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During the past decade, analyses drawing on several
democracy measures have shown a global trend of
democratic retrenchment. While these democracy
measures use radically different methodologies,
most partially or fully rely on subjective judgments

to produce estimates of the level of democracy within states. Such
projects continuously grapple with balancing conceptual coverage
with the potential for bias (Munck and Verkuilen 2002; Prze-
worski et al. 2000). Little andMeng (L&M) (2023) reintroduce this
debate, arguing that “objective”measures of democracy show little
evidence of recent global democratic backsliding.1 By extension,
they posit that time-varying expert bias drives the appearance of
democratic retrenchment in measures that incorporate expert
judgments. In this article, we engage with (1) broader debates on
democracy measurement and democratic backsliding, and
(2) L&M’s specific data and conclusions.

We argue that assessing whether democracy has recently
declined hinges crucially on the conceptualization and operatio-
nalization of democracy. Democracy is a contested concept, and
indices measuring different notions of democracy capture differ-
ent aspects of political systems. For this and other reasons,
including measurement error, democracy measures may disagree
on levels of democracy and trends in democratic backsliding, both
for individual countries and in the global aggregate. For example,
figure 1 plots the relationship between L&M’s (“objective”) index
and V-Dem’s Electoral Democracy Index (EDI) for all countries
from 1980 to 2020 (Coppedge et al. 2023a, b; Teorell et al. 2019).
There is a moderate correlation for country-years with EDI scores
less than 0.4 (ρ=0.56) but a much lower correlation for country-
years with EDI scores greater than or equal to 0.4 (ρ=0.16). Clearly,
the two indices measure democracy very differently. The same is
evident when we consider differences in country-level scores and
trends.2

This article investigates the sources of such divergences in
measured democracy trends. We cannot measure democratic
backsliding without conceptualizing democracy and constructing
democracy measures that reflect this concept. Therefore, the first
section discusses conceptual issues in measuring democracy and
democratic backsliding. The second section describes how
V-Dem’s expert-based approach to measuring democracy limits
the potential for systematic bias, using different tests to interro-
gate whether its experts have exhibited systematic pessimism
(i.e., a “bad-vibes bias”) in recent years. We find no evidence for
these claims.

The third section highlights two common misconceptions.
First, the distinction between “objective” and “subjective” indica-
tors is overblown: coding seemingly objective indicators typically
requires multiple hidden judgments by human raters. Measures of
contested concepts, such as democracy, are therefore not so much
either “objective” or “subjective” but rather more or less judgment
based (i.e., “observer-invariant”). Second, indicators that require
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fewer judgments are not necessarily less biased than those
that rely on substantial human judgment. Whether a particular
indicator—“objective” or “subjective”—exhibits bias varies sub-
stantially by the mapping between concept and indicator and the
data-construction process.

The fourth section evaluates L&M’s objective measures. As we
foreshadow in figure 1, there is little evidence that L&M operatio-
nalize democracy in a way that maps onto any easy-to-recognize
version of the concept. Moreover, various problematic and sub-
jective coding decisions undermine the credibility of their empir-
ical exercise, whether the goal is to broadly measure democracy
over time or only to evaluate aspects of democratic backsliding on
a measure-by-measure basis.

FOUNDATIONAL BUILDING BLOCKS FOR ASSESSING
DEMOCRATIC BACKSLIDING

We first provide an overview of considerations for conceptualizing
democracy and backsliding. These considerations are not novel
but they delineate a common ground for addressing the more
technical measurement issues discussed in subsequent sections.

CONCEPTUALIZING DEMOCRACY

Scholars conceptualize democracy in various ways (Coppedge
et al. 2011): some democracy definitions are minimalist, focusing
only on contested elections (e.g., Przeworski et al. 2000), whereas

others are maximalist, incorporating several additional attributes
(e.g., Beetham 1999). Despite the lack of consensus, most scholars
agree that it is desirable to (1) specify the democracy concept being
measured; and (2) select indicators and aggregation rules so that
the measure reflects the underlying concept (Adcock and Collier

2001; Goertz 2006;Munck andVerkuilen 2002). Conceptualization
precedes measurement, and measurement characteristics should
reflect the boundaries and logical structure of the underlying
concept.

In their foundational article, Munck and Verkuilen (M&V)
(2002) specify the tasks involved in measuring democracy. These
tasks include identifying all relevant attributes of the concept and
which indicators tap into each attribute, avoiding issues of redun-
dancy and conflation. M&V also highlight the importance of
selecting aggregation rules that reflect the logical structure of
the concept and not uncritically using simple default rules (e.g.,
taking the unweighted average across all indicators). In cases in
which some indicators reflect more important aspects of the
concept, they should be weighted more heavily. In cases in which
indicators reflect attributes that are necessary for high democracy
scores, the aggregation rule should be multiplication instead of
averaging (see also Goertz 2006).

M&V argue that many democracy measures fail these chal-
lenges. For example, Freedom House does not build on a clearly
specified democracy concept, it includes several redundant

Figure 1

Global Comparison of L&M and V-Dem EDI Indices
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We argue that assessing whether democracy has recently declined hinges crucially on the
conceptualization and operationalization of democracy. Democracy is a contested concept,
and indices measuring different notions of democracy capture different aspects of political
systems.
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indicators, and it uses simple aggregation rules without justifica-
tion. However, M&V positively assess the dichotomous Alvarez-
Cheibub-Limongi-Przeworski (ACLP) measure (Przeworski et al.
2000), which has a carefully specified underlying concept and is
aligned with this conceptualization. However, ACLP captures
only a binary and minimalist democracy concept that focuses on
contested elections and therefore is not fit for capturing a more
multidimensional concept of democracy. While narrow conceptu-
alizations of democracy are helpful in many contexts, researchers
often conceptualize democracy more broadly.

Indeed, there are no objective measures that capture all attri-
butes that should be included in more extensive concepts of
democracy. This problem with objective indicators—including
those of L&M—is particularly acute if we want sufficiently
nuanced measures to usefully capture democratic changes in an
age when (aspiring) autocrats know how to abuse formal demo-
cratic institutions (Bermeo 2016; Levitsky and Ziblatt 2018; Lühr-
mann and Lindberg 2019).

In contrast, V-Dem’s EDI and other democracy measures tap
into clearly specified and more encompassing democracy con-
cepts, and they have aggregation rules that reflect these concepts
(Teorell et al. 2019). By necessity, they include not only objective
indicators (e.g., share of adult population with suffrage) but also
subjective indicators that rely on country-expert coding (e.g.,
freedomof discussion forwomen and the autonomy of the election
monitoring board). The latter indicators capture aspects of democ-
racy for which relevant and comprehensive objective indicators do
not exist.

Conceptualizing Backsliding

The notion that democracy measurement influences reported
trends in democracy—including the nature and depth of recent
democratic decline globally—is established knowledge among
democracy scholars (for a recent analysis, see Treisman 2023).
Indeed, Waldner and Lust (2018) find that V-Dem measures are
actually relatively conservative in identifying backsliding. Knut-
sen and Skaaning (2022) describe how different V-Dem measures
(e.g., freedom of expression and suffrage) have followed different
historical and recent global trends. Finally, the V-Dem Institute’s
Democracy Reports (e.g., Alizada et al. 2022) display variation
based on measurement technique: the recent decline is much
larger for population-weighted global scores than unweighted
cross-country averages.

These examples highlight the fact that there are myriad ways
to conceptualize “democratic backsliding” or the many similar
terms that are used widely. Backsliding could refer to country-
specific trends or phenomena at a regional or global level. At the
global level, it could be measured by taking a simple average
across countries (as in this study) or by using population-
weighted trends.3 It could be conceptualized as a short-term
phenomenon (occurring within a year) or a long-term process
(occurring over multiple years) or even an entire “episode.”4

Moreover, the conceptualization of democratic backsliding
depends on the conceptualization of democracy—for example,
if democracy is unidimensional or multidimensional, or a binary
state or a spectrum.

Rather than delving into all of these conceptual decisions, we
highlight three points regarding backsliding with implications for
its measurement. We delineate the two dominant opposing views

on each point as follows, with parenthetical notes about the view’s
implication for quantifying recent backsliding:

1. Does the conceptualization of democracy—and therefore back-
sliding—focus on competitive elections (less backsliding) or
consider checks on executive power, protections of civil liber-
ties, a critical media, and active civil society (more backsliding)?

2. Does the conceptualization of backsliding treat it as a short-
term phenomenon (less backsliding) or a longer-term process,
occurring, for example, over five or 10 years (more backsliding)?

3. Does the conceptualization of backsliding pertain to quite
democratic countries (less backsliding), or can backsliding
theoretically occur in any country, regardless of its level of
democracy (more backsliding)?

Concerning point 1, many scholars agree that recent backslid-
ing has occurred predominantly through processes driven by
elected incumbents who gradually concentrate power in their
own hands—also known as “executive aggrandizement”
(Bermeo 2016; Levitsky and Ziblatt 2018; Lührmann and Lindberg
2019). This leads to a more subtle degrading of less formalized and
more difficult to observe supporting pillars of democracy, includ-
ing civil liberties, civil society mobilization, freedom of the press,
and judicial independence. These features of political regimes
typically are not conceptually included in minimalist definitions
or operationalizations of democracy. By contrast, more blunt and
directly observable violations of elections (e.g., ballot-box stuffing
and election violence) do not feature as prominently in many
recent backsliding episodes.

We illustrate point 2 in figure 2, which plots negative and
positive changes in V-Dem’s EDI over one-, five-, and 10-year
horizons. Although it is difficult to discern any global trend over
the short term, more countries show (significant) backsliding over
the long run, especially for the 10-year intervals.

We illustrate point 3 in figure 3, which shows that relatively few
of the significantly backsliding countries were initially in the top
EDI quartile of countries. Backsliding occurred more often in
countries with intermediate democracy scores.

BIASES IN V-DEM MEASURES? CLARIFICATIONS AND TESTS

To explain reported global democratic backsliding, L&M propose
that, in recent years, experts have been increasingly negatively
biased due to pessimism about the state of democracy. This
question is fundamental for enterprises such as V-Dem, which
rely on experts to code concepts for which there are no objective
data. Although we cannot discount entirely the possibility of such
bad-vibes bias—for instance, one driven by a pessimistic media
environment—we are skeptical that it strongly influences
reported global trends in democracy.5 This section explains our
skepticism, first by clarifying important aspects of the V-Dem
methodology and then by presenting empirical tests for
expert bias.

V-Dem’s Approach to Limiting Expert Biases

V-Dem’s approach to gathering and aggregating expert-coded data
militates against bad-vibes bias in multiple ways (Coppedge et al.
2023c). First, V-Dem experts do not code broad concepts like
“democracy” directly. Instead, they predominantly code more
specific concepts such as election violence in a given country-year.
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Figure 2

Relative Frequencies of 1-, 5-, and 10-Year Changes in EDI by Year
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Figure 3

10-Year Trajectories of Countries with Clearly Discernible Negative (32) and Positive (11)
Changes
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This specificity presumably makes these concepts less prone to
general pessimism biases. To create meso- and high-level indices,
V-Dem algorithmically aggregates these scores upwards.

For example, V-Dem’s EDI is the average of a multiplicative
and an additive index, both constructed from five subindices
scaled from 0 to 1 (Teorell et al. 2019). Of these five measures,
two are objective: the proportion of citizens with suffrage and
whether and how officials are elected. The remaining three mea-
sures are meso-level indices of democracy-relevant concepts: free-
dom of association, freedom of expression, and clean elections.
Each measure consists of six to nine relevant expert-coded vari-
ables, aggregated using Bayesian Factor Analyses (BFAs).6 For
bad-vibes bias to affect EDI, it must systematically affect not only
most V-Dem experts but also these experts’ ratings acrossmultiple
indicators related to distinct, low-level concepts.

Second, when coding their specific concepts, V-Dem experts
use ordinal scales with set definitions for each item, which serve as
meaningful benchmarks to guide their coding. This specificity
again ameliorates concerns that a general unease about democracy
greatly affects estimates.

Third, the specificity of V-Dem coders’ expertise should lessen
the risk of pessimism affecting their ratings. V-Dem experts are
individuals—typically, scholars with advanced degrees—with a
deep knowledge of the concepts (e.g., judiciary and political
parties) and countries (i.e., most are citizens or residents) that
they rate. Although experts might contextualize their ratings
based on an overall sense of political trends worldwide, their
detailed expertise should allow them to determine whether their
case is an exception to the trend.

Fourth, V-Dem’s method for aggregating expert data accounts
for the possibility that individual experts have idiosyncratic
biases. V-Dem uses a Bayesian Ordinal Item-Response Theory
Measurement Model (MM) to aggregate expert-coded data
(Pemstein et al. 2023). It corrects for two forms of error that
relate to L&M’s argument: variation in expert reliability and
scale perception. Concerning expert reliability, the MM assumes
that experts who diverge from other experts in directionality
(e.g., coding lower scores higher) are less reliable. Accordingly, it
adjusts the contribution of these experts downward. If a few
experts for a particular country shift their scores downward due
to bad-vibes bias, the bad-vibing experts likely will be considered
less reliable and contribute less to the estimation process. A
country’s score on an indicator therefore is unlikely to experience
a large decline unless the majority of its experts experience
similar bad vibes.

The MM also assumes that experts vary in scale perception:
some experts tend to code higher or lower than other experts or
have different thresholds for changes in ordinal levels (Pemstein,
Tzelgov, and Wang 2015).The experts who are most likely to
change their ratings due to bad vibes about democracy presumably
will have more compressed thresholds than more vibe-resistant
experts. The effect of the former changing their scores therefore
should be relatively small.

Despite its demonstrated ability to recover latent scores
(Marquardt and Pemstein 2018, 2023), the MM does not directly
correct for time-varying bad-vibes bias. That is, if all experts
rating a country become stricter for a subset of years that they
code in unison, the MM likely would be unable to adjust for this
behavior. However, V-Dem accounts for potential universal

variation in strictness based on the time period that an expert
codes in other ways (Knutsen et al. 2019; Pemstein et al. 2023).
For example, historical V-Dem experts, who typically code for
the period 1789–1920, tend to be somewhat less strict than
contemporary experts, which is likely because their frame of
reference is different. V-Dem has long deployed technical fixes
such as weighted empirical priors to account for these differ-
ences. Beginning in 2020, V-Dem also began asking newly
recruited experts who code recent years to code selected dates
covering a country’s entire time series from 1900 onward. By
expanding these experts’ frame of reference, this strategy should
facilitate the contextualization of short-term recent trends,
thereby reducing the likelihood that general pessimism about
democracy affects contemporary coding decisions.

Fifth, V-Dem incorporates expert disagreement into its esti-
mates of country-year indicator values. Greater expert disagree-
ment about a country-year value generally results in broader
credible intervals (a Bayesian corollary of confidence intervals)
about the point estimate. V-Dem reports this uncertainty along-
side point estimates for all expert-coded indicators. Crucially,
this uncertainty is propagated as V-Dem data are aggregated
upward to meso- and then higher-level indices (e.g., EDI).
Greater uncertainty about lower-level indicators thus results in
greater uncertainty about overall democracy levels for that
specific case.

There Is Little Evidence of Bad-Vibes Bias in V-Dem

Despite these strategies, temporal proximity to events that are
being coded still could affect expert strictness: the issue might not
be an expert’s frame of reference but instead uncertainty due to
unfolding political events. Unfortunately, this is difficult to assess
directly.7 However, there aremore indirect tests that can assess the
extent of bias.8

First, the data-generating process assumed under the most
straightforward version of L&M’s “time-varying bias” argument
implies a fairly uniform erosion of measured democracy across
countries and across components and indicators of democracy.
However, only a minority of countries have registered significant
erosion inV-Dem’s EDI.9 Across 2012–2022, for example, 32 coun-
tries experienced negative change and 11 experienced positive
change in EDI; more than 100 countries experienced no signif-
icant change (see figures 2 and 3 and Knutsen et al. 2023 for
replication data). Moreover, for countries that do evince a sig-
nificant democracy decline, there is great variation in trends
among individual components and indicators. The indicators
on elections (e.g., vote buying and electoral management bodies’
capacity) are least likely to show significant declines, whereas
indicators on freedom of expression, censorship, and repression
of civil society are among the indicators that most often are
declining.

Second, the time-varying pessimistic mood bias that L&M
assert should be stronger for more recent coding decisions. Insofar
as recent coding by V-Dem experts mainly centers on their
country’s situation in recent years, any such increase in bias is
difficult to distinguish from a true change in the democracy
situation on the ground. However, one feature of V-Dem’s coding
allows us to separate these types of changes: country experts can
change their previous scores when coding annual updates for
V-Dem. If time-varying bias were present, coders would become
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increasingly harsh judges of democratic trends and give increas-
ingly negative ratings in successive updates. If the bias were
growing, as L&M argue, a fraction of coders could come to believe
that their own earlier ratings were too positive in light of subse-
quent trends; fewwould believe they had been too negative. If bad-
vibes bias is more prevalent in recent years, we therefore should
observe that (1) many experts update their previous coding; and
(2) they consistently do so in a “more pessimistic” direction.

To assess this, we combined coder-level information from
V-Dem’s v.9 (2019) and v.13 (2023). Specifically, we analyzed the
23 expert-coded indicators that enter the EDI. Less than 1.4% of
experts changed scores for any variable in 2019 or later, and those
who did change did not systematically alter their scores in a more
pessimistic direction. Figure 4 displays the EDI variables with
averages unaffected by revisions. Online appendix A includes
additional graphs for those variables that experienced change
and equivalent analyses of indicators entering V-Dem’s Liberal
Component index. We also present analyses of change from v.5
(2015) to v.13 in online appendix A. All of the analyses show
similar results.

Third, the most straightforward interpretation of L&M’s for-
mal model (see L&M’s online appendix C1)—and one necessary
for testing its implications—is that the coder bias is linear and
additive, affecting all units equally. If a common bias affects expert
coders across countries, we might expect greater synchronization
of changes in V-Dem’s indices. To assess this, we considered all
one-year changes for each year on EDI and computed their mean,
median, standard deviation (SD), median absolute deviation from
the median (MAD), and estimated entropy (EE). These changes
for the past century are reported in figure 5. The means and

medians are minuscule. The trends in SD, MAD, and EE show
that, if anything, one-year changes are now less homogeneous
than they were historically.

Fourth, it is possible that ideological bias (including bad-vibes
bias) manifests in systematic expert disagreement. We interro-
gated this concern in several ways. First, in their assessment of
V-Dem’s corruption indicators, McMann et al. (2022) examine the
correlates of V-Dem expert disagreement at the question-country-
year observation level and find no evidence of “situational
closeness”—that is, that experts are biased in favor of countries
that align with them ideologically. Specifically, experts with stron-
ger allegiance to the liberal principle of democracy are not more
likely to rate liberal countries as less corrupt, and experts who
support the free market are not more likely to rate free-market
economies as less corrupt. Second, online appendix B examines
patterns in expert disagreement for two V-Dem expert-coded
indicators: (1) a low-subjectivity indicator (i.e., election boycotts,
v2elboycot); and (2) a (particularly) high-subjectivity indicator

(i.e., free and fair elections, v2elfrefair). We find no evidence of
systematic expert disagreement for the low-subjectivity indicator,
whereas expert disagreement on the high-subjectivity indicator is
greatest for countries and years that are more recent, and which
have higher freedom of expression, lower levels of democracy, and
more experts coding them. Although expert disagreement is a
weak signal of bias, our analysis indicates that only highly sub-
jective V-Dem indicators are vulnerable to systematic expert
disagreement.10 Altogether, we find little to no empirical evidence
to support L&M’s proposed time-varying bad-vibes bias in
V-Dem’s expert-coded data.

OBJECTIVE VERSUS SUBJECTIVEMEASURES OF DEMOCRACY

L&M epitomize a common approach to measuring democracy:
relying on objective measures for operationalization (e.g., Chei-
bub, Gandhi, and Vreeland 2010). This approach often is con-
trasted with the more evaluative approach of V-Dem. This
section discusses the blurred line between objective and subjective
measures.

The Exaggerated Distinction BetweenObjective and Subjective
Indicators

A sharp distinction between objective and subjective indicators
constitutes a false dichotomy: seemingly objective measures often
entail considerable elements of subjectivity. Although there may be
relative differences in bias among different types of questions and
human raters—country experts, ordinary citizens, and research
assistants—all raters exert at least some form of judgment
(Marquardt et al. 2017). Therefore, there is no human-coded mea-
sure of democracy—or, more specifically, democratic institutions—

that is wholly objective. Instead, there are degrees of subjectivity.
“Fact-based”measures from V-Dem illustrate this point. These

variables, which complement V-Dem’s expert-coded variables,
cover concepts such as the seat or vote share of the largest party
in parliament, and they are coded by research assistants. Despite
being based on observable facts, these variables require several
subjective decisions (e.g., how to code independents, which elec-
tion round to consider, and how to address diverging sources).
These V-Dem variables therefore are accompanied by protocols
and routines for deliberation within the broader team for addres-
sing ambiguous cases.

Amore general lack of perfect inter-rater reliability in objective
indicators (including those that L&M use) further illustrates our
point. Consider the National Elections Across Democracy and
Autocracy (NELDA) project, which codes phenomena related to
elections. The project is transparent about rater disagreement and
subjectivity, providing analyses of inter-rater reliability for
approximately 20% of their cases (Hyde and Marinov 2012,

A sharp distinction between objective and subjective indicators constitutes a false
dichotomy: seemingly objective measures often entail considerable elements of subjectivity.
Although there may be relative differences in bias among different types of questions and
human raters—country experts, ordinary citizens, and research assistants—all raters exert
at least some form of judgment.
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Figure 4

Expert-Coded Indicators Entering V-Dem’s EDI Without Any Systematic Change After Year
2000 Due to Coder Revisions (from V-Dem V.9 to V.13)
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2019). Across these indicators, the proportion of cases in which
two coders agree ranges from 58% to 98%, with an average of 83%.
Other projects elaborate only on their decisions for presumed
difficult cases. For example, the Database of Political Institutions
(DPI) project provides information about “ambiguous” cases to
justify coding decisions for which other raters plausibly would
have come to other conclusions (Cruz, Keefer, and Scartascini
2021). In some cases, DPI assigns intermediate values when they
are unsure about which ordinal category to use. The pervasiveness
of uncertainty and disagreement, even in these gold-standard
projects, demonstrates that judgment substantially affects
objective data.

As a final illustration of the difficulty of coding even seem-
ingly straightforward objective measures, we consider the most

widely used and highly regarded objective democracy measure:
the binary, minimalist ACLP (Cheibub, Gandhi, and Vreeland
2010; Przeworski et al. 2000). ACLP relies on four coding rules
pertaining to observable factors: elected legislature; indirectly
or directly elected executive; elections are multiparty; and alter-
nation of government after loss in elections. However, Knutsen
and Wig (2015) highlight how this measure requires nontrivial
judgment calls when applying the alternation rule and espe-
cially for determining how long current regime institutions have
existed.

Concerns about rater judgment multiply when a project
aggregates indicators upward to create indices that measure
more complex concepts. It is important to note that many rater
judgment calls often lack accompanying information about how

Figure 5
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decisions were made. Therefore, such measures are not easily
reproducible in practice—a common purported benefit of objec-
tive measure.

Given these concerns, subjective approaches that use expert
evaluations can be more reproducible than their objective coun-
terparts. Although V-Dem uses multiple experts to provide openly
subjective assessments of numerous political phenomena and
therefore is superficially less reproducible than presumed objec-
tive measures, it is transparent about the use of judgment and the
uncertainty that this entails. All V-Dem expert scores are publicly
available, as are the aggregation methods and criteria. The V-Dem
data-production process therefore is replicable, in that anyone
could apply the same process with another set of experts. More-
over, reported estimates of uncertainty allow users of the V-Dem
data to easily identify contexts in which there is more disagree-
ment between experts’ evaluations, providing a systematic tool for
predicting replication variability. Thus, V-Dem follows Schedler’s
dictum (2012, 21) that judgment is a critical “ingredient of political
measurement that needs to be acknowledged and rationalized
rather than exorcised.”

“Objective” Is Not Unbiased

L&M’s use of “objective” corresponds to what we call “observer-
invariance,” which is closely related to the concepts of reliability
and replicability—that is, all observers obtain the same result
when using the measure to code the same case.11 Despite their
virtues, observer-invariant measures are not necessarily less
biased than so-called subjective measures that explicitly include
an evaluative component.

First, for purposes of illustration, we consider this trivial
measure: “A country is democratic if and only if it has ‘democratic’
in the country name.” If observer-invariance were the most impor-
tant criterion for judging democracy measures, this measure
would be preferable to most other democracy measures. Yet,
despite its reproducibility, it would be a strongly biased measure
of democracy because some authoritarian regimes are eager to use
their country’s name to signal democratic credentials (e.g., the
Democratic People’s Republic of Korea). “Democratic in country
name” obviously is not a measure used by scholars who advocate

for objective democracy measures, but it clearly illustrates that
observer-invariant (i.e., “objective”) measures are not inherently
less biased or free of measurement errors.

Biases in objective indicators also can change over time. For
instance, onemethod for detecting election fraud is to consider the
distribution of second digits in officially reported results from
electoral precincts (for a critique, see Medzihorsky 2017). This
method relies on the premise that regime officials who attempt to
cheat often select numbers ending on the same digit (e.g., 0).
However, after researchers discuss this pattern publicly, authori-
tarian regime officials may adapt and randomize second digits for
fraudulent election results to avoid detection. Consequentially,
such digit-based tests become an increasingly poor proxy for
detecting electoral fraud.

This point has implications for L&M’s finding that objective
measures demonstrate less backsliding. In an agewhen democracy
is a high-legitimacy system that even autocrats attempt to emulate
(Miller 2015), successful autocratizers are those who avoid blatant
and easily documentable actions to undermine democracy
(Levitsky and Ziblatt 2018). Objective indicators that pertain to
such actions (e.g., stuffing ballot boxes to win more than 75% of
votes) therefore may be less tightly associated with the broader
state of democracy than in previous years. Thus, theremaynot be a
bias only in objective proxy indicators of democracy (e.g., incum-
bent vote share) but the bias also may have increased over time,
contributing to the lack of observed backsliding in objective
measures of the type that L&M use.

EVALUATING L&M’S DEMOCRACY INDICATORS AND INDEX

To measure global trends in democracy, L&M use 15 indicators
from several sources. They then use 12 of these indicators to
create an “Objective Index” of democracy (table 1).12 L&M
emphasize that their index is not a comprehensive democracy
measure. However, it is an explicit codification of the implicit
assumption of their discussion of individual indicators: that is,
the cumulative effect of analyzing averages for each indicator
across time is to measure trends in democracy. As such, the index
reflects a conceptualization of democracy that we formalize as
follows:

Table 1

Indicators in L&M’s Index

Source Concept Type %Missing

Proportion Suffrage V-Dem Suffrage Proportion 0%

Presidential Vote DPI Exec. comp. Proportion 64%

Incumbent Party Seat DPI Legis. comp. Proportion 23%

Incumbent Party in Office DPI Exec. comp. Count (max. 20) 33%

Legislative Competitiveness DPI Legis. comp. 7-pt scale 18%

Executive Competitiveness DPI Exec. comp. 7-pt scale 18%

Incumbent Party Loss NELDA Elec. comp. Dichotomous 16%

Multiparty Competition L&M/NELDA Elec. comp. 4-pt scale 6%

Process Violations L&M/NELDA Elec. comp. 4-pt scale 6%

Term Limits Meng Exec. constraints Dichotomous 22%

Succession Rules Meng Exec. constraints Dichotomous 24%

Dismissal Rules Meng Exec. constraints Dichotomous 26%

Note: All variables are rescaled 0–1 for the index.
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This conceptualization involves several debatable elements.
First, these data largely pertain directly to procedural aspects of
elections and electoral outcomes. As previously discussed,
although elections are crucial to democracy, a focus on these
indicators is severely limited; contemporary backsliding involves
more subtle manipulation of democratic institutions. Although
including executive constraint data expands the scope of the index,
it does so in a nonintuitive way: these indicators were collected
with the intent of explaining “patterns of regime durability in
dictatorships” (Meng 2020, 3), not democracy or democratic back-
sliding. The contrasting use of executive constraints in the form of
term limits for democratic backsliding in Ecuador under Correa
and Turkey under Erdoğan is illustrative: the former eliminated
term limits to seek a third term, whereas the latter adopted them to
centralize authority. (Note also that many high-quality parliamen-
tary democracies do not have term limits, which suggests that they
are not universally relevant to democratic-ness.)

Second, the equal weight given to all indicators in the bench-
mark version of L&M’s index is equivalent to assuming that all
variables have the same relationship with the underlying concept
(i.e., “democracy”).13 This assumption is problematic. For exam-
ple, whereas scholars may debate the relevance and relative
importance of term limits and other executive constraints to
democracy, the absence of term limits presumably is not concep-
tually as important as having 0% suffrage.

In addition to L&M’s limited and idiosyncratic conceptualiza-
tion of democracy, issues with operationalization andmissingness
make their data ill suited for assessing trends in democracy,
whether as individual indicators or aggregated in an index.

OPERATIONALIZATION ISSUES WITH L&M’S INDICATORS

As figure 6 illustrates by plotting eight of L&M’s 12 index indica-
tors against V-Dem’s EDI, two thirds of the indicators that they
use have a problematic scaling to the concept of democracy. First,
across these indicators, the category/value with the greatest spread
in democracy values is the top category/value. This demonstrates
that these indicators have a very low threshold for considering a
country as highly democratic. Would-be democratic backsliders
thus have much room for deterioration before they receive a lower
score.

Second, the ordered categorical variables that L&M use are not
interpretable as interval-level values; the categories within each
variable scale differently onto the democracy concept. Figure 7
illustrates this problem conceptually, using the codebook entry for
DPI’s legislative index of electoral competitiveness (Cruz, Keefer,
and Scartascini 2021). The first five categories all relate to highly
uncompetitive situations in which opposition parties won no
seats; only the top two categories correspond to remotely compet-
itive situations.

The top four cells in figure 6—L&M’s ordinal indicators—
illustrate the empirical implication of this issue. Across all cate-
gorical variables, there is limited variation between many ordinal
values and levels of democracy and high variation between others.

The pattern of variation demonstrates that none of these four
variables can be treated as remotely continuous,meaning that they
essentially are uninterpretable either as cross-national averages—
as in either of L&M’s analyses of individual variables—or as part
of their additive index.

L&M’s index contains four indicators in addition to those
shown in figure 6: party years in power, incumbent vote, seat
shares, and incumbent party loss. Although these indicators are
problematic at the country level for tracking levels of democracy
(see online appendix D), L&M argue that they provide signals
about the electoral competitiveness of incumbents, on average,
across countries. Even if we accept this argument, only a third of
L&M’s index variables are then both properly operationalized and
relevant for the purpose of measuring backsliding—and then only
in a very limited way. This presents clear problems for the
comprehensiveness of L&M’s analyses and thus for drawing
conclusions about global democratic backsliding.

Missingness in the Data

Missingness in the L&M data is extensive. The median country-
year observation in their index has two missing indicators; 43% of
country-years are missing a quarter or more of the indicators and
11% are missing half or more.

This missingness makes it difficult to use each indicator—even
in isolation—to drawmeaningful conclusions about global trends
in democracy. The left-most panel in figure 8 presents results from
regressing V-Dem’s EDI on dummy variables coding missingness
in each L&M indicator. Coefficients are mostly negative and
statistically significant: less democratic country-years are more
likely to be missing. Although this selection issue is concerning, it
is even more disconcerting that similar trends appear when
regressing one- and five-year changes in EDI on missingness for
each L&M indicator (see the right-hand panels in figure 8).
Overall, missingness in L&M’s indicators predicts backsliding
on EDI, especially for five-year changes. Thus, the measures
that L&M rely on are biased against finding backsliding; their
descriptive analyses present “world-average” scores for which
country-years that exhibit democratic backsliding are systemati-
cally missing.14

The Importance of Face Validity Checks

No amount of abstract discussion regarding measurement prin-
ciples obviates the relevance of assessing how measures perform
in practice, using other pieces of information as points of
reference.15 We demonstrate this point with two brief case
studies.

Figure 9 shows trends since 1980 for China and Turkey using
L&M’s index, EDI, and Polity (rescaled 0–1) (Marshall and Gurr
2020). China is a relatively stable, one-party autocracy despite
recent personalization under Xi Jinping (Shirk 2018). The Chinese
Communist Party controls all political offices, which are not
subject to competitive elections. Thus, even with the most proce-
dural definitions of democracy, China should have scored very low
during the period 1980–2020. By contrast, Turkey is a prominent
case in the recent backsliding literature (Andersen 2019; Cleary
and Öztürk 2022; Mechkova, Lührmann, and Lindberg 2017).
Throughout the 1980s until the early 2000s, Turkey engaged in a
piecemeal reform process that addressed democratic deficits in its
1982 constitution, which had been established by a military junta
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that ruled from 1980 to 1983. Many reforms also involved changes
to ordinary laws to limit military involvement in politics, protect
individual freedoms, and ensure the rule of law (Özbudun 2007).
However, since the 2000s, Recep Tayyip Erdoğan has gradually
dismantled Turkey’s democracy by repressing the opposition and
pushing through changes that expanded the executive’s power
(Esen and Gumuscu 2018). These two cases provide variation on

what we should expect to see in scores and trends in measures of
democracy.

According to L&M’s objective index, China scored 0.50 during
the period 1980–1981 and then achieved a perfect 1.00 from 1982 to
2017, before it “backslid” to 0.75 in the period 2018–2020. These
changes are marked solely by the implementation of executive
term limits in the 1982 Chinese constitution and their subsequent

Figure 6
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removal under Xi Jinping in 2018.More important, the L&M index
departs drastically from the consistently low rating for China on
both the EDI and Polity indices. For example, in 1989 (the same
year as the Tiananmen Square Massacre), China scored perfectly
on L&M’smeasure, whereas EDIwas only 0.10 andPolity was 0.15.
We might expect differences between the L&M and other indices:
L&M note that their index is not intended to be a comprehensive
democracy measure. However, the very high scores for China in
their index reflects the seriousness of low thresholds for democ-
racy and systematic missingness in their indicators: L&M include
only four indicators in their analyses of China, all of which have
low thresholds for perfect scores.

The trends for Turkey on the L&M index show much more
fluctuation around an average of 0.76. Oddly, Turkey’s highest
score (i.e., 0.95) is in 1980, the year that the armed forces staged a
military coup and established a junta that ruled by decree under
martial law for the next three years. Although it declined to 0.80 in
1981, this score still appears much higher than expected for a
military dictatorship, and it is higher than Turkey’s scores from
1987 to 1990, from 1999 to 2001, and since 2007. Hence, the last
military junta in Turkey is more democratic than several years
typically considered the height of Turkish democracy. Further-
more, there is no easily recognizable pattern to the fluctuation in
the post-1980 scores, despite a slight downward trend under

Erdoğan. These patterns reflect that L&M’s indicators, at best,
constitute very noisy proxies of democracy. (Online appendix D
presents analyses of other countries that suggest the same.) By
contrast, Polity shows a substantial improvement after the mili-
tary junta ended in 1983, with subsequent improvements coincid-
ing with reforms until a rapid decline under Erdoğan. EDI is less
optimistic about the 1982 constitution and shows a more gradual
upward trend throughout the 1980s, 1990s, and 2000s—in line
with the piecemeal reform process during this period. Following
the Turkish politics literature—and thus providing further vali-
dation for the measure—EDI shows a gradual deterioration of
democracy under Erdoğan.

CONCLUSION

This article engages with the question of how to best measure
recent trends in global democracy. Most scholars employ democ-
racy concepts that are not adequately captured by a few indicators.
For instance, contested multiparty elections require not only the
presence of elections but also that the elections are free and fair,
several political rights are guaranteed, and opposition parties are
allowed to form. We therefore need a broad set of measures to
adequately assess the state of democracy. Some of these measures
must be evaluative in nature; there is no other way to measure all
relevant aspects of the democracy concept.

Figure 6
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We propose that V-Dem’s indices are suited for this task by
describing the V-Dem measurement process and presenting sev-
eral empirical tests of the time-varying bias proposed by L&M.We
do not find any evidence suggesting that bad-vibes biases among

V-Dem’s country experts drive the recent global democratic
decline. Although conceptual and measurement choices affect
the observed extent of backsliding, the balance of evidence clearly
indicates that there is recent global democratic backsliding.

Figure 8

Results of Regressing EDI Levels and Differences on Indicators of Missingness for Each L&M
Indicator
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We also emphasize that there is no truly objective (i.e., free of
human judgment) measure of democracy. Absent this, we discuss
how seemingly objective indicators can display different types of
biases and be even more problematic than their subjective coun-
terparts. More specifically, this article discusses and analyzes
L&M’s (2023) proposed objective democracy measures. Different
issues with these measures make them difficult to use as a valid
benchmark for describing global democracy trends or as yard-

sticks for evaluating very different measures of democracy, includ-
ing those constructed by V-Dem.
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NOTES

1. Because subjectivity permeates both measurement and the application of mea-
sures, we prefer to think about concepts as more or less observable and about
measures as more or less observer-invariant. We nevertheless use the terms
“subjective” and “objective” in this article to engage with L&M’s terminology.

2. In the final version of their article, L&M eschew analyses of country-level trends
using their index. Notwithstanding the question of how measures (or proxies) of
democracy could yield valid descriptions of global democracy trends without
being relevant measures of democracy at the country-level, we believe that
country-level analyses provide valuable heuristics for assessing the validity of
L&M’s data. We therefore include these discussions in the fourth section and in
online appendix D.

3. Weighting countries by population is suited for describing trends for the average
global citizen. However, the unweighted average remains a more conventional
metric and is less sensitive to changes in particular countries (e.g., India).

4. Although we do not pursue the final approach in our study, see Lührmann and
Lindberg (2019), Haggard and Kaufman (2021), Pelke and Croissant (2021), and
Maerz et al. (2023) for examples.

5. One reason for skepticism is possible “omitted-variables bias”: facts on the
ground might drive both expert opinion and media coverage rather than the
media biasing the experts. If so,media reports about “backsliding”would increase
along with or even after expert-based ratings record declines in democracy. As
shown in figure 2, the less-certain 10-year negative changes began increasing

We do not find any evidence suggesting that bad-vibes biases among V-Dem’s country
experts drive the recent global democratic decline. Although conceptual and measurement
choices affect the observed extent of backsliding, the balance of evidence clearly indicates
that there is recent global democratic backsliding.

Figure 9
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around 2000 and accelerated after 2010; the statistically significant 10-year
negative changes outnumbered positive changes by 2016 or 2018. L&M’s figure
11 does not clearly demonstrate that media coverage preceded these changes. In
fact, the increase in Google Scholar hits came years later.

6. BFAs aggregate indicators using weights based on their covariance. Thus, if only
one indicator is subject to systematic bad-vibes bias, it will covary less with the
other indicators, thereby contributing less to the estimation procedure.

7. L&M’s comparison of their objective measures with V-Demmeasures is not a test
of expert bias because their objective measures cover only some democracy-
relevant characteristics, which likely have different trends from other such
characteristics.

8. Various scholars within and external to V-Dem have grappled with assessing and
addressing expert biases (e.g., Coppedge et al. 2020; Marquardt et al. 2019;
McMann et al. 2022; Schedler 2012; Weidmann 2023). Our analyses build on this
body of work.

9. We define a significant change as onewith an estimated 95% credible interval that
does not overlap zero.

10. Again, higher levels of expert disagreement should result in higher uncertainty
about values, not systematic bias.

11. Thinking of democracy measurement as estimation is instructive. In estimation,
two types of error can be present: bias and variance—that is, systematic deviation
from the estimand and noise, respectively. Observer-invariance eliminates noise
but not bias.

12. L&M exclude three variables (i.e., journalists killed, journalists imprisoned, and
term-limit-evasion attempts) from their index. Because they analyze these data
on an incommensurate scale with the other data (i.e., total across countries, as
opposed to average), we follow their lead and focus on the 12 index variables.

13. L&M’s robustness check—assigning random weights to different indicators—
does not demonstrate that aggregation technique is irrelevant but rather that
their findings are robust to equally arbitrary decisions.

14. Online appendix C provides additional analyses.

15. Validation has been a crucial part of the V-Dem Project (see, e.g., Coppedge et al.
2020). To highlight two examples, McMann et al. (2022) provide a framework for
validation of expert-coded data and Teorell et al. (2019) validate the EDI.

REFERENCES

Adcock, Robert, and David Collier. 2001. “Measurement Validity: A Shared Standard
for Qualitative and Quantitative Research.” American Political Science Review 95
(3): 529–46.

Alizada, Nazifa, Vanessa A. Boese, Martin Lundstedt, Kelly Morrison, Natalia
Natsika, Yuko Sato, Hugo Tai, and Staffan I. Lindberg. 2022. “V-Dem Institute
Democracy Report 2022: Autocratization Changing Nature?” Gothenburg: V-Dem
Institute.

Andersen,David. 2019. “ComparativeDemocratization andDemocraticBacksliding:The
Case for a Historical–Institutional Approach.” Comparative Politics 51 (4): 645–63.

Beetham, David. 1999. Democracy and Human Rights. London: Polity Press.

Bermeo, Nancy. 2016. “OnDemocratic Backsliding.” Journal of Democracy 27 (1): 5–19.

Cheibub, Jose, Jennifer Gandhi, and James Vreeland. 2010. “Democracy and
Dictatorship Revisited.” Public Choice 143 (1–2): 67–101.

Cleary, Matthew R., and Aykut Öztürk. 2022. “When Does Backsliding Lead to
Breakdown? Uncertainty and Opposition Strategies in Democracies at Risk.”
Perspectives on Politics 20 (1): 205–21.

Coppedge, Michael, John Gerring, David Altman, Michael Bernhard, Steven Fish,
Allen Hicken, Matthew Kroenig, Staffan I. Lindberg, Kelly McMann, Pamela
Paxton, Holli A. Semetko, Svend-Erik Skaaning, Jeffrey Staton, and Jan Teorell.
2011. “Defining and Measuring Democracy: A New Approach.” Perspectives on
Politics 9 (2): 247–67.

Coppedge,Michael, et al. 2020. “Varieties of Democracy:Measuring TwoCenturies of
Political Change.” Perspectives on Politics 18 (4): 1258–60.

Coppedge, Michael, et al. 2023a. “Varieties of Democracy (V-Dem) Codebook.”
Gothenburg, Sweden: Varieties of Democracy (V-Dem) Project.

Coppedge, Michael, et al. 2023b. “Varieties of Democracy (V-Dem) Dataset v.13.”
Gothenburg, Sweden: Varieties of Democracy (V-Dem) Project.

Coppedge, Michael, et al. 2023c. “Varieties of Democracy (V-Dem) Methodology.”
Gothenburg, Sweden: Varieties of Democracy (V-Dem) Project.

Cruz, Cesi, Philip Keefer, and Carlos Scartascini. 2021. “DPI2020 Database of Political
Institutions 2020: Changes and Variable Definitions.” Washington, DC: Inter-
American Development Bank.

Esen, Berk, and Sebnem Gumuscu. 2018. “The Perils of “Turkish Presidentialism.”
Review of Middle East Studies 52 (1): 43–53.

Goertz, Gary. 2006. Social Science Concepts: A User’s Guide. Princeton, NJ: Princeton
University Press.

Haggard, Stephan, and Robert Kaufman. 2021. Backsliding: Democratic Regress in the
Contemporary World. Cambridge: Cambridge University Press.

Hyde, Susan D., andNikolayMarinov. 2012. “Which Elections Can Be Lost?” Political
Analysis 20 (2): 191–210.

Hyde, Susan D., and Nikolay Marinov. 2019. “Codebook for National Elections
Across Democracy and Autocracy (NELDA) Dataset.” Version 5.0.
www.dropbox.com/s/amvyfi6cnpy19ew/NELDA_Codebook_V5.pdf?dl=0.

Knutsen, Carl Henrik, and Svend-Erik Skaaning. 2022. “The Ups and Downs of
Democracy: 1789–2018.” In Why Democracies Develop and Decline, ed. Michael
Coppedge, Amanda Edgell, Carl Henrik Knutsen, and Staffan I. Lindberg, 29–54.
Cambridge: Cambridge University Press.

Knutsen, Carl Henrik, and ToreWig. 2015. “Government Turnover and the Effects of
Regime Type: How Requiring Alternation in Power Biases Against the Estimated
Economic Benefits of Democracy.” Comparative Political Studies 48 (7): 882–914.

Knutsen, Carl Henrik, et al. 2019. “Introducing the Historical Varieties of Democracy
Dataset: Patterns and Determinants of Democratization in the Long 19th
Century.” Journal of Peace Research 56 (3): 440–51.

Knutsen, Carl Henrik, et al. 2023. “Replication Data for ‘Conceptual and
Measurement Issues inAssessingDemocratic Backsliding.’”PS: Political Science &
Politics. DOI:10.7910/DVN/OHXMKG.

Levitsky, Steven, and Daniel Ziblatt. 2018. How Democracies Die. New York: Crown
Publishing Group.

Little, Andrew, and Anne Meng. 2023. “Measuring Democratic Backsliding.” PS:
Political Science & Politics. In this issue.

Lührmann, Anna, and Staffan I. Lindberg. 2019. “A ThirdWave of Autocratization Is
Here: What Is New About It?” Democratization 26 (7): 1095–113.

Maerz, Seraphine F., Amanda B. Edgell, Matthew C. Wilson, Sebastian Hellmeier,
and Staffan I. Lindberg. 2023. “Episodes of Regime Transformation.” Journal of
Peace Research. OnlineFirst. https://doi.org/10.1177/00223433231168192.

Marquardt, Kyle L., and Daniel Pemstein. 2018. “IRTModels for Expert-Coded Panel
Data.” Political Analysis 26 (4): 431–56.

Marquardt, Kyle L., and Daniel Pemstein. 2023. “Estimating Latent Traits from
Expert Surveys: An Analysis of Sensitivity to Data-Generating Process.” Political
Science Research & Methods 11 (2): 384–93.

Marquardt, Kyle L., Daniel Pemstein, Brigitte Seim, and Yi-Ting Wang. 2019. “What
Makes Experts Reliable? Expert Reliability and the Estimation of Latent Traits.”
Research & Politics 6 (4). https://doi.org/10.1177/2053168019879561.

Marquardt, Kyle L., et al. 2017. “Experts, Coders, and Crowds: An Analysis of
Substitutability.” Gothenburg, Sweden: V-Dem Working Paper No. 53.

Marshall, Monty G., and Ted Robert Gurr. 2020. “Polity V Project, Political Regime
Characteristics and Transitions, 1800–2018.”Vienna, VA: Center for Systemic Peace

McMann, Kelly, Daniel Pemstein, Brigitte Seim, Jan Teorell, and Staffan Lindberg.
2022. “Assessing Data Quality: An Approach and an Application.” Political
Analysis 30 (3): 426–49.

Mechkova, Valeriya, Anna Lührmann, and Staffan I. Lindberg. 2017. “How Much
Democratic Backsliding?” Journal of Democracy 28 (4): 162–69.

Medzihorsky, Juraj. 2017. “Election Fraud: A Latent Class Framework for Digit-Based
Tests.” Political Analysis 23 (4): 506–17.

Meng, Anne. 2020. Constraining Dictatorship: From Personalized Rule to
Institutionalized Regimes. Cambridge: Cambridge University Press.

Miller, Michael K. 2015. “Democratic Pieces: Autocratic Elections and Democratic
Development Since 1815.” British Journal of Political Science 45 (3): 501–30.

Munck, Gerardo L., and Jay Verkuilen. 2002. “Conceptualizing and Measuring
Democracy: EvaluatingAlternative Indices.”Comparative Political Studies 35 (1): 5–34.

Özbudun, Ergun. 2007. “Democratization Reforms in Turkey, 1993–2004.” Turkish
Studies 8 (2): 179–96.

Pelke, Lars, and Aurel Croissant. 2021. “Conceptualizing and Measuring
Autocratization Episodes.” Swiss Political Science Review 27 (2): 434–48.

Pemstein, Dan, Eitan Tzelgov, and Yi-Ting Wang. 2015. “Evaluating and Improving
Item Response Theory Models for Cross-National Expert Surveys.” Gothenburg,
Sweden: V-Dem Working Paper No. 1.

Pemstein, Dan, et al. 2023. “The Varieties of Democracy Measurement Model: Latent
Variable Analysis for Cross-National and Cross-Temporal Expert-Coded Data.”
Gothenburg, Sweden: V-Dem Working Paper No. 21.

Przeworski, Adam, Michael E. Alvarez, José Antonio Cheibub, and Fernando
Limongi. 2000.Democracy and Development. Political Institutions andWell-Being in
the World, 1950–1990. Cambridge: Cambridge University Press.

Schedler, Andreas. 2012. “Judgment and Measurement in Political Science.”
Perspectives on Politics 10 (1): 21–36.

Shirk, Susan L. 2018. “China in Xi’s ‘New Era’: The Return to Personalistic Rule.”
Journal of Democracy 29 (2): 22–36.

Comment and Cont rove rsy : Sp e c i a l I s s u e o n Demo c r a t i c B a c k s l i d i n g
.............................................................................................................................................................................................................................................................

176 PS • April 2024
https://doi.org/10.1017/S104909652300077X Published online by Cambridge University Press

http://doi.org/10.1017/S104909652300077X
http://www.dropbox.com/s/amvyfi6cnpy19ew/NELDA_Codebook_V5.pdf?dl=0
https://doi.org/10.7910/DVN/OHXMKG
https://doi.org/10.1177/00223433231168192
https://doi.org/10.1177/2053168019879561
https://doi.org/10.1017/S104909652300077X


Teorell, Jan, Michael Coppedge, Staffan Lindberg, and Svend-Erik Skaaning. 2019.
“Measuring Polyarchy Across the Globe, 1900–2017.” Studies in Comparative
International Development 54 (1): 71–95.

Treisman, Daniel. 2023. “How Great Is the Current Danger to Democracy? Assessing
the Risk with Historical Data.” Comparative Political Studies. OnlineFirst. https://
doi.org/10.1177/00104140231168363.

Waldner, David, and Ellen Lust. 2018. “Unwelcome Change: Coming to
Terms with Democratic Backsliding.” Annual Review of Political Science 21:
93–113.

Weidmann, Nils. 2023. “Recent Events and the Coding of Cross-National Indicators.”
Comparative Political Studies. OnlineFirst. https://doi.org/10.1177/001041402311
93006.

.............................................................................................................................................................................................................................................................

PS • April 2024 177
https://doi.org/10.1017/S104909652300077X Published online by Cambridge University Press

https://doi.org/10.1177/00104140231168363
https://doi.org/10.1177/00104140231168363
https://doi.org/10.1177/00104140231193006
https://doi.org/10.1177/00104140231193006
https://doi.org/10.1017/S104909652300077X

	Conceptual and Measurement Issues in Assessing Democratic Backsliding
	FOUNDATIONAL BUILDING BLOCKS FOR ASSESSING DEMOCRATIC BACKSLIDING
	Conceptualizing Democracy
	Conceptualizing Backsliding

	BIASES IN V-DEM MEASURES? CLARIFICATIONS AND TESTS
	V-Dem’s Approach to Limiting Expert Biases
	There Is Little Evidence of Bad-Vibes Bias in V-Dem

	OBJECTIVE VERSUS SUBJECTIVE MEASURES OF DEMOCRACY
	The Exaggerated Distinction Between Objective and Subjective Indicators
	‘‘Objective’’ Is Not Unbiased

	EVALUATING LandM’S DEMOCRACY INDICATORS AND INDEX
	Operationalization Issues with LandM’s Indicators
	Missingness in the Data
	The Importance of Face Validity Checks

	CONCLUSION
	DATA AVAILABILITY STATEMENT
	Supplementary Material
	CONFLICTS OF INTEREST
	NOTES


