageing properties of a system (see
[4, 27, 38] and the references therein). Below we give the definitions of some ageing classes
that are used in this paper.

Definition 2.4. Let X be an absolutely continuous random variable with nonnegative support.
Then X is said to have the
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(a) increasing likelihood ratio (ILR) (resp. decreasing likelihood ratio (DLR)) property
if f%(x)/fx(x) is decreasing (resp. increasing) in x > 0 (here f%(-) represents the first
derivative of fx(-));

(b) increasing failure rate (IFR) (resp. decreasing failure rate (DFR)) property if ryx(x) is
increasing (resp. decreasing) in x > 0;

(c) decreasing reversed failure rate (DRFR) property if 7x(x) is decreasing inx > 0;

(d) increasing failure rate in average (IFRA) (resp. decreasing failure rate in average
(DFRA)) property if —In Fx(x)/x is increasing (resp. decreasing) in x > 0;

(e) multivariate increasing failure rate in average (MIFRA) property if
E(E(Xl,Xg, ...,X,,)) SEI/O‘(E“(Xl/a,Xg/a, ...,X,,/ot)) for all continuous
nonnegative increasing functions £ and for all « € (0, 1);

(f) new better than used (NBU) (resp. new worse than used_ (NWU)) property if A X is super-
additive (resp. subadditive) in x > 0, or equivalently, Fx(x + 1) < (resp. >) Fx(x)Fx(t)
for all x, > 0. O

Below we give a list of lemmas that are used in the next section. The proofs of Lemmas 2.4,
2.5, and 2.6 are omitted for the sake of brevity.

Lemma 2.3. Let X and Y be independent random variables with nonnegative supports. If ¢ is
a strictly increasing, continuous, and superadditive function, then {(X)+ ¢(Y) <¢ ¢ (X + 7).

Lemma 2.4. Let X be a nonnegative random variable, and let a > 1 be a constant.

(a) If X is IFR then X <p, aX.
(b) If urx(u) is decreasing in u > 0, then X <,j, aX.
(c) Iffx(e") is log-concave in u > 0, then X <j, aX.

Lemma 2.5. Let Z be a nonnegative random variable, and let X and Y be absolutely continuous
nonnegative random variables such that X >, Y. If Zis DRFR, then Ay o A;l (Z) is DRFR.

Lemma 2.6. Let Z be a nonnegative random variable, and let X be an absolutely continuous
nonnegative random variable. If X is DFR and Z is DRFR, then A;l (Z) is DRFR. U

The proportional hazard rate model (PHR) model is one of the commonly used semi-
parametric models. This model has many applications in survival analysis, reliability theory,
and many other fields (see [29]). A set of random variables {Z{, Z, ..., Z,} is said to follow
the PHR model if, fori=1, 2, ..., n,

Fz,(t) = (F(1))*, for some &; > 0 and for all £ > 0,

where F is the baseline survival function. We denote this PHR model by F 7, ~ PHR(F; «;), for
i=1,2...,n.

3. Main results

In this section we discuss the main results of this paper. First we give some stochas-
tic comparison results for DSOS. We consider both one-sample and two-sample scenarios.
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Furthermore, we study some ageing properties of DSOS. In what follows, we introduce some

notation.
Let (X1, X5, - -+ X3y) ~DSOS(F1, Fp, ..., Fy;). Fori=1,2,...,n—1,let
Yizjl—_lz =min{Y§i+l), Yéi-H)’ L Y;(al:'”}’
where Y YH), Yg'H), e, Yr(lifil) are DID random variables with the distribution function Fj4

and the dependency structure described by the Archimedean copula with generator ¢. Here,
Y,ElH) is the random variable corresponding to the parent distribution of the kth remaining
component at the ith step (i.e., after the ith failure), for k=1, 2, ..., n —i. For the sake of
convenience, we call this the kth parent random variable at the ith step. Consequently, Yf’:_lz
represents the minimum order statistic of all parent random variables at the ith step. Intuitively,
what this means is as follows. Suppose that all surviving components at the ith step are replaced
by a set of new components (i.e., with age zero) with lifetimes having the same distributions
as the remaining surviving components have, i.e., Fiy1. Then Yf’:lz
time for this set of new components.

Furthermore, for an Archimedean copula with the generator ¢, we use the following
notation:

represents the first failure

_ W ey ="2" a6 = ”d’, W
1 —¢(u) o (u) o' (u)

Note that H(-), R(-) and G(-) are all negative-valued functions, because ¢(-) is a decreasing
and convex function.

Hu)

3.1. Stochastic comparisons of DSOS in one-sample scenario

In this subsection we study some stochastic comparison results for DSOS.

In the following theorem, we compare two consecutive DSOS with respect to the hazard
rate, reverse hazard rate, likelihood ratio, and mean residual life orders. We prove these results
under some sufficient conditions that are given in terms of ith-order DSOS and the minimum
order statistic of the parent random variables at the ith step. The proof of the second part of the
theorem can be carried out along the same lines as that of the first part and is therefore omitted.

Theorem 3.1. Let (X}, X5,.....X},)~ DSOS(F\,F>,...,Fy¢). For a given i€

1:n

{1,2, ..., n— 1}, the following results hold true:

(a) Assume that uR'(u)/R(u) is increasing in u > 0. If X}, <p, YY::B then X7, <pr X;‘_H:n.

(b) Assume that uH'(u)/H(u) is decreasing inu > 0. If X}, < Y;l:_lz, then X3, < X;'+1:n.

(c) Assume that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u> 0. If Xj, <,
YD then x* <i Xr

1:n—p iin — i+1:n"

(d) Assume that uR'(u)/R(u) is increasing in u> 0. If X}, <y YD then X, <mn

Lin—p

X;Jr] n O

In the following theorem, we give slightly more generalized results than in the previous
theorem. Here, we compare the first (i + 1) consecutive DSOS with respect to the hazard rate,
reverse hazard rate, and likelihood ratio orders. These results are proved under some sufficient
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conditions that are given in terms of an ordering relation between distributions at different
steps. These sufficient conditions are easier to verify than those in the previous theorem. The
proof of the first part of the theorem can be carried out along the same lines as that of the
second part and is therefore omitted.

Because of its mathematical complexity, the result given in Theorem 3.2(c) cannot be
proved under a general setup. Thus, we state this result for the PHR model. One may note that,
when the underlying distributions follow the PHR model, SOS are the same as generalized
order statistics.

Theorem 3.2. Let (X}, X5,.....X},)~ DSOS(F\,F>,...,Fy;¢). For a given i€

{1,2, ..., n— 1}, the following results hold true:

(a) Assume that uR'(u)/R(u) is increasing in u>0. If F| <,Fy <;---<.Fiy1, then
Xy <hr X; <wr -+ =hr X

1:n n i+1L:n
(b) Assume that uH'(u)/H(u) is decreasing in u>0. If F1>.Fy>.--->.Fiy1, then
X?:n Srh ngn Srhoe Srh X;+1:n'

(c) Let Fj~ PHR(F:aj), for j=1,2,...,i+ 1. Assume that G(nu)/R(u) — G(u)/R(u) is

positive and increasing in u > 0. Then X7, <, X5., <ir ... <y X;+l:n‘ O

n
The corollary below follows immediately from Theorem 3.2 and Remark 2.1. Furthermore,
note that the results given in this corollary generalize the results stated in Theorems 3.1(i)—(iii),

3.3, 3.4, 3.7(1)—(iii), 3.8, and 3.9 of Li and Fang [28].
Corollary 3.1. Let (X1, Xo:ns - - - » Xpen) ~ OS(F; ¢). Then the following results hold true:

(a) Assume that uR'(u)/R(u) is increasing in u > 0. Then X1, <pr Xon <pr .. <pr Xpum-
(b) Assume that uH'(u)/H(u) is decreasing inu > 0. Then X1, <m Xoon <uhr -+ <sh Xpim-

(c) Assume that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0. Then X1., <jr
X2:n <ir---=Ir Xn:n' O

Remark 3.1. (Sahoo and Hazra [37], Remark 3.1(a).) If uG’(u)/G(u) is positive and increas-
ing in # > 0, and G(u)/R(u) is increasing in u > 0, then (G(nu) — G(u))/R(u) is positive and
increasing in u > 0. O

In the following theorem, we compare the first-order DSOS with the DSOS of other orders
with respect to the hazard rate, reverse hazard rate, and likelihood ratio orders. The results
given in this theorem may be obtained from Theorems 3.1 and 3.2. However, the sufficient
conditions given in this theorem are different from those given in Theorems 3.1 and 3.2. The
proof of this theorem can be carried out along the same lines as that of Theorem 3.1 and is
therefore omitted.

Theorem 3.3. Let (Xf:n, Xg:n, e, X,;:n) ~ DSOS(Fy,F3,...,Fy;¢). For a given i€
{1,2,...,n}, the following results hold true:

(a) Assume that uR'(u)/R(u) is increasing and positive for all u> 0. If F| <j, Fj, then
X7 <pr X% .
l:n =1 “in

(b) Assume that uH'(u)/H(u) is decreasing and negative for all u> 0. If F\ <, F;, then
X?:n Srh Xz*n
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(c) Assume that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0. If F1 <; F;
then X3., <ir X,

3.2. Stochastic comparisons of DSOS in two-sample scenario

In this subsection, we study some stochastic comparison results for DSOS in a two-sample
scenario.

In the following theorem, we compare two DSOS, formed from two different samples, with
respect to the usual stochastic order.

Theorem 3.4. Let (X}.,,X3.,.....X}.,) ~ DSOS(F\, Fa, ..., Fy¢) and (Z},,.75,. ...,

Z;:n) ~ DSOS(Gy, G, ..., Gy ¢). For a given i€ {l,2,...,n}, suppose that one of the
following conditions holds:

@ Fj<uGjforalj=1,2,...,i,and F; <3 Gjforallj=2,3,...,i;
(b) Fj<p-Gjforallj=1,2,...,1i
Then X}, <s Z;., forallk=1,2,..., i O

The corollary below follows from Theorem 3.2 and Remark 2.1. Note that the result given
here is also mentioned in Sahoo and Hazra [37]. However, the set of sufficient conditions used
in the latter paper is different from the one that is given here.

Corollary 3.2. Let (Xi:n, Xo:n, - - - - Xpin) ~ OS(F; ¢) and (Zy.n, Zon, - - . . Zuin) ~ OS(G; §).
IfF <4 Gand F <y, G, or F <, G holds, then Xy, <gt Zpp forallk=1,2,...,n. O

In the following theorem, we prove the same result as in Theorem 3.2 for the hazard rate,
reversed hazard rate, and likelihood ratio orders. The second part of this theorem can be proved
along the same lines as the first part, so its proof is omitted.

Theorem 3.5. Let (X},,. X3, ... X},) ~ DSOS(F\,Fy, ..., Fuyi¢) and (Z},,.23,,. ...,
Z;:n) ~ DSOS(G1, G, . .., Gy ¢). Furthermore, let Fj ~ PHR(F; o) and G; ~ PHR(F; B;),

forj=1,2,...,n Foragivenie{l,2,...,n}, the following results hold true:
(a) Assume that uR'(u)/R(u) is increasing in u> 0. If aj > B; for all j=1,2, ..., 1, then
Xin Shr Zp,forallk=1,2, ..., 1
(b) Assume that uH'(u)/H(u) is decreasing in u> 0. If ¢j > Bj for all j=1,2, ..., i, then
Xiy <m Zp, forallk=1,2,... i
(c) Assume that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0. If a;j > p; for
allj=1,2,...,1i then Xiy <ty Zinforallk=1,2,...,1 O
The corollary below follows immediately from Theorem 3.5 and Remark 2.1.

Corollary 3.3. Let (Xi:n, Xo:n, - - - - Xpin) ~ OS(F;¢) and (Zy.n, Zon, - - ., Zuin) ~ OS(G; §).
Furthermore, let F ~ PHR(Q; o) and G ~ PHR(Q; B). Then the following results hold true:

(a) Assume that uR'(u)/R(u) is increasing in u > 0. If @ > B, then Xi.y <pnr Zjn for all k =
1,2,...,n

(b) Assume that uH'(u)/H(u) is decreasing in u > 0. If o > B, then Xy < Zi:n for all
k=1,2,...,n
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(c) Assume that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0. If « > 3, then
Xien <ir Zgn forallk=1,2,...,n.

3.3. Ageing properties of DSOS

In this subsection, we study some ageing properties of DSOS.

In the following theorem, we provide various sets of sufficient conditions to show that
the IFR, the DRFR, the IFRA, and the NBU classes are preserved under the formation of
(n — k + 1)-out-of-n systems with lifetimes described by DSOS. The proofs of the first, third,
and fourth parts of this theorem are similar to that of the second part and are therefore omitted.

Theorem 3.6. Let (X* Xz:n, e, X;:n) ~ DSOS(F\,Fa,...,Fy;¢). For a given i€

1:n

{1,2,...,n}, the following results hold true:
(a) Assume that uR'(u)/R(uw) is increasing inu > 0. If F| <. Fy <.--- <. F; and F; is IFR,
then Xy, is IFR forallk=1,2, ..., 1.

(b) Assume that uH'(u)/H(u) is decreasing inu > 0. If F| >, F» > - - - >, F; and F; is DFR,
then X,::” is DRFR forallk=1,2,...,1L

(¢c) Assume that uR' (u)/R(u) is increasing inu > 0. If F] <, Fy <, --- <, F;and F; is IFRA,
then X, is IFRA forallk=1,2, ..., 1.

(d) Assume that uR'(u)/R(u) is increasing in u> 0. If F| <g, F3 <g, - -+ <g F; and F; is
NBU, then X}, is NBU forallk=1,2, ..., 1. O

The corollary below follows immediately from Theorems 3.6 and Remark 2.1. Some special
cases of this corollary are mentioned in Sahoo and Hazra [37].

Corollary 3.4. Let (X];n, X0y o X,,;n) ~ OS(F; ¢). Then the following results hold true:

(a) Assume that uR'(u)/R(u) is increasing in u > 0. If F is IFR (resp. IFRA, NBU), then X,
is IFR (resp. IFRA, NBU) forallk=1,2,...,n.

(b) Assume that uH'(u)/H(u) is decreasing in u > 0. If F is DFR, then Xy, is DRFR for all
k=1,2,...,n O

In the following theorem, we study the MIFRA property of DSOS. The proof of the first
part is omitted for the sake of brevity.

Theorem 3.7. Let (X}.,. X5, .- .. X}.,) ~ DSOS(F\, Fa, ..., Fy;¢). Assume that uR'(u)/

1:n°
R(u) is increasing in u > 0. For a giveni € {1, 2, ..., n}, the following results hold true:

(@) If Fi <4« F2 <y -+ <y Fjand F; is IFRA, then(X}, . X5.,. . .., X},) is MIFRA.

1:n°
(b) If Fy is IFRA and F3, ..., F; are IFR, then (Xl*:n, X3 Xl*n) is MIFRA and X}, is
IFRA. O

PR/

The corollary below follows immediately from Theorem 3.7 and Remark 2.1.

Corollary 3.5. Let (Xl;,,, D, YT X,,;n) ~ OS(F; ¢). Assume that uR'(u)/R(u) is increasing
inu>0.If F is IFRA, then (X1, Xon, - . ., Xin) is MIFRA foralli=1,2, ... n. O
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In the following theorem, we prove the same result as in Theorem 3.6(d) under a different
set of sufficient conditions.

Theorem 3.8. Let (X}.,,. X5, ..., X}.,) ~ DSOS(F\, Fa, ..., Fy;¢). Furthermore, let i€
{1,2, ..., n}. Assume that uR'(u)/R(u) is increasing in u > 0. If F1 is NBU and urj(u) is super-
additive foru> 0 forallj=1,2, ..., then Xl::n is NBU forallk=1,2, ..., herer;is the
hazard rate function of Fj. O

Remark 3.2. It should be noted that the condition ‘ur;(u) is superadditive for u > 0’ is satisfied
by many well-known distributions (see [23]).

4. Examples

In this section, we discuss some examples to demonstrate the sufficient conditions given in
the theorems of the previous section. Note that these sufficient conditions are satisfied by many
popular Archimedean copulas (with specific choices of parameters), including the Clayton
copula

n ~1/6
Cluy, ua, . .., Uy) = (]_[u;"—nﬂ)

i=1

with the generator ¢(¢) = (01 + D~V for6 > 0, the Ali-Mikhail-Haq (AMH) copula

C(ul,uz,...,u,,)z((I—O)ﬁui>/<ﬁ(l—9+9u,')—9ﬁui>

i=1 i=1 i=1
with the generator ¢(¢) = (1 — 0)/(e’ — 0), for € [0, 1), and the Gumbel-Hougaard copula

n 1/6
C(ul,ug,...,un):exp<—|:Z(—lnu,~)9:| )
i=1

with the generator ¢(f) = exp(—tl/ 9), for 6 € [1, oo), among others. For the sake of complete-
ness, below we give six examples. More examples can be found in [37].

The first four examples illustrate the condition given in Parts (a) and (d) of Theorem 3.1,
Theorem 3.2(a), Theorem 3.3(a), Theorem 3.5(a), Parts (a), (c), and (d) of Theorem 3.6,
Theorem 3.7, and Theorem 3.8. The first two examples are borrowed from [37].

Example 4.1. Consider the Archimedean copula with generator

T
pwy=e"", b1¢€[l,00), u>0,
which gives
uR'(u) 1
Rw — &1

It is trivially true that uR’(u)/R(u) is positive and increasing in u > 0. Thus, the required
condition is satisfied.

u>0.

Example 4.2. Consider the Archimedean copula with generator

n
o (u) = ! =(H0% , 8 €(0,00), u>0.
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From this, we have

1 1_
R(u) = —-u(l + 1)’ Uouso,
2

and

uR’'(u) 1 u
=1+—-1 . u>0.
R(u) & u+1

Let us fix 0 < 8, < 1. It can easily be shown that uR’'(1)/R(u) is positive and increasing in
u > 0. Thus, the required condition is satisfied.

Example 4.3. Consider the Archimedean copula with generator

ou)=1-—(1 —e_”)%, 83 €[l,00), u>0,

which gives

L
R/ 1 _ 5 —u —u 1 — oS3
uR' (u) —u+( 3)ue n ue (1 —e™") us0.

R(u) N 83(1 —e™¥) 53(1 —(1- e—u)%)

Writing n1(u, 83) = uR'(1)/R(u) and ny(u, 83) = 3/0u(uR’(u)/R(u)), u > 0, 83 € [1, 10], we
plot n1(—In(v), §3) and ny(—In(v), §3) against (v, 63) € (0, 1] x [1, 10]. From Figures la and
1b, we see that n1(—In(v), §3) and ny(—In(v), §3) are positive in (v, 63) € (0, 1] x [1, 10], and
hence uR'(u)/R(u) is positive and increasing in u > 0 for 1 <83 <10. Thus, the required
condition is satisfied.

Example 4.4. Consider the Archimedean copula with generator
1
) =——n(1+ e (e —1)), 84 (—00,00)\ {0}, u>0,
4

which gives

uR'(u)  u—eu+ (1 — e — "4 (=1 +u) In(1 + e (e —1))

- L u>0,
Rw) (1= e + e ) In(1 + e (e~ —1)) ‘e

Writing n3(u, 84) = uR'(u)/R(u) and ng(u, 84) = 3/0u(uR’ (u)/R(w)), u=>0, 84 € [—40,
—30], we plot n3(—In(v), 84) and n4(—In(v), 84) against (v, é4) € (0, 1] x [ — 40, —30]. From
Figures 1c and 1d, we see that n3(—In(v), 84) and na(—In(v), 84) are positive in (v, §3) €
(0, 11 x [—40, —30], and hence uR’(1)/R(u) is positive and increasing in u > 0 for —40 < §4 <
—30. Thus, the required condition is satisfied.

The next two examples demonstrate the condition given in Theorem 3.1(b), Theorem 3.2(b),
Theorem 3.3(b), Theorem 3.5(b), and Theorem 3.6(b).

Example 4.5. Consider the Archimedean copula with generator

1
puy=e"", 8s5€ll, 00), u>0,
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(a)

asf

: o np(-Infv), &) |
Ay(Infy), @)W— o os

4 4 [
Plot of n1(—In(v),d3) in (v,d3) € (0,1] x Plot of na(—In(v),d3) in (v,d3) € (0,1] X
[1,10]. 1, 10].

(d)

(c)

naf-in(v), O

Plot of ng(—In(v),d4) in (v,d84) € (0,1] x Plot of na(—1In(v),d4) in (v,64) € (0,1] x

[—40, —30]. [—40, —30].
(e)
afeinfy), &)

Plot of ns(—1In(v),ds) in (v,d5) € (0,1] x Plot of ng(—1In(v),ds) in (v,d5) € (0,1] x

[13,19]. [13,19].

(h)

(9)
. &) aleint), &)

Plot of n7(—1In(v),ds) in (v,ds) € (0,1] x Plot of ng(—In(v),ds) in (v, ds) € (0,1] x
[0.2,0.9]. [0.2,0.9].

FIGURE 1. Plots of ny, ny, n3, n4, ns, ng, n7, and ng.
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which gives

1
L4

uH'(u) 1 (1 —u%) B udse

—, u>0.

Hw 5 5(1— )

Writing ns(u, 8s) = uH'(u)/H(u) and ng(u, 8s) = 8/0u(uH’(u)/H(u)), u> 0, 8s € [13, 19],
we plot ns(—In(v), §5) and ng(—In(v), 85) against (v, §5) € (0, 1] x [13, 19]. From Figures le
and 1f, we see that ns(—In(v), §5) and ng(—In(v), §5) are negative in (v, 85) € (0, 1] x [13, 19],
and hence uH’ (1) /H(u) is negative and decreasing in u > 0 for 13 < 85 < 19. Thus, the required
condition is satisfied.

Example 4.6. Consider the Archimedean copula with generator

$) =Geu+ 1) 7% . S el—1,00)\ (0}, u>0,

which gives
1 1
uH'(u)  —1+(Seu+ 1)% —u(Seu +1)%
- 1
H@) (S6u+1) (((Sﬁu +1)% — 1)

Writing n7(u, 8¢) = uH'(u)/H(u) and ng(u, 8¢) = 9/0u(uH’ (u)/H(n)), u > 0, 8¢ € [0.2, 0.9],
we plot n7(—In(v), 8¢) and ng(—In(v), §¢) against (v, §¢) € (0, 1] x [0.2, 0.9]. From Figures 1g
and lh, we see that n7(—In(v), §5) and ng(—In(v), §¢) are negative in (v, &) € (0, 1] x
[0.2, 0.9], and hence uH’(1)/H(u) is negative and decreasing in u > 0 for 0.2 < 8¢ < 0.9. Thus,
the required condition is satisfied.

Below we cite two examples that illustrate the condition given in Theorem 3.1(c),
Theorem 3.2(c), Theorem 3.3(c), and Theorem 3.5(c).

, u>0.

Example 4.7. Consider the Archimedean copula with generator

(1—e")

d(u) = e’ 87€(0,1], u>0.
Then
uG'(u) 87 —e* — uet G(u) 87
= ) =1—-—, u>0,
G(u) 87 — e R(u) et
and
det. 0 (uG'(u) et (e* — §7(1 + w))
no(u) =" — = 3 , u>0.
u\ G(u) (87 — ")

It can easily be shown that uG’(u)/G(u) is positive, ng(u) is positive, and G(u)/R(u) is
increasing in u > 0. Thus, uG’(u)/G(u) is positive and increasing and G(u)/R(u) is increasing
in u > 0. Consequently, the required condition holds from Remark 3.1.

Example 4.8. Consider the Archimedean copula with generator

1
d(u) = I -1H0® , 83€(0,00) u>0.
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(a) (b)

10

nyi(=In(v), &a) o5

e
Acl-lnt), da) |

8
Plot of nio(—In(v), ds) in (v, ds) € (0,1] x Plot of n11(—In(v), ds) in (v,ds) € (0,1] x
[0.5,0.9]. [0.5,0.9].

FIGURE 2. Plots of n1o and ny;.

From this, we have
1 1 11
Guwy=——u(l+w)% +u(l+u) ——=1), u=>0,
83 Js

1 1_

R =——u(l+uw)% ', u>0,
33

Gy _ 1=

Rw = fuys

u>0.

Writing nyo(u, 83) = uG'(1)/G(u) and nyj(u, 8g) = 3/0u(uG'(u)/G(u)), u> 0, 8g €[0.5,
0.9], we plot njp(—In(v), 63) and n11(—In(v), 63) against (v, &g) € (0, 1] x [0.5, 0.9]. From
Figures 2a and 2b, we see that njo(—In(v), dg) and n11(—In(v), 8g) are positive in (v, §g) €
(0, 1] x [0.5, 0.9], and hence uG'(u)/G(u) is positive and increasing in u > 0 for 0.5 < §g < 0.9.
Furthermore, it can easily be shown that G(«)/R(u) is increasing in u# > 0 for 0.5 < Jg <0.9.
Thus, the required condition is satisfied. Consequently, the required condition holds from
Remark 3.1.

5. Concluding remarks

Most systems used in real life are very complex in nature; consequently, the components
of these systems are interdependent, and the failure of one component affects the perfor-
mance of the remaining working components. One effective way to model these systems is
by using developed sequential order statistics (DSOS). In this paper, we study ordering and
ageing properties of DSOS, and discuss some numerical examples. Our study generalizes
many well-known results that are available for generalized order statistics and ordinary order
statistics.

The main idea of this paper is to study systems with dependent components where depen-
dency structures are modeled by Archimedean copulas. Among all existing copulas, the family
of Archimedean copulas is the most popular one because of its mathematical tractability and
ability to capture a wide spectrum of dependency structures. Thus, the proposed ordering
results for DSOS, governed by the Archimedean copula, may be useful for comparing fail-
ure times of different components of a given system. Moreover, we can use these results to
compare the lifetimes of two or more systems with dependent components in a given scenario.
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The proposed results on stochastic ageings may be helpful for understanding how a system
ages as time progresses.

In this paper, some of the results are developed for a specific model. For example, all of
the results given in Theorem 3.5 are derived for the proportional hazard rate model. The study
of the same problem in a general setup (i.e., with arbitrary cumulative distribution functions)
would be an interesting topic for future work.

Appendix A.
Proof of Lemma 2.3: We have

t
P(((X)+§(Y)>t)=Fg<X)(l)+/0 FY(f](t—X))dF;(X)(X), >0,

t
P({(X+Y)>I)ZF§(X)(I)+/O Fy({‘l(t)—g_l(x)> dF;(X)(x), t>0.

Since ¢ is a strictly increasing, continuous, and superadditive function, we have that ¢ ! is
a subadditive function (see Proposition 1 of @sterdal [34]). Consequently, we have {‘1 x) +
7Yt —x)=¢7'(t) for all t > x > 0. This implies that

( (t—x))<Fy< (t)—{_l(x)) forall 1> x>0,
which further implies
t _ t _
/ Fy(;*l(r - x)) dF ¢ ) () 5/ Fy(;*l(r) _ ;*1(x)) dFy () forall £> 0,
0 0

and hence the result is proved. O

Proof of Theorem 3.1(a): From Remark 2.2, we have

r _r ! z+l(t)
Fyr (O)=Fx: D+ | ¢|(n—DY fx: (2dz, t>0, (6)
i+1l:n in 0 H‘l( ) in
which gives
ryx, (1) Ixz, (O

"Xt (t) U R( (n—i ;’:*1(?
‘fo wfﬁ(m - lW( IH((?)» rip1(Dfxx (2) dz

rxe (1) f’ t/J((n — Dy (%))ﬁ%(z) dz
i+1®
‘fo W(p(m -y (;’:8)) rip1(Dfxx (2)dz

for all ¢t > 0, where r;y is the hazard rate function of F;y|. Now, from the given condition
X5 < YD we get

l:n—i>

+

)

R((n — i)y (Fip1(0))
R(¥ (Fiz1(D))

rip1(t) <rx; () forallz>0. (8)
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Furthermore, note that F; 1(t) < F;;1(¢)/Fiy1(z) for all t > z > 0. This implies that

l+1(t)
Fit1(2)

¥ (F, :+1(f))>‘#< ) forallt>z> 0.

Again, from the condition that uR'(x)/R(u) is increasing in u > 0, we get

R((n—iu) . . o
———" is increasing in u > 0.
R(u)

Thus, from (9) and (26), we get

R(0 =09 (748)) _ R (@0~ v (Finr0)
R(I/,<Fz+_1(t)>) T Ry (Fi))

Fiy1(2)

for all t > 0.

On using the above inequality and (8), we get
e, @ f & ((n =0y (£292) i (2 dz
10
fo de — iy (FE2)) ris (0, () dz

Furthermore, we have

>1 forallz>0.

Ixz, (O

e ivof Fir1®
fo WM(" l)lﬂ( :+18>) riv1(Ofxz, (2) dz
Fi1@

>0 forallr>0.

481

€))

(10)

1)

12)

On using (11) and (12) in (7), we get rx;”(t) > rx;”n(t) for all ¢ > 0. Hence the result is

proved.
Proof of Theorem 3.1(c): From (6), we get
" i t
in+l:n (t) ZfYE;rl)l ( )
e, (@ fxr (D)

! R( (n—iyy l+1(?

X

O

Ty @
for all ¢ > 0, where r;; is the hazard rate function of F; ;. Now, from the condition X7, <
(i+1)
Y1 _i» We get

Ty (1)

n—

fxx (D)

is 1ncreasmg int> 0.
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Thus, to prove the result, it suffices to show that

b{”fgzﬁﬂ£;£22¢«n_nw(%§%)>n+ﬂQ&%@ﬁk

Fip
o i15))

+1) (¢
let:nfl( )

is increasing in ¢ > 0, or equivalently,

¢'(0) (1= iy (D7 fre ()

(#26)) -0 (238 a0

f / (n_l)w Fir1(2)
f 2 (s
at

F i+1(2)

2(¢'((n— oy (Fin @) =iy (Fenr )
¢ ((n— )y (Fip1(0)) (n — )y (Fi1 ()

13)

v

Note that Fiy(f) < Fiy1(t)/Fit1(z) for all +>z>0. Then, from the condition that

G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0, we get

Fig1()

(¢ (0= (755)) -0 (756))
o (0= (5)) - v (756)

_— <G(x/f(Fi+1(r>)) G- i)x/r(F,-H(r))))
TR FEn) RU(Fa0)

for all # > 0, which implies that

fo 3@ (0w (E29)) - >w<—>> L, @2

ot

t
/ : Fip1(0) o Fig1())
. (¢ ((n— i>1/ng,-+1(r>)) (n - W@H(n)) forall {0,
o' ((n— ¥ (Fir1(0)) (n — )y’ (Fiz1 ()

(14)
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Furthermore, we have

¢/(0) (1= (D7

On combining (14) and (15), we get (13), and hence the result is proved. O
Xz, = z) is

>0 forallz>0. (15)

Proof of Theorem 3.1(d): The mean residual lifetime function of (
given by

i+1:n

z—t+myan(zlz)  if0<r<z<oo
me . (t|Z)= l:in—i )
iln X(m)(tlz) if0<z<t< oo,

lin—i

where mX<,+1)( |z) is the mean residual lifetime function of X(l::]), given X7 =z. Note

lin—i

that Fi1(f) < Fip1(t)/Fi+1(z) for all #, z> 0. Then, from the condition that uR'(u)/R(u) is
increasing in u > 0, we get

o0 - (725))
¢ ((n— )y (Fiy1(w))

is increasing in u > 0.

i+ _ X(i+1)

lin—i — l:n—1°

(i+1) X(i+1)

This implies that Y which further implies that Y. i Smrl X{1

Consequently, we have

My (1) < myi (112)

lin—i lin—i

D

n—i’

for all # > 0. On using this and the condition X}, <,y Y; we get

« (1) < ; < My+
mXi:n(t) - mY{lj:Z(t) - mxi-%—l:n(t'Z)’
for 0 < z <t < oo. Furthermore, for 0 < < z < 0o we have
my: ()<z —1+mx: (2)

<z—t+ mYo+1>(z)

lin—i

<
_mX;Jrl:n (t|Z)’

where the first inequality follows from the fact that f + m(¢) is increasing in ¢ > 0, for any
mean residual lifetime function m(-); the second inequality follows from the condition that
X, <mn Y (1 and the third inequality follows from the fact that

lin—i>
Myt (1) < My (£[2).
Finally, by combining the two cases, we get

myy () <myx  (t]z) forallt>0,

which further implies ley_”(t) < myx (#) for all ¢+ > 0. Hence, the result is proved. O
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Proof of Theorem 3.2(b): Note that the reverse hazard rate order is closed under increas-
ing transformations. Thus, X7, <., X7, ., holds if and only if D;y1(X},) <m Div1(X},,.,)
here D;y1 is the cumulative hazard rate function of Fjyi. Furthermore, from Lemma 2.2,
we have X, = D, (WD + Diiy (X?,)). Thus, the above inequality holds if and only if
Diy1(X3,) <m WO 4+ Djyy(X7,). Now, we have that YI(’+1), I=1,2,...,n—i and X}, are
independent, which implies that W) and D, (X},,) are independent. Moreover, Wit is a
non-negative random variable. Thus, in view of Theorem 1.B.44 of Shaked and Shanthikumar
[36], the result follows (i.e., the above inequality holds) provided that D; | (Xl*n) is DRFR. We

now proceed to prove the statement ‘D | (Xl*n) is DRFR’ using induction. Note that

ADz(Xf:,l)(t) = —ln<1 —¢ (ntﬂ (e{D'ODZI)(I)») , t>0,

9% /- du\? 9 (H(np(e™) e
5ﬂ4wﬂu@>=‘<§)5;<yw@ﬂ»Xl—eﬁ)

H(nyr(e™™)) e\ 0%u
_ ( ) T eu>ﬁ’ 10, (16)

which gives

where u = <D1 oD; 1) (). Now, from the condition that uH'(u)/H(u) is decreasing in u > 0,
we get that H(nu)/H (u) is positive and decreasing in u > 0. This further implies that

H(nye™) o
——— = is positive and decreasing in u > 0. a7
H(y(e™)
In addition, we have
e—u
7 —- is positive and decreasing in u > 0. (18)
—e

Thus, from (27) and (28), we get
H(ny(e™)) e

X - is positive and decreasing in u > 0. (19)

H(pe™) 1—e
Again, from the condition 1 >, F> and the fact that D;l (+) is increasing, we get
aZu g [N (D;l(l‘)>

— =—| —"2|<0 foralt>0, (20)
2 _
AV (10)

where r; is the hazard rate function of F;, i =1, 2. Using (19) and (20) in (16), we get that
D> (Xf:n) is DRFR. Thus, the statement is true for i = 1. Next we assume that the statement

is true for i=j—1, i.e., Dj(X;—lzn) is DRFR. Now, from Lemma 2.2, we get Djy (X;n) =
(Djﬂ o D]l ) (09, where QV) = W\ + D; (XJ.*_M). Then we have

AD./'H(X,T,,)(I) = Ago» ((Dj ° Dj__:])(t))~ (21)
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Again, by using (5) and the condition that uH’(u)/H(u) is decreasing in u > 0, we get

((n j+D w( )) et
v — Ao (1) = at( A ) X T

which implies that W% is DRFR. Consequently, Q%) is DRFR, and hence AQ@(t) is decreasing
and convex in ¢ > 0. Again, proceeding in a similar manner as in the i = 1 case, one can easily
obtain that D; o Djj_ll (1) is concave in ¢ > 0. Applying these facts in (21), we get that Ap, (X2

2

)zO forall ¢t > 0,

is convex in ¢ > 0. Consequently, Dj 1 (Xj*n) is DRFR, and hence the statement is proved for

i =j. Thus, by induction, we get that D; | ( l*n) is DRFR for all i. Hence the result is proved.[]

Proof of Theorem 3.2(c): Note that the likelihood ratio order is closed under increas-
ing transformations. Thus, X7, <; X l+1 ,, holds if and only if D,_H( )51, Di+1(X;’+1:n);
here D;y is the cumulative hazard rate function of Fjti. Funhermore from Lemma 2.2,

we have X7, | =D (WD + D, 1 (X},)). Thus, the above inequality holds if and only if
Diy1(X3,) <ir W(’+1) + Dj11(X2,). Now, we have that Y(’H) 1=1,2,...,n—i,and X}, are
independent, which implies that W(”rl) and Djyg (X ) are independent. Moreover W(”rl) isa
non-negative random variable. Thus, in view of Theorem 1.C.9 of Shaked and Shanthikumar
[36], the result follows (i.e., the above inequality holds) provided that Di+1( l*n) is ILR. We

now proceed to prove the statement ‘Dj | (X;*”) is ILR’ using induction. We have

[P (5) 5 (23)
] T P YT )
()

G(W(e_g’)) G<¢<e‘5if>>

__ v — +1(, >0.

[ 667) H6)

Note that i(-) is a decreasing function. Thus, from the condition that G(nu)/R(u) —
G(u)/R(u) is positive and increasing in u > 0, we get that f/Dz(Xf. )(t)/fDZ(XT» )(t) is decreas-

+ +1

ing in 7> 0, and hence D>(X},,) is ILR. Thus, the statement is true for i = 1. Now we assume

that the statement is true fori =j — 1, i.e. D; (X]?LM> is ILR. Next, by using this, we proceed
to show that Dj ( j*n) is ILR. From Lemma 2.2, we get

Djyy (X]*n) = a‘&——;lQ(j),
where Q(/) w) +D; ( ) Furthermore, we have that Yl("), I=1,2,...,n—j+ 1, and

Xj‘.‘_lm are independent. This implies that W) and Dj<X}*_ l:n) are independent. Again, by
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using (5) and the condition that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0,
we get

o (Fwo®\__ 3| Gly(e™) Gy
5<fm><t> )‘ at[R W) REE) 1}

<0 forallt>0,

which implies that W( is ILR. Furthermore, from the induction hypothesis, we have that

D; (X]?‘_I:n) is ILR. On combining these two facts, we get that Q¥ is ILR. This implies that

Djyy (X]*n) is ILR, and hence the statement is proved for i = j. Thus, by induction, we get that
Djt1(X2,) is ILR for all i. Hence, the result is proved. O

wn

Proof of Theorem 3.4(a): We prove the result using induction. It can easily be shown
that the result is true for k= 1. Next, we assume that the result is true for k=j— 1,

e, Xy, = 7y, Now, from (4), we have Xz, =Dy (W04 D;(X;_,,)) and Z, =

Bj_1 (T(/) + B; (Zj’.'_k n)), where D; and B; are the cumulative hazard rate functions of F; and

G, respectively, and 7O L Wi, Again, the usual stochastic order is closed under increasing

transformations. Thus, to prove that X;n <st Zf:n, it suffices to show that

WY +D; (inlzn> st (Df ° B/'A) (T(j) +Bj (%*,1:n)> '

Now, we have that Yl(j), I=1,2,...,n—j+1, and Xj*—lzn are independent. This implies
that WY and D; (X}k—lzn> are independent. Similarly, 70) and B; (ij_1:n> are also indepen-
dent. From the condition F; <y Gj, we get D/fl(t) SB;](I) for all #> 0, which, in view
of Theorem 1.A.2 of Shaked and Shanthikumar [36], implies W0 <, (D,» ° B;‘)(WW), or
equivalently, W) <, (Dj o Bj’1 ) (7). Furthermore, from the inductive hypothesis, we have
that Xj?‘_ L Sst Zj?‘_ 1.» Which implies that D; (X/*_ 1:n) <t Dj(Zj’.'_ m). Then, by combining

these two facts, we get
WO+ 0;(x11,,) <a (Do B )(T9) +(Dy0 B7) (B(71) ) - (22)

Furthermore, from the condition Fj <y, Gj, we get that (Dj o B;l)(u) is strictly increasing
and superadditive in u# > 0. Therefore, from Lemma 2.3, we get

(Do 87" )(19) +(Dy0 B ) (Bi(Z1a)) <o (D10 BT ) (TP +B(Z1) ) - 23)

By combining (22) and (23), we get

W(I) + D] (X;—l:n> Sst (D] ° Bj_1> (T(I) + BJ (Z;—l:n)) s
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and hence the result X,: n Sst Z* is proved for k = j. Thus, by induction, we conclude that the
resultis true forallk=1,2, ..., i O

Proof of Theorem 3.4(b): We prove the result using induction. It can easily be shown that
the result is true for k = 1. Next, we assume that the result is true for k=j — 1, i.e., X/*—1:n <t
Zji] ., From Remark 2.2, we have

o]

o0
Fy: (1= /0 ki, 2) e (dzand Fzz (1) = fo k(D) fz | @dz, 1>0,

where
kit cb((n J+1)1/f(£f)))) i1z
ift <z,
e o2 (@i v (&) iz
1 ift <z

Now, from the fact that ¢ is decreasing, we have that k; (¢, z) is increasing in z > 0, for
all # > 0. By using this and the induction hypothesis (that Xj*_kn <st Zj*—l:n)’ from Theorem
1.A.3(a) of Shaked and Shanthikumar [36] we get that k;(z, X}*_M) <g ki1(t, ij_lzn), which
further implies

o o0
/ ki (2, Z)finl-n (9dz < / ki (t, z)fzj_im(z) dz forallt>0. (24)
0 ' 0 ‘

Again, from the condition Fj <j Gj, we have Fj(t)/F(z) < G;(t)/Gj(z) for all 0 <z <t,
which further implies k; (¢, 7) < kz(t, z) for all z, t > 0. Again, this implies

(.¢] o
/ ki(t, 2) ij-*, 1_n(z)dz < f ky(t, 2) fz]_:l_"(z)dz for all t > 0. (25)
0 : 0 ‘
Finally, by combining (24) and (25), we get F Xz, (0 <FZ* (¢) for all > 0, and hence
X Sst Zg.p, 18 proved for k=j. Thus, by 1nduct10n we conclude that Xj. <g Z;,, is true
for all k = 1 2, ..., 1. Hence, the result is proved. U

Proof of Theorem 3.5(a): We prove the result using induction. We have

Ry (F1() Ry (G1(0))
R(y (F1(1)) R(v(Gi(1))
where r; and h; are the hazard rate functions of F; and G, respectively. From the congiition
a1 > B and the fact that ¢ is decreasing, we have that r{(f) > h;(¢) and (Fl (t)) > (Gl(t))
for all # > 0. Then, from the assumption that uR’'(«)/R(u) is increasing in u > 0, we get that
R (nu

R(u)

rx, (0 =r0) and rz: (1) =hi (1) >0,

is increasing in u > 0,

which further implies that

Ry (F1(1)) _ R(ny (G1))

L _ f 11 0,
R(FW) ~ REGO)
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and hence X‘l':n <nr Zf:n. Thus, the result is true for k=1. Next, we assume that
the result is true for k=j—1, ie., X o Shr ij 1.n- Now, from (4), we have Xj*:nz

Dfl(W(/') +D'<X?’ . )) and Z’-f :B. (T(’)—}—B(Zf . )) where D; and B; are the cumu-

lative hazard rate functions of F; and G;, respectively, and 7O ZL Wi, Again, the hazard rate
order is closed under increasing transformatlons Thus, to prove that X]*n <nur Z] > it suffices
to show that

WO+ 0,(x:1,) =i (Do 87 ) (T9+B(Z1)) -

Now, we have that Y 1(’ ), [=1,2,...,n—j+1, and inlzn are independent, which implies
that WY and D; (X;—I:n> are independent. Similarly, 7¥) and B; (Z]il:n> are also independent.
Again, by using (5) and the condition that uR’(x)/R(u) is increasing in u > 0, we get that

R((n—j+ Dw

R is increasing in u > 0. (26)

This implies that

92 (n—j+Dy(e™)
w) Ay ()= t( k(W) >0 foralls>0,

which implies that WO is IFR. By using these two facts and the condition «; > ;, from

Lemma 2.4(a) we get that WY <, (Dj o Bj_l) (T(/)). Furthermore, from the inductive hypoth-
esis, we get that Dj<Xjf_1:n) <pr (Dj ij_l) (Bj<Zj‘.'_1:n)). Again, the IFR property of W0
implies that (Dj ij_l)(T(j)) is IFR. Furthermore, from the condition that uR'(u)/R(u) is
increasing in u > 0, we get that D; (X]i]: n) is IFR. Similarly we have that B; (Z]’.:l:n) is IFR,

which further implies that (Dj o Bj_l) (Bj (Zj*_k n)) is IFR. Finally, using all these facts, from
Theorem 1.B.4 of Shaked and Shanthikumar [36] we get that

0 512) 20 (0108 )(19) (01057) (551

or equivalently,
WY +D; (X}:l:n) Zhr (Dj ° BJ'_l) (T(j) + B (ZJZIZ"» ’

and hence the result X,::n <pr Z,::n is proved for k =j. Thus, by induction, the result follows
forallk=1,2,...,i. Hence, the result is proved. O

Proof of Theorem 3.5(c): We prove the result using induction. We have

M, _f'o (G (E)  GwE@))
S, @ [©) R(y(F1(0))  R(y(F1(0)) ’
[z (0 _so ) Gy (Gi()  G(¥ (Gl(t))) 0
20 O = @ Ry (Gi()) R(¥(Gi()) ’
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where f] and r| are respectively the probability density function and the hazard rate function of
F1,and g1 and A are those of G;. From the condition oy > B; and the fact that ¢ is decreasing,

we have that fi'(1) /fi (1) < g1 (1)/g1 (D), r1(t) > hi (1), and ¥ (F1(1)) = ¥ (Gi(1)) for all 1> 0.
Then, from the assumption that G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0,
we get

Gy (Fim)) Gy (Fm) _ Gy (Gi0) G (Gim)
Ry (@) R(F10) — R (Gim) Ry (Gi(1))
and hence X}., < Z}.,. Thus, the resultis true for k = 1. Next, we assume that the result is true

fork=j—1,1ie., X v Sir Z 4_ - Now, from (4), we haveXJ*n—D (W(’)—i-D(X* 1n)>

and Z.*. = B. (T(D + B'(Z.* . )) where D; and B; are the cumulative hazard rate functions

>0 forallt>0,

of F; and Gj, respectively, and 7O Z Wi, Agaln the likelihood ratio order is closed under

increasing transformations. Thus, to prove that X ] n Sir Z;n» it suffices to show that

00 (51) 2 00182,

Now, we have that W) and D; (XJ.*_M) are independent, and TV and B; (Z]f_1:n> are inde-
pendent. Again, by using (5) and the condition that G(nu)/R(u) — G(u)/R(u) is positive and
increasing in u > 0, we get

9 f/w(h(l) (m/f( )) G(I/f(e_t)) < orall r >
_<fwti>(l‘) ) B Bt( (W(e*’)) - R(w(e*’)) + 1) <0 forallz>0,

which implies that W is ILR. Furthermore, note that Sfw 1s a decreasing function. On com-
bining these two facts, we get that fy) (e’) is log-concave in ¢ > 0. Then, by using this and

the condition ;; > B;, from Lemma 2.4(c) we get that w4 <ir (Dj o Bj_l) (T(j)). Furthermore,

from the inductive hypothesis, we have D; (XjZM> <y (Dj o Bj—l) (Bj (Z]?71:n>>. Again, the
ILR property of W) implies that(Dj o Bj_1> (T(f)) is ILR. Furthermore, from the condition that
G(nu)/R(u) — G(u)/R(u) is positive and increasing in u > 0, we get that D; ()(].*71,”) is ILR.

Similarly we have that B; (Z;—l:n> is ILR, which further implies that (Dj ) Bfl) (B (Z]* I: n))
is ILR. Finally, by using all these facts, from Theorem 1.C.9 of Shaked and Shanthikumar [36]
we get that

w9 + D (X ln) < (Dj ij—‘)<T(i>) +(DjoBJ.—1>(Bj(Z;_1;,,>) :

or equivalently,
051 20 (0087 )19 4 71)

and hence the result X* <i Zk is proved for k = j. Thus, by induction, we conclude that the
result is true for all k = l 2, ..., i. Hence, the result is proved. O

Proof of Theorem 3.6(b): Note that F; is DFR if and only if F; >, E, where E is the
cumulative distribution function of the standard exponential distribution. Then, by using the
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condition that F| >, Fy >.--- >, F;, we get that F is DFR forallk=1,2,...,i— 1. In par-
ticular, F is_ DFR. Again,_from the condition that uH’(u)/H(u) is decreasing in u > 0, we get
that H(ny (F1(1)))/H (¥ (F1(2))) is decreasing in 7 > 0. On combining these two facts, we get
that

Fi(0) H(ny (F1(0))
Fi(n) H(y (Fi(1)))

xs (D =r1(1) is decreasing in ¢t > 0,

and hence X7., is DRFR. Next, we prove that X}, is DRFR for all k=2, 3, ..., i From
Lemma 2.2, we have X, =Dk_1 (W(k) +Dk( ,:_lzn)) forall k=2,3,...,i Again, by using

(5) and the condition that uH'(u«)/H(u) is decreasing in u >0, we get that H(nu)/H(u) is
positive and decreasing in u > 0. This further implies that

H(ny(e™)) | .. L
———= is positive and decreasing in u > 0. 27
H(y(e™™)
Furthermore, we have
e—u
7 —. Is positive and decreasing in u > 0. (28)
—e

Thus, from (27) and (28), we get

2

. —t —t
a—AWac)(t) _ 2 (H((n £+ Dy (e)) ‘

Hiy(e) 1-e

op o t) >0 forallz>0, 29)

which implies that W® is DRFR. Furthermore, W® and Dy (X,:f 1:n) are independent for all
k=2, ...,i. Consequently, the result that X,::n is DRFR for all k=2, 3, ..., i follows from
Lemma 2.6 provided that Dg(X;_,.,) is DRFR forall k=2, ..., i.

We now proceed to prove the statement ‘D (X,:_lzn) is DRFR for all k=2, ..., 7 using
induction. From (3), we have D(X},) = (D2 on1>(W(])). It can easily be verified that

w® is DRFR. Thus, by using this and the condition Fj >, F>, from Lemma 2.5 we get
that D, (Xf:n) is DRFR and hence the statement is true for k = 2. Next, we assume that the

/—1:11) is DRFR. Now, from (4), we get Dj+1(Xj*;n) =
(Dj+] o Dj_1> (W(/) + D;j (Xj*_lm>) . Furthermore, we have that W) and D; <X;—l:n) are inde-

pendent. Again, by proceeding in a similar manner as in (29), we obtain that W) is DRFR.

statement is true for k =j, i.e., Dj<X.*

Furthermore, from the induction hypothesis, we have that D; (X]i] :n) is DRFR. On combining
all these facts, we get that w4+ D; (XJ.*_I:n) is DRFR. Using this and the condition F; >, Fjy1,
from Lemma 2.5 we get that Dj+1<Xﬁn> is DRFR, and hence the statement is proved for
k=j+ 1. Thus, by induction, we get that Dk(X,;m) is DRFR for all k=2, 3, ..., i Hence
the result is proved. (]

Proof of Theorem 3.7(b): From the assumption that uR’(«)/R(u) is increasing in u > 0 and
the condition that F1 is IFRA, it can easily be shown that XY: . 18 IFRA. Now, from Remark 2.2,
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we have
P(Xin > 5l Xi =21, X3 = X2y - Xi iy = Xk1)
n—k+1 (-Fk(x") )) if x¢ > x5—1,
_ e —rrnyv (7R (=3t
1 if Xk < Xk—1,
fork=2,3,...,1i. Since ¢ is a decreasing function, we get that P(X}., > xx| X7, =x1, X3., =
x2, ..., X;_ ., =Xk—1) is continuous and increasing in x;_1 > 0. Now, from the condition that

Fy is IFR, we have that

forall xp >x;_1>0andO<a <1, k=2,3,...,1.

( Fr(xe) )a< F(oexy)
Fr(x—1)/) ~ Frlaxg—1)

Again, by using the fact that ¢ is decreasing, the above inequality can equivalently be

written as
Fr(xx) )a ( ( F(ouxy) ))
—k+1 _— —k+1 _— , 30
¢<(n + )w<<Fk(xk—l) ))Eqb (n—k+1)y Frton ) (30)

for all xp >x;,—1>0and O<a <1, k=2,3,...,i Furthermore, from the condition that
uR'(1)/R(u) is increasing in u > 0, we get that

—ln(¢(m//(e_“))) is convex in u > 0,
which further implies that
—ln(qb(mp(e*”))) is star-shaped in u > 0,
or equivalently,
—In(¢(ny (e7*"))) < —a In(@p(np(e™))) forallu>0and0 <o <1.
This implies that
¢(mp(u“)) >(@pmyw))* foral0<u<landO<a <1,

which implies

F, * F, *
(oo-revv(zizy))) =olo-reov{(Zs)) o0

forall x;y >x;—1>0and O <o < 1, k=2, 3, ...,i. Finally, by combining (30) and (31), we
get

P(Xl::n >xk|Xf:n =1, Xzzn =AX25 000, Xl:—l:n =)Ck71)

1
§(P(X,::n >axg|X]., =ox, X5, =axy, ..., X}, = ozxkfl))“ ,
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forall xi, x2,...,x;>0and 0 < o < 1, where x; > x;_1,forallk=2, 3, ..., i Forx; <xi_i,
the above inequality trivially holds. Hence, the result that (X}, X3, ., ...X},) is MIFRA
follows from Corollary 4.8 of Block and Savits [9]. Consequently, X*, is IFRA. O

Proof of Theorem 3.8: We prove the result using induction. Since F is NBU, we get
¢ (ny (Fi(x+ 1)) < ¢(ny (F1x)F (1))  forall x, 1> 0. (32)
Again, the assumption that uR’(u)/R(u) is increasing in u > 0 implies that —In (¢ (m/f(e_”)))

is convex in u > 0, which further implies that —In (d) (m/f(e_”))) is superadditive in u > 0, or
equivalently,

—in(¢(ny (7)) = ~In(p (m (™)) ~In(p (n1 ™))
for all u, v > 0. Furthermore, this implies that
¢ (ny (F10F1(0)) < ¢(ny (F1(0)) ¢(ny (F1(1))  forallx, > 0. (33)
On combining (32) and (33), we get ¢ (ny (F1(x + 1)) < ¢ (ny (F1(x))) ¢ (ny (F1(1))) for

all x, > 0, and hence an is NBU. Thus, the statement is true for k = 1. Next we assume that

the statement is true for k = j—1l,ie., inl:n is NBU. Now, from Remark 2.2, we have

m —_
FXj';n(t) :/0 Gj(tlz) dF)(].Ll:”(Z), t>0,

where

p(—j+Du(F2)) ifr=z,

1 ift <z

Gi(tlz) =

Since ¢ is a decreasing function, we get that G/(t|z) is increasing in z > 0, for all # > 0.
Again, from the fact that ¢ is decreasing and the condition that ur;(u) is superadditive in u > 0,

we get
. Fi(0) . Fi(at) Fi(B1)
—j+ Dy == —j+ Dy =L 34
¢<(” It W(F,»(z)))f‘p((” It W(F,-(az)ﬂ(ﬁz))) G4

for all t1>z>0 and 0 <a, B <1 with B =1—«. From the condition that uR'(i)/R(u) is
increasing in u > 0, we get that

—In(p(ny(e™))) is convex in u > 0,
which further implies that
—In(¢(ny(e™))) is superadditive in u > 0,

or equivalently,

_ln(¢ (nlﬂ (e—(u+v))>) > —In(p(ny(e™)) —In(p(ny(e™)))  forall u > 0.
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This implies that ¢ (nyr(uv)) < (¢p(nyr(u)))(¢(ny(v))) for all 0 < u, v < 1, which implies

Fy(ar) Fi(B1)
¢<(" It w(F(az) F(ﬂz)))

F; F;
<o(aseon(Feg))o(m-r+ov(255))
J

forallt>z>0and 0 <, B <1 with 8 =1 — «. Combining (34) and (35), we get Gj(t|z) <
Gj(atlaz) Gi(t|Bz) forallt>z>0and 0 <o, B < 1 with f =1 — . For 0 < ¢ < z, the above
inequality trivially holds. Thus, from Theorem 3.2 of Block et al. [10], we get that X* is NBU,
and hence the result is proved for k = j. Thus, using induction, we conclude that X* is NBU
forallk=1,2, ..., i Hence, the result is proved. O
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