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Abstract

Objective: The initial emergence of SARS-CoV-2 created uncertainty for humanity, driving
people to seek assistance on social media. This study aims to understand the role of social media
in coping with crises and to offer guidance for future uncertainties by examining the experiences
of Wuhan during the early stages of the pandemic.
Methods: Using quantitative content analysis, this study investigated 2207 Weibo posts tagged
with “COVID-19 Mutual Aid” from individuals located in Wuhan during the early lockdown
period from January 23, 2020, to March 23, 2020.
Results: At the start of pandemic, messages seeking tangible support were most common. A
hurdle regression model showed that deeper self-disclosure led to more retransmission of help-
seekingmessages. The Chi-Square andMann-Whitney U tests revealed that health professionals
and laypeople had different self-disclosure strategies.
Conclusions: This study provides insight into the online social support exchange during the
early stages of the COVID-19 pandemic in Wuhan, highlighting the importance of self-
disclosure on message retransmission, and the differences in self-disclosure strategies between
health professionals and laypeople in online help-seeking.

Public health emergencies often expose humanity to uncertainty, fear, and chaos.1 Frustratingly,
society is increasingly confronted with potential threats posed by emerging “diseases X.”2 It is
difficult to anticipate the challenges and responses of the next public health crisis. FeldmanHall
and Shenhav3 suggest that learning from past experiences is a key strategy to cope with
uncertainty. Therefore, drawing lessons from the past is essential for navigating future uncer-
tainties related to public health crises.

The early responses to COVID-19 from the people ofWuhan, China, serve as an important
case study in this regard. Wuhan was the first city in the world to encounter and suffer from
the attack of the SARS-CoV-2 virus.4 At the beginning of 2020, the virus was a mystery to the
Wuhan people. They had limited knowledge about its pathogenesis, transmission, and
associated health consequences after infection.5-8 This information uncertainty sparked
widespread panic. Besides, Wuhan was also the pioneer in executing a large-scale lockdown,
a move abrupt and unrivaled in its scale.9 This intervention disrupted people’s daily lives
significantly.10 Consequently, unprepared individuals confronted panic due to supply
deficit11 and severe psychological stress.12 Nonetheless, Wuhan people did not remain passive
during the crisis. They undertook substantial self-help efforts via social media. This is
manifested in a great number of messages containing social support exchanges on Weibo.
These data could be invaluable in providing guidance and instructions to individuals in the
evolving uncertainties.13,14

Given this, the present study aims to reexamine the onset of the COVID-19 outbreak in
Wuhan, investigating people’s needs, their awareness of the disease, the strategies they used to
gain attention, and the differential behaviors demonstrated by professionals and laypeople. We
hope our findings will offer valuable insights that will guide society in managing future public
health emergencies.

The Current Study

The unprecedented lockdown in Wuhan significantly impacted people’s ability to connect with
others,15 creating a strong demand for online social support exchanges.16 In response to the
unfamiliar public health crisis, a vast online group spontaneously formed onWeibo, utilizing the
specific topic tag “COVID-19 Mutual Aid” (#新冠肺炎互助). Given the novel and challenging
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situation in Wuhan and the strict lockdown policy, it is essential to
understand the context of social support behaviors at the early stage
of the pandemic, especially of those infected with COVID-19.
Therefore, we propose the following research question:

RQ1: During the early stage of the COVID-19 pandemic in
Wuhan, what are the (a) number and (b) proportion of social
support messages in the COVID-19 Mutual Aid Weibo Group?
Which (c) orientation and (d) type of social support messages is
more/the most prevalent?

Additionally, social support exchange behavior often involves self-
disclosure, which is seen as an important strategy for obtaining social
support.17 Self-disclosure can help individuals build trust in interper-
sonal communication.18 However, the richness of self-disclosure can
affect the completeness of information that the audience receives. In
online mutual helping, information completeness is an essential
component of content credibility.19 It refers to the richness and clarity
of information provided by an individual.20 Because completeness
and credibility are strongly related, completeness affects people’s
perception of the quality of online information.21 As people increas-
ingly rely on online information for decision-making,22 information
completeness naturally becomes one of the most critical criteria in
choice-making and action-taking.23,24

During the Wuhan lockdown, both the depth of self-disclosure
and the richness of social support types in help-seeking posts were
used as strategies to attract social concerns and were displayed on
social media platforms as retransmissions (specifically, the number
of reposts).19,25,26 Retransmission was vital during the early stage of
the COVID-19 pandemic, not only because it was considered a
measure of communication effectiveness.27-29 More significantly,
wide reposting equaled more opportunities for help-seekers to
receive support, which would help authorities better understand
the people’s needs and address potential resource shortages and
other urgent issues.

Regarding Wuhan people’s online self-disclosures during the
early stage of the COVID-19 pandemic, we found that they tried to
use their words to describe the clinicalmanifestations of COVID-19
(e.g., fever, cough, dyspnea, fatigue, diarrhea, and vomiting)30 and
to evaluate their disease statuses online. The more complete symp-
toms people disclose (the more severe the illness), the more social
concerns or support they might receive.19,31 Thus, we propose our
first hypothesis:

H1: The completeness of self-disclosure about symptoms (disease
statuses) in the COVID-19Mutual Aid posts is positively associated
with retransmission.

In addition to self-disclosure about symptoms, the description
of chest CT results in the COVID-19 Help-Seeking posts also
caught our attention because chest CT results were used to diagnose
COVID-19 in the early pandemic in Wuhan.32,33 Thus, we raise
another hypothesis:

H2: The self-disclosure of chest CT results in the COVID-19
Mutual Aid posts is positively associated with retransmission.

Furthermore, we observed that during the early stages of
the COVID-19 pandemic, the Wuhan people did not limit

themselves to seeking a singular form of social support. Instead,
they actively sought multiple forms of support at the same time.
This trend was also observed in the provision of social support. In
other words, a single message could contain various types of
social support.34 According to the social support theory, the
completeness of the types of social support sought or offered is
directly linked to an individual’s personal situation.35 The more
diverse the social support an individual seeks, the more difficult
their situation likely is. Similarly, the completeness of the types of
social support offered reflects one’s good situation and ability to
help others. Based on these findings, we speculate that the
completeness of the types of social support sought or offered
will result in more reposts. Therefore, we posit the following
hypotheses:

H3: The completeness of the types of seeking social support in the
COVID-19 Mutual Aid posts is positively associated with retrans-
mission.

H4: The completeness of the types of offering social support in the
COVID-19 Mutual Aid posts is positively associated with retrans-
mission.

In terms of the recognition and handling of COVID-19, there
may be a difference between health professionals and the general
public.36 Previous studies have shown that health professionals
have expertise in understanding and managing illnesses,37-39 while
the gap between health professionals and laypeople indicates a lack
of knowledge.40 This gap in knowledge may lead to subjective and
emotional perceptions and behaviors among laypeople, while pro-
fessionals are seen as objective and reliable.5, 40, 41 However, in the
early stages of the pandemic, the knowledge gap may have been
small between health professionals and the laypeople, as COVID-
19 was a new and unfamiliar disease for everyone inWuhan at that
time. Moreover, it is unclear whether this divergence in knowledge
is reflected in different types of self-disclosure. Therefore, the
following research questions are proposed:

RQ2: Is there any significant difference between laypeople and
health professionals in disclosing the completeness of symptoms
(disease statuses)?

RQ3: Is there any significant difference between laypeople and
health professionals in disclosing chest CT results?

Methods

Data Collection

With the help of web crawlers, this study employed quantitative
content analysis to examine posts tagged with “COVID-19 Mutual
Aid”(#新冠肺炎互助) on Weibo, one of China’s most popular
social media platforms, during the initial phase of the pandemic.
The analysis period spanned from January 23, 2020, the date of
Wuhan’s lockdown, to March 23, 2020. Our selection criteria
included posts from individuals who self-reported as being
(or likely being) infected with COVID-19, and we further refined
our dataset by excluding geotags outside of Wuhan. The data was
retrieved on January 11, 2022. Ultimately, we gathered 2207 valid
samples for coding and subsequent analysis.
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Coding Procedures and Operationalization of Variables

Social support
In accordance with the classification suggested by Cutrona and
Suhr,42 Table 1 presents definitions and examples of social support
exchange types (esteem support seeking was not identified in our
coding procedures). All items were coded as 1 if mentioned and 0 if
not mentioned in the selected posts.

The completeness of seeking/offering social support types
Considering that residents of Wuhan rarely sought or provided a
single type of social support, we introduced two new variables: the
completeness of sought social support types and the completeness
of offered social support types. These variables, ranging from 0 to
5, were employed to evaluate their personal circumstances. Each
time a type of social support (informational, emotional, tangible,
network, or esteem) was referenced in a post, a point was added to
the corresponding completeness score.

The completeness of self-disclosure about symptoms
Given the limited understanding of COVID-19 among individuals
during the Wuhan lockdown, there were no specific standards for
describing the clinical manifestations of the disease at the onset of
the pandemic. This was evident in our pilot coding process, where
individuals described their symptoms in various ways.

Subsequently, we referred to the clinical characteristics of
COVID-19, as later described by Zhu et al.,30 and our observations
from the pilot coding. From this, we identified the 5 most common
symptoms: fever, dyspnea, fatigue, cough, and diarrhea/vomiting. It
is important to note that diarrhea and vomiting were frequently
grouped together in the descriptions within our sampled posts,
leading us to categorize them as a single item.

We coded the presence of symptoms as 1 and the absence as
0. We then added the score(s) to create a “completeness” variable
for self-disclosure about symptoms, with values ranging from 0 to
5, to assess individuals’ health statuses.

Chest CT results
According to Zhong et al.,43 there are 6 manifestations of COVID-
19 infection identifiable in chest CT scans: ground-glass opacity,
consolidation, fibrous strip shadow, interlobular and/or intralobu-
lar septal thickening, subpleural curvilinear line, and traction bron-
chiectasis. However, since most people are not medical
professionals, they may lack a clear understanding of these 6 mani-
festations as reflected in CT results.

This was reflected in our coding process, where we found that
over 80% of the sampled posts from individuals who underwent
chest CT scans did not describe these manifestations. Instead, they
simply attached CT images or stated the CT results indicated they
were (likely) infected. Consequently, the depth or completeness of
self-disclosure about chest CT results is not applicable in this
research.

As previously clarified, this study only selected posts from
individuals who claimed they were (likely) infected. Therefore,
posts that disclosed chest CT results or attached CT images may
be more credible than those that did not. We coded posts that
mentioned chest CT results or included CT images as 1, whereas all
other posts were coded as 0.

Identities
Posts from individuals with verified identities or those who claimed
to be health professionals (e.g., medics, hospital workers, ormedical
school students) were coded as 1, whereas those from others were
coded as 2 (considered laypeople).

Intercoder Reliability

For the coding process, two native Chinese graduate students
majoring in media and communication were invited. Before cod-
ing, detailed explanations, definitions, and examples of each item
were provided to the coders. After sufficient training, we assessed
the intercoder reliability of the two coders by randomly selecting
and double-coding 330 posts (14.95%) from the total sample. The

Table 1. Definitions and examples of different social support messages

Type of social
support Definition Orientation Example

Informational
support

Posts that guide people cope with
difficulties or provide people with advice,
news, findings.

Seeking “I suspect myself been infected with the coronavirus. Can anybody tell me
what the symptoms are during the incubation period?”

Offering “Good news! CT check is available at Puai Hospital!”

Emotional support Posts that show empathy, understanding,
encouragement, or other supportive
emotions.

Seeking “I’ve got a high fever. I’m so scared. Will I die at home alone?”

Offering “Please be optimistic! You’re the best! We’ll win this war!”

Tangible support Information that brings resources,
materials, or physical actions.

Seeking “We’ve nearly run out of our PPE, and I can’t go out alone as Imust take care
of my grandpa at home. Is there any spare PPE that could send to my
address?”

Offering “Our hotel can provide several vacant rooms for quarantine.”

Network support Posts that express a willingness to connect
with similar others or involve in a social
community.

Seeking “I was just diagnosed with COVID–19. Is there anyone who also infected can
talk to me?”

Offering “I created a group chat on WeChat, and I invited some health care workers
and volunteers to join in. If you feel helpless, please do not hesitate to
contact me with a private message. P.S. only for Wuhan people.”

Esteem support Posts that validate someone’s values,
personalities, behaviors, or other
personal characteristics.

Seeking N/A

Offering “You are all heroes staying at home, Wuhan people!”

Note: Seeking esteem support was not found in our coding procedures.
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Cohen’s kappa coefficients for each coding item ranged from 0.82
to 0.93, indicating good agreement between the two raters.

Results

The descriptive statistics presented in Table 2 provide an answer
RQ1. Out of the 2207 chosen posts from the “COVID-19 Mutual
Aid” group, seeking tangible support was the most frequent social
support message (N = 2036, 92.3%), followed by seeking emotional
support (N = 1888, 85.5%), offering tangible support (N = 1822,
82.6%), and seeking informational support (N = 1200, 54.4%). The
less common social support messages were offering informational
support (N = 406, 18.4%), offering emotional support (N =
206, 9.3%), offering esteem support (N = 35, 1.6%), offering net-
work support (N = 17, 0.8%), and seeking network support (N =
6, 0.3%). It was observed that posts seeking esteem support were not
found in the “COVID-19 Mutual Aid” group. Compared to the
orientation of offering, messages seeking social support were more
prevalent.

Prior to conducting further analyses, we checked the normality
of all variables (see Table 3). We found that identities and the
number of reposts exceeded the absolute value based on the criter-
ion of skewness (< 2) and kurtosis (< 7).44 This meant that trad-
itional linear regression analysis was not appropriate for testing H1,
H2, H3, and H4 because the dependent variable (the number of

reposts) was non-normal, non-continuous, and overdispersed.45

Moreover, the variance of the number of reposts was larger than its
mean, which violated the assumption of equidispersion for Poisson
regression analysis.16,46 Denham46 suggested that count data (such
as retweet frequency) usually follow binomial distributions, and
negative binomial regression analysis could be a suitable modeling
technique.

However, since there were many zero counts in the number of
reposts (N = 1112, 50.4%), a standard negative binomial regression
model was not ideal either. Based on the methods from similar
studies47,48 and the recommendations from Feng,49 we considered
using either zero-inflated negative binomial regression (ZINB
model) or hurdle regression model, as they could account for the
excess zeros in our dependent variable. To determine which model
was more fitting for our data, we used the Vuong test.49,50 We
finally chose the hurdle model, as the results indicated that it had
better fit, because the Vuong z-statistic value (2.798) was positive
and significant (p < 0.05).

The results of the hurdle regression model are summarized in
Table 4. The findings show that posts disclosing symptoms were
more likely to be reposted than those without symptoms (aOR =
1.093, p < 0.05). Moreover, the number of reposts increased sig-
nificantly with the number of symptoms disclosed. Specifically,
disclosing one more symptom would increase the probability of
being reposted by 20.6% (aRR = 1.206, p < 0.01). Therefore, H1 was
supported.

Regarding the self-disclosure of chest CT results, posts that
mentioned chest CT results or attached CT images were also more
likely to be reposted than those that did not report CT results
(aOR = 1.265, p < 0.05). H2 was supported.

When it comes to personal situations, posts that sought social
support were more likely to be reposted (aOR=1.536, p < 0.001).
However, a higher completeness of seeking social support types did
not significantly influence the retransmission of the posts
(aRR = 1.056, p = 0.534). However, posts that offered social support
did not significantly affect the likelihood of being reposted
(aOR = 1.062, p = 0.353), nor did a higher completeness of offering
social support types (aRR= 1.101, p= 0.415). Thus, H3 andH4were
not supported.

For RQ2, a Chi-Square test (see Table 5) was performed, and a
significant difference was observed between health professionals
and laypeople in disclosing chest CT results (χ2 = 22.809, p < 0.001).
Specifically, 49.5% of laypeople (N = 1058, Ntotal = 2138) chose to
disclose chest CT results, whereas 79.7% of health professionals
(N = 55, Ntotal = 69) did the same.

Since the Identities variable was not normally distributed, an
independent samples Mann-Whitney U test (see Table 6) was used
to investigate RQ3. The results showed that laypeople were more
likely to self-disclose their symptoms onWeibo (M = 1.45) than the
health professionals (M = 0.57) (p < 0.001).

Discussion

This study looked back to the start of the COVID-19 pandemic in
Wuhan, focusing on how online social support exchange was
presented, how self-disclosure strategies affected retransmission,
and how health professionals and laypeople differed in online
mutual support. First, our findings revealed that tangible support,
emotional support, and informational support were the most com-
mon types sought, which is consistent with previous research that
the public had a high demand for health resources, equipment,51

Table 2. Frequencies of social support exchange

Type of social support N

% of total
social support
messages
(N = 2,207)

Orientation
of social
support

Seeking Informational support 1200 54.4%

Emotional support 1888 85.5%

Tangible support 2036 92.3%

Esteem support 0 0.0%

Network support 6 0.3%

Offering Informational support 406 18.4%

Emotional support 206 9.3%

Tangible support 1822 82.6%

Esteem support 35 1.6%

Network support 17 0.8%

Table 3. Summary of statistics of all variables

Variables N M or % SD Skewness Kurtosis

Identities 2207 3.1% HP – 5.390 27.082

The number of reposts 2207 7.16 29.047 14.857 343.225

CSDS 2207 1.42 1.368 0.615 �0.600

SDCT 2207 0.49 0.500 0.570 �1.999

CSSST 2207 2.32 0.886 �1.261 0.851

COSST 2207 1.13 0.711 0.887 2.440

Note: HP = health professionals; CSDS = the completeness of self-disclosure about symptoms;
SDCT = self-disclosure of chest CT results; CSSST = the completeness of seeking social support
types; COSST = the completeness offering social support types.
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information, and emotional support52 during the early stage of the
outbreak. The restriction policy and panic buying during a pan-
demic usually worsen resource shortages,53 explaining the preva-
lence of seeking tangible support on social media. Similarly, the
COVID-19 pandemic was perceived as uncertain at the start,54

leading to a high demand for informational support on Weibo.
Moreover, psychological stress was the most common problem
faced by the public during the pandemic, motivating the seeking
of emotional support as it can buffer mental stresses.55

Moreover, the finding that messages offering social support
were less prevalent also demonstrates that Wuhan people were in
a tough situation during lockdown, as the amount of help-giving
did not match that of help-seeking. However, we can see that
tangible needs were well addressed on Weibo, which recognizes
the role of social media in organizing mutual-aid movements
to some degree. Thus, for future public crises, the administration
should place a high value on social media’s role in source
mobilization,53 psychological interventions,56,57,58 correcting
misinformation,59,60,61 and spreading accurate information.52

Regarding the relationship between the completeness of
self-disclosure and retransmission, we observed that users who
disclosed more symptoms received more reposts. This can be
attributed to the fact that a diverse range of symptom descriptions
not only implies higher content credibility, but also reflects disease
severity.19 Especially, disease severity can elicit public empathy,

resulting in positive responses from others.62 Therefore, a deep
self-disclosure strategy is more likely to generate more social con-
cern during a public health crisis. This finding supports Umar
et al.’s63 observation that social media users intentionally self-
disclose during the COVID-19 pandemic to gain social attention,
rewards, and interactions. However, it should be noted that the
practice of disclosing symptoms requires improved health literacy
to ensure individuals do not exaggerate their illness. Additionally,
the study found that the disclosure of CT results was positively
associated with repost frequency, indicating that providing evi-
dence increases information credibility and attracts more attention.
Therefore, it is recommended to provide evidence in future online
help-seeking activities. Overall, the COVID-19 pandemic has
changed the general motivations and ways of disclosing informa-
tion online,64 as traditionally online self-disclosure is driven by
convenience for relationship maintenance, relation-building,65

enjoyment, and self-presentation.66 Our findings highlighted the
importance of self-disclosure and evidence-based information in
online help-seeking during public health crises.

We also examined the relationship between the completeness of
seeking/offering social support types and retransmission in crisis
situations. We found that posts that sought social support, regard-
less of the number and type of support, were more likely to be
reposted. This indicates that the public does not differentiate
between the various needs of the seekers in times of crisis. They
are willing to share any message that expresses a need for help or
support. However, we found that posts that offered social support,
whether one or multiple types, did not attract more reposts. A
possible reason for this is that offering social support types implies
that the poster is in a good situation and has the capacity to help
others. Compared to the orientation of giving, reposters are more
likely to transmit messages that show an urgent situation. This also
highlights the importance of empathy in eliciting social concerns.63

In regard to the comparison between health professionals and
laypeople, the study found a significant difference in disclosing

Table 4. Hurdle regression model (dependent variable: the number of reposts)

Zero hurdle model (binomial with logit link) Count model (truncated negbin with log link)

B SE z value
Adjusted

OR 95% CI P value B SE z value
Adjusted

RR 95% CI P value

Intercept �1.329 0.148 �9.009 0.265 (0.198, 0.353) <0.001 �0.729 1.735 �0.421 0.482 (0.016, 14.448) 0.674

CSDS 0.089 0.037 2.415 1.093 (1.017, 1.174) < 0.05 0.188 0.061 3.061 1.206 (1.070, 1.360) < 0.01

SDCT 0.235 0.101 2.314 1.265 (1.037, 1.543) < 0.05 0.060 0.157 0.383 1.062 (0.781, 1.445) 0.702

CSSST 0.429 0.054 7.954 1.536 (1.382, 1.708) < 0.001 0.054 0.088 0.622 1.056 (0.889, 1.254) 0.534

COSST 0.060 0.065 0.929 1.062 (0.935, 1.206) 0.353 0.096 0.118 0.815 1.101 (0.873, 1.389) 0.415

Note: CSDS = the completeness of self-disclosure about symptoms; SDCT = self-disclosure of chest CT results; CSSST = the completeness of seeking social support types; COSST = the
completeness offering social support types.

Table 5. Chi-square test

Chest CT results

P value

Yes No Total

Count Count Count Chi-square

Identities Laypeople 1058 (47.9%) 1080 (48.9%) 2138 (96.9%) 22.809 <0.001

Health professionals 55(0.6%) 14 (2.5%) 69 (3.1%)

Total 1135 (48.6%) 1072 (51.4%) 2207 (100%)

Table 6. Independent samples Mann-Whitney U test

Identities N M SD
Mann-Whitney

U P value

CSDS Laypeople 2138 1.45 1.37 44579.500 <0.001

Health professionals 69 0.57 1.08

Note: CSDS = the completeness of self-disclosure about symptoms.
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CT results. A higher percentage of health professionals (79.7%)
disclosed their chest CT results or attached chest CT results
compared to laypeople (49.5%). This may be due to the health
literacy gap67 between the two groups or the easier access to
medical resources for health professionals during the lockdown
period. Besides, a statistical difference also exists in the disease
status between health professionals and laypeople. Health profes-
sionals have lower mean scores and standard deviations in the
completeness of self-disclosure of symptoms. This may be attrib-
uted to the health knowledge gap and health literacy gap.68 Health
professionals may describe their symptoms more accurately (not
exaggerate), or their disease statuses were not severe (they pro-
tected themselves better). Although COVID-19 was unfamiliar to
everyone in Wuhan at that time, we can see that health profes-
sionals still performed at a higher level of coping strategies.40

Overall, considering the discussion on the depth of self-disclosure
and retransmission, the differences between laypeople and health
professionals reveal that possessing a professional background
would help cope with public crises.68

Conclusion

Since the beginning of the COVID-19 pandemic, discussions and
concerns about this public health crisis have never ceased. The
pandemic and its secondary impacts generated many uncertainties
for people to understand and handle the unacquainted disease at
the early stage of the outbreak.69 Now, with the accumulation of
experience from all over the world, we can better recognize the virus
and our situations. However, looking back at the beginning of the
pandemic, the Wuhan people, who were the first vulnerable group
to face uncertainty, struggled in the dark. In memory of the heroic
deeds of the Wuhan people and to provide guidance for future
crises, this study explored how Wuhan people coped with the
unprecedented public health crisis on Weibo. Through a quantita-
tive content analysis, 2207 validWeibo posts tagged with “COVID-
19 Mutual Aid” were analyzed. Descriptive statistics reveal that
messages seeking tangible support, emotional support, and infor-
mational support were prevalent at the start of the pandemic. Our
hurdle regression model illustrates that disclosing CT results and a
deeper level of disclosure in disease statuses and bad personal
situations would result in more retransmission. Additionally, the
Chi-Square test and Mann-Whitney U test reveal that health pro-
fessionals and laypeople have different self-disclosure strategies.
Overall, our research on how Wuhan social media users were
coping with the early phase of the pandemic through seeking and
offering support online can inform authorities and individuals in
their future responses to public health emergencies. Our findings
also emphasize the importance of health knowledge and literacy.

This study has some limitations that should be acknowledged.
First, the original data collected from Weibo posts contain rich
information that could be further explored from various dimen-
sions, but this study only focused on a few perspectives due to time
and resource constraints. Second, the sample size of health profes-
sionals was relatively small compared to the number of ordinary
people, which may affect the representativeness of the results.
However, given that health professionals account for less than 1%
of the total population in Hubei Province,70 the sample size was
considered reasonable. Third, as the data were retrieved on January
11, 2022, about 2 years after the sampling period, some posts may
have been hidden, deleted, or censored by the users or the platform,
which could lead to data loss. Finally, the generalizability of

Wuhan’s experience of an unprecedented crisis to other contexts
is uncertain. Future research should examine how people from
different countries cope with the first lockdowns or the first wave
of pandemic outbreaks with the help of social media platforms.
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