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Abstract

Themomentum surrounding the use of data for the public good has grown over the past few years, resulting in several
initiatives, and rising interest from public bodies, intergovernmental organizations, and private organizations. The
potential benefits of data collaboratives (DCs) have been proved in several contexts, including health, migration,
pandemics, and public transport. However, these cross-sectoral partnerships have frequently not progressed beyond
the pilot level, a condition hindering their ability to generate long-term societal benefits and scale their impact.
Governance models play an important role in ensuring DCs’ stability over time; however, existing models do not
address this issue. Our research investigates DCs’ governance settings to determine governance dimensions’ design
settings enhancing DCs’ long-term stability. The research identifies through the literature on collaborative govern-
ance and DCs seven key governance dimensions for the long-term stability of DCs. Then, through the analysis of
16 heterogeneous case studies, it outlines the optimal design configurations for each dimension. Findings make a
significant contribution to academic discourse by shedding light on the governance aspects that bolster the long-term
stability of DCs. Additionally, this research offers practical insights and evidence-based guidelines for practitioners,
aiding in the creation and maintenance of enduring DCs.

Policy Significance Statement

The article advances the discussion on the governance of data collaborations at a theoretical level while offering
practitioners concrete design principles. It demonstrates the role that public entities play in initiating and
nurturing data collaboratives (DCs) over time and advocates for their engagement. The article can serve as a
point of reference for designing DCs by public, private, and not-for-profit entities since it provides specific
design guidelines and potential errors to avoid.

1. Introduction

In recent years, the growing awareness of the potential benefits of socially oriented data use (Verhulst and
Young, 2016) has prompted practitioners, institutions, and high-level organizations to engage in numer-
ous efforts to promote the use and reuse of data for the common good. Implementing data-driven
initiatives for the social good not only requires data but also frequently necessitates a combination of
complex assets and skill sets, including technical and socially oriented expertise that a single actor may
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rarely possess (Susha et al., 2019a). Two main perspectives have emerged: those advocating for the
necessity of conceiving data as a common good, opening data freely for any use (Zuiderwijk and Janssen,
2014; Varshney and Mojsilovic, 2019; Nikander et al., 2020), and those advocating for the creation of
cross-sectoral partnerships using data for the social good, embracing a “data as a club good” perspective
(Savona, 2020; Global Partnership for Sustainable Development Data, 2023). In the second perspective,
many have converged on the necessity of creating cross-sectoral partnerships that, by leveraging the
experiences, knowledge, and assets of multiple actors, enhance the design and implementation of context-
specific (Chignard and Glatron, 2023) and innovative solutions that would otherwise be unachievable by
a single actor (Susha et al., 2022). These types of partnerships have assumed different forms and have been
alternatively called data collaboratives (DCs; Verhulst and Sangokoya, 2015), data-driven social part-
nerships (Susha et al., 2019a), or local data ecosystems (Liva et al., 2023). Regardless of their names, these
forms of partnerships, hereinafter referred to by the umbrella termDCs, share a few characteristics: a clear
social purpose, a cross-sectoral nature, data analysis as the main value-creation activity, and the sharing of
data among a restricted number of partners.

Despite DCs’ increasing diffusion, proved by the growing number of such initiatives around the world
(see the repository datacollaboratives.org) and the European Union (EU) regulatory effort included in the
recent Data Governance Act,1 their impact remains limited (Flanagan Anne and Sheila, 2022). A major
limitation of DCs’ impact-generation capacity is their struggle to progress beyond the pilot stage and to the
production stage (Lapucci and Cattuto, 2021). Predominantly being in the form of small and one-off
initiatives (EU Commission, 2020; Susha et al., 2022) hinders DCs’ ability to perform impact-generation
activities over time (GSMA, 2018; Flanagan Anne and Sheila, 2022), to demonstrate their impact, and to
retain or entice the commitment of existing or new actors in the partnership.Creating stableDCs could allow
them to develop standard practices of data sharing (e.g., agreements and data-sharing protocols) (The New
Hanse Project, 2023), create empirical evidence of their results (Lapucci and Cattuto, 2021), and revitalize
partners’motivation, thereby scaling their activities and the consequent impact, through either the expansion
of their activities or the replication of their model in different contexts. DCs’ inability to sustain themselves
beyond the pilot stage is attributable to a number of factors, encompassing technological (Otto and Hompel,
2022), economical (Nikander and Elo, 2019; Charles and Tonetti, 2020; Nikander et al., 2020; Savona,
2020), ethical (Lepri et al., 2018;Noriega-Campero et al., 2019; Suresh et al., 2022), and organizational ones
(van den Broek and van Veenstra, 2018; Bughin et al., 2019; Stalla-Bourdillon et al., 2019).

To prioritize key research questions for the field’s development, Susha et al. (2018) established a
research agenda. However, many of those questions remain unanswered, and a structured body of
empirically tested knowledge supporting practitioners in their efforts remains lacking (Lapucci and
Cattuto, 2021). Among the research questions put forth by Susha et al. (2018), few concern the
governance aspects of these partnerships, which are essentially a set of coordinating and monitoring
elements that ensure the survival of a partnership (Bryson et al., 2006) and are therefore directly connected
to DCs’ capacity to progress beyond the pilot stage. Since then, a few studies have addressed this issue
from an organizational perspective (Susha andGil-Garcia, 2019, Ruijer, 2021), while others have focused
on data governance aspects (Bharosa and Janssen, 2015; Groves and Neufeld, 2015; Otto and Hompel,
2022). From an organizational perspective, DCs’ characteristics, which include social purpose and data
centrality, require adapting existing cross-sectoral partnership governance frameworks (Agranoff, 2006;
Ansell and Gash, 2008; Provan and Kenis, 2008; Emerson et al., 2012; Bryson et al., 2015) to their
specific logics and characteristics. Therefore, previous studies (Susha andGil-Garcia, 2019; Ruijer, 2021)
have focused on determining which alternative governance dimensions need to be considered when
designing DCs’ governance. Building on their findings and acknowledging the key role different
governance dimensions’ settings play in ensuring a partnership’s long-term stability (Provan and Kenis,
2008; Susha et al., 2019a), we pose the following research question: How do different governance
dimensions’ design settings favor DCs’ long-term stability?

1 https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=CELEX%3A32022R0868.
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In answering this research question, this article contributes to identifying, through empirical evidence,
which design settings of the analyzed governance dimensions favor the long-term stability of a partner-
ship. This article thus expands the existing literature on DCs (Gil-Garcia and Sayogo, 2016; Stalla-
Bourdillon et al., 2019; Susha and Gil-Garcia, 2019; Ruijer, 2021), moving from the identification of the
governance dimensions to be analyzed to the identification of their best design settings that enhance a
DC’s long-term stability. By analyzing 16 case studies, this article also answers the call for more empirical
evidence in the field (Lapucci and Cattuto, 2021), providing evidence that sustains our findings and
previous ones. Moreover, this article has significant implications for practitioners, providing them with
applicable design principles to strengthen the stability of their initiatives.

This article is structured as follows: Section 2 presents the literature systematization that led to the
selection of the seven dimensions of analysis. Section 3 presents the applied methodology and briefly
describes the analyzed cases. Section 4 illustrates the findings. Sections 5 and 6 discuss the results, draw
conclusions, and suggest possible future research.

2. Theoretical background

2.1 DCs’ governance

The literature on collaborative governance and that on DC has broadly addressed the need for governance
schemas to make collaborations function and succeed (Provan and Kenis, 2008; Susha et al., 2019a). Few
researchers (Susha et al., 2019a; Ruijer, 2021) have challenged existing collaborative governance models
(Bryson et al., 2006; Thomson and Perry, 2006; Provan andKenis, 2008; Emerson et al., 2012) in terms of
DCs’ uniqueness. Interestingly, Ruijer (2021) adopts Bryson et al.’s framework (2015), as a theoretical
lens to develop her analysis. According to Bryson et al. (2015), whose work builds on other collaborative
governance frameworks (Ansell and Gash, 2008; Emerson et al., 2012; Vangen et al., 2015), governance
lies at the intersection of processes and structures. This interpretation permits transcending the formal
division of processes and structures and recognizing the role of these elements at their intersection, such as
leadership, technology, collaborative capacity, and competencies (Bryson et al., 2015), and the funding
model (Bharosa, 2022). Ruijer (2021) defines a set of governance dimensions that must be considered
when designing DC governance schemas. She identifies seven components (institutional environment,
initial conditions and shared motivation, collaborative structure, collaborative processes and activities,
leadership, tensions, and outcome) and three layers (organizational, political and policy, data and
technical). The combination of the seven components and the three layers helps identify 40 different
dimensions that must be considered when designing DCs’ governance.

2.2 Governance and stability

Governance elements, such as collaborative processes and structures, determine a partnership’s capacity to
operate and make the governance arrangement an element determining its ability to operate in the long term
(Agranoff, 2006). Long-term stability is recognized as a critical success factor concerning DCs (Susha,
2020) and a crucial area of focus for private–public data partnerships (Flanagan Anne and Sheila, 2022). It
facilitates the creation of a collective identity, fostering both internal and external legitimacy (Provan and
Kenis, 2008; Koschmann et al., 2012). Furthermore, it enables greater managerial efficiency (Provan and
Kenis, 2008), mitigates the impact of start-up-phase costs (GSMA, 2018), and ensures continuity in social
innovation and solution refinement (Kjaer and Vestergaard, 2002; Agranoff, 2006; Manning and Roessler,
2014; Sadabadi and Rahimi Rad, 2022). Stability also facilitates long-term and interorganizational planning
(Agranoff, 2006; GSMA, 2018) and enables scaling impact through the expansion of activities or the
replication of themodel (GSMA, 2018; vanTulder andKeen, 2018). It fosters knowledge exchanges among
partners and the establishment of a common knowledge repository (Agranoff, 2006;Manning andRoessler,
2014; GSMA, 2018). Finally, it aids partnerships in attracting external funding (GSMA, 2018).

By cross-analyzing literatures on collaborative governance (e.g., Thomson and Perry, 2006; Ansell
and Gash, 2008; Emerson et al., 2012; Bryson et al., 2015), DCs’ governance (e.g., Gil-Garcia and

Data & Policy e37-3

https://doi.org/10.1017/dap.2024.29 Published online by Cambridge University Press

https://doi.org/10.1017/dap.2024.29


Sayogo, 2016; Klievink et al., 2018; Susha, 2019), and partnerships’ stability (Kjaer and Vestergaard,
2003; Manning and Roessler, 2014; Sadabadi and Rahimi Rad, 2022), we have identified, among those
cited by Ruijer (2021), seven governance macro dimensions that are consistently considered in the
literature to be related to DCs’ long-term stability. These are elements that, despite influencing partner-
ships’ long-term stability, may also refer to a partnership’s initiation phase (e.g., leadership or trust),
implementation (e.g., formal structures or the intermediation schema), or long-term operations (e.g.,
impact measurement). However, the boundaries among the different phases are indistinct, and as further
discussed, one element may need to be addressed and managed differently according to the development
phase of a partnership.

The first elements to consider are the initial conditions (Bryson et al., 2006; Ansell and Gash, 2008)
constituted by a complex articulation of conditions defining the social context in which a collaboration
begins or the immediate preconditions that influence the formation of a collaboration (Bryson et al., 2015).
Among the elements that define the initial conditions (e.g., authoritative texts and recognized interdepend-
ence) (Bryson et al., 2015), we have focused on the concepts of interdependence and leadership. The first
refers to the involved actors’ realization that addressing complex societal challenges requires collective
action (Bryson et al., 2006). Interdependence in DCs is exemplified by how the various resources and
competencies that drive a collaboration are often spread across multiple actors and industries. Leadership
refers to the presenceof a formal or informal leaderwho can initiate andhelp secure resources and support for
a collaboration (Emerson et al., 2012). The leader acts as a boundary-spanning agent (Agranoff, 2006;
Thomson and Perry, 2006) and engages and facilitates the interaction of other parties (Susha et al., 2022).
The two previously mentioned dimensions are connected to the concept of trust, which affects the different
phases of initiation, development, and long-term stability of a collaboration (Agranoff, 2006; Bryson et al.,
2006; Thomson and Perry, 2006; Provan and Kenis, 2008). Trust is not a static concept, nor is it always
reciprocal; rather, it is frequently built during the collaborative timeframe through dedicated trust-building
activities (Bryson et al., 2015). The mutual reinforcement effect between trust and collaborative activities
suggests the possibility of a catalyst effect (Klievink et al., 2018) and its influence on the governance
structure (Provan and Kenis, 2008). In addition to the standard trust logics of collaborative partnerships, the
concept of trust in DCs depends on data-related activities (Stalla-Bourdillon et al., 2019), as well as
continuous communication and engagement cycles (Farmer et al., 2023).

Incentives comprise another important dimension that is relevant both at the beginning and during the
implementation phase of a partnership. These are contingent on actors’ expectations in relation to the time
and effort required for collaboration (Ansell andGash, 2008) and the risk associatedwith data exploitation
(Klein and Verhulst, 2017). How to motivate private actors to share their data is one of the primary
incentive challenges in the context of DCs (Susha et al., 2019a). While public actors are motivated by an
inherent mission to promote the common good and by public pressure (Gil-Garcia and Sayogo, 2016),
private actors should be given distinct incentives. Klein and Verhulst (2017), supplemented by Moretti
et al. (2022), identify three primary categories of incentives: knowledge and insight incentives, brand
equity, and license to operate.

Formal structures, which refer to the formal rules that partners have agreed upon, are a relevant factor
related to the governance structures of a partnership. This is the only identified dimension that reflects the
regulatory function of collaborative governance (van der Voort, 2017). Formal structures frequently take
the form of formal agreements, making it possible to influence efforts to attract the required resources,
formalize the participation of various parties (Koschmann et al., 2012), and forge connections between
actors (Bryson et al., 2006). Formal agreements are especially relevant with regard to sharing data and
data infrastructures, as they define the connected responsibilities of each actor (Stalla-Bourdillon et al.,
2021) aswell as data auditability and accountability (vanDonge et al., 2022). In the long term, agreements
can affect the adaptability and flexibility of a governance structure by restricting, regulating, or incen-
tivizing the entry of new actors (Ruijer, 2021).

Formal agreements may also define the intermediation model; however, given its influence on
collaborative stability, this has been considered a separate dimension of analysis. The intermediation
model may adopt different grades of complexity. In its less structured forms, intermediation may be
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employed by one of the partners and entails facilitating the exchange of information between the actors
involved; at its most complex level, it may imply decision-making, including on behalf of the partners
(Flanagan Anne and Sheila, 2022), and revenue generation (Susha et al., 2020). In most formal DCs,
facilitation may be performed by ad hoc organizations acting as intermediaries (Digital Civil Society
LAB, 2017; Perkmann and Schildt, 2015; Stalla-Bourdillon et al., 2021). In the case of DCs, these
organizations may also serve as data stewards (Verhulst et al., 2020).

Although the literature agrees on the potential benefits that the presence of an intermediary may bring
to a partnership, there is no consensus on how an intermediary should sustain its operations (Stalla-
Bourdillon et al., 2021; Susha et al., n.d.). However, several researchers (e.g., Martin et al., 2021; Susha
et al., 2022) recognize DCs’ capacity to economically support their activities as a crucial factor in ensuring
a partnership’s long-term stability (Smichowski, 2019; Flanagan Anne and Sheila, 2022; Micheli et al.,
2023). In our research, we refer to this capability as the business model, using the term in a comprehensive
sense to encompass all the potential income sources a collaborative can generate, ranging from traditional
research grants to revenue generation. The GSMA (2018) outlines four major benefits a well-structured
business model could provide: proven solutions can be improved and scaled up; knowledge sharing and
mutual learning can be increased; funding can be secured; and the value generated in terms of social,
economic, and reputational value can be increased.

Finally, the literature agrees on the importance of governance configuration embracing a certain level
of flexibility over time. Flexibility refers to partnerships’ adaptability to internal and external pressures for
change. Some of these tensions may be caused by the structural elements of a partnership, such as the
diverse interests driving partners to join a collaboration, or power imbalances, which are exacerbated
when partners are highly heterogeneous in terms of size, funding, or reputation (Bryson et al., 2006). An
important governance decision in this regard is how to manage the trade-off between inclusiveness in
collaborative decision-making and administrative efficiency (Bryson et al., 2006). On the one hand,
inclusiveness is necessary for the legitimacy and effectiveness of a collaboration; however, on the other
hand, “the more organizational participants are involved in the network decision process, the more time-
consuming and resource-intensive that process will tend to be” (Provan and Kenis, 2008).

Table 1 summarizes the aforementioned seven dimensions of analysis and their subdimensions, which
were used as a foundation to construct the interview protocol. It also reports the literature sources from
which the dimensions were derived.

The seven dimensions of analysis explained above and summarized in Table 1 were used as a basis to
develop the case studies further described in Section 3.

2. Methodology

To answer the research question, an interpretive approach was utilized (Walsham, 1995; Klein andMyers,
1999). The research was designed as an explanatory holistic multiple-case analysis, complying with the
framework proposed by Yin (2009). To explore connections between conceptual frameworks and
practical instances, an explanatory research methodology was implemented. The specific objective
was to elucidate the ways in which governance dimensions impact DCs’ long-term stability. The rationale
for selecting a multiple case study approach, as opposed to a single case study approach, was grounded in
the acknowledged benefit of generating more reliable findings as a consequence of the enhanced quantity
of the evidence collected (Yin, 2009). The heterogeneity inherent in the DC phenomenon was another
factor influencing this choice (Bartolomucci and Bresolin, 2022). To identify governance design factors
applicable to all varieties of DCs, it was critical to conduct this research on a substantial number of diverse
cases. Moreover, considering the unprecedented nature of the phenomenon being studied, we sought to
address the current scarcity of empirical evidence in the field of research (Lapucci and Cattuto, 2021). The
decision to utilize holistic case studies, as opposed to embedded case studies, was motivated by the
problem of identifying subunits framed in the same structure, the absence of which would have rendered
the analysis impossible to replicate. Consequently, the DCs’ global governance framework was utilized as
a unit of analysis.
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Our data collection was mainly based on the testimonies of individual members of the collaborations.
Only in three cases were we able to analyze responses frommembers of two different organizations within
the same DC. Furthermore, our group of respondents consisted mainly of professionals serving in data
intermediary organizations. To counterbalance potential biases, we cross-referenced the information
collected via the interviews with publicly available secondary sources or documents provided by the
respondents. However, the high representation of data intermediaries in our interview sample may distort
the importance of some elements in our resulting model, such as the importance of intermediaries. In
addition, most of our interviewees from data intermediary organizations held top positions, such as

Table 1. Dimensions of analysis and literature review

Dimension Subdimension
Cross-sector social partnership
publications

Data collaborative
publications

Initial conditions • Leadership
• Interdependence

Bryson et al. (2006)
Thomson and Perry (2006)
Ansell and Gash (2008)
Agranoff (2006)
Emerson et al. (2012)

Susha et al. (2022)

Trust • Type of trust
• Commitment

Bryson et al. (2006)
Thomson and Perry (2006)
Ansell and Gash (2008)
Provan and Kenis (2008)
Emerson et al. (2012)

Stalla–Bourdillon et al.
(2021)

Klievink et al. (2018)
Clarke and Crane
(2018)

Incentive system • Incentive model Ansell and Gash (2008)
Provan and Kenis (2008)
Emerson et al. (2012)

Susha et al. (2019b)
Susha (2020)
Gil Garcia and Sayogo
(2016)

Moretti et al. (2022)
Susha et al. (2017)

Formal
Structures

• Formal agreements Bryson et al. (2006)
Koschmann et al. (2012)
Emerson et al. (2012)

Stalla–Bourdillon et al.
(2021)

van Donge et al. (2022)
Intermediation • Facilitative

leadership
• Intermediation model

Ansell and Gash (2008)
Provan and Kenis (2008)
Bryson et al. (2006)
Thomson and Perry (2006)

Gil–Garcia and Sayogo
(2016)

Perkmann and Schildt
(2015)

Susha et al. (2022)
Business model • Value proposition

• Revenue model
Carballa Smichowski
(2019)

Susha (2020)
Robin et al. (2016)
GSMA (2018)

Flexibility • Inclusivity versus
efficiency

• Stability versus flexi-
bility

Bryson et al. (2006)
Thomson and Perry (2006)
Agranoff (2006)
Ansell and Gash (2008)
Provan and Kenis (2008)
Emerson et al. (2012)
Lockwood (2009)

Stalla–Bourdillon et al.
(2021)

Ruijer (2021)
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directors or co-founders. While this lends credibility to our results because of their global perspective, it
may detract from the influence of certain governance choices on DC operations.

3.1 Case selection

Cases were selected based on the theoretical sampling technique (Eisenhardt, 1989), starting from the DC
taxonomy developed by Bartolomucci and Bresolin (2022). In their classification, through the analysis of
multiple variables (e.g., actors involved, value proposition, geography, and data used) and building on the
taxonomy developed by Verhulst and Sangokoya (2015),2 the authors identify and describe five DC
clusters facing different development challenges. Notably, only the collaboratives belonging to three
clusters out of the five are designed to last; the other two, created to answer emergency conditions or
respond to short-term challenges, are not. Therefore, the latter were excluded a priori since they are
structurally time-limited and thus not in line with our research objective of investigating DCs’ governance
settings that foster their long-term stability. Among the remaining 80 DCs pertaining to the three clusters
considered, we selected a subsample of 40 DCs based on heterogeneity. All sample cases were contacted
via email or social media. The representatives of 14 collaboratives ascribable to the three clusters selected
(e.g., Clusters 1, 3, and 5 of Bartolomucci and Bresolin, 2022) agreed to be interviewed.

To strengthen the research findings, empirical heterogeneity was pursued in terms of collaborative
capacity to achieve long-term stability. Thus, examples with a proven track record of at least 3 years of
activity were compared to either cases that were still active but openly reporting their struggles to continue
or cases that had to suspend their operations. Although comparing success and failure cases, often adopted
in innovation design (Rhaiem and Amara, 2021) and learning practices (Kapur and Bielaczyc, 2012),
introduces a high degree of heterogeneity, it offers a better learning experience. Information about failed
cases is often qualitatively superior andmore detailed than that about successful cases, especially in cases
in which the key to success is avoidingmistakes (Eskreis-Winkler and Fishbach, 2022). Analyzing failure
allows researchers to uncover key concepts and induces thoughtfulness in problem-solving (Jackson
et al., 2022). Moreover, comparing the assumptions derived from analyzing successful cases with those
derived from analyzing failed ones, and vice versa, creates the opportunity to make a preliminary
validation of the results and strengthen the research findings (Rhaiem and Amara, 2021).

We conducted 16 interviews with the representatives of 14 DCs. We also performed a review of the
academic and grey literature on the cases under analysis. In total, 30 documents were analyzed. In the case
of two collaboratives (C10 andC11), which had to interrupt their activities, it was not possible to interview
their representatives directly; however, owing to the abundance of available written material, we included
them in the analysis to test our findings and hypothesis against cases that were forced to stop.

The selected cases are highly heterogeneous in terms of (i) themacro sector in which they operate (e.g.,
economic development and infrastructure, health, education, and public safety); (ii) the geographical
location, with cases distributed across five continents, although the EU and the US are predominant;
(iii) the actors involved, with private, public, and third-sector actors well represented; and (iv) the data
used. This heterogeneity makes the results more robust and generalizable, although it introduces some
rumor into the research. Notwithstanding the differences observed among the cases, the external validity
of the case study results was confirmed by the principle of replication (Yin, 2009). The analysis was
limited to factors that could be replicated in a minimum of two cases.

Table 2 provides descriptive information about the cases analyzed.

3.2 Data collection and analysis

The exploratory case studies were developed primarily through semi-structured interviews (Dearnley,
2005; Whiting, 2008) that explored the design and management of the seven previously discussed
theoretical governance dimensions. The data collected were analyzed through inductive coding

2 https://www.unglobalpulse.org/2014/09/mapping-the-next-frontier-of-open-data-corporate-data-sharing/.
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Table 2. Cases analyzed

ID DC name Continuity Main sector Region DC cluster Data used
Data
purpose Actors involved

C1 Estonia: Mobile
Positioning Data
for Tourism
Statistics

(MoPoTuSa)

Ongoing Economic development Europe and
Central
Asia

3. Continuous effort to
improve structural
responses

Observed personal data Tertiary Private
Public

C2 California Data
Collaborative

Ongoing Infrastructure North America 3. Continuous effort
to improve structural
responses

Disclosed
non–personal data

Secondary Private
Public
No profit

C3 Civity Ongoing Infrastructure Europe and
Central
Asia

3. Continuous effort to
improve structural
responses

Disclosed non–personal
data

Primary Private
Public

C4 Salus Coop Ongoing Health Europe and
Central
Asia

1. Collaborative effort to
support wide–scale
research projects

Disclosed personal data
Observed personal data

Secondary No profit
Civil society

C5 Impact Deal Ongoing Economic development Europe and
Central
Asia

5. External responses to
structural problems

Disclosed non–personal
data

Tertiary Private
No profit

C6 Consumer Data
Research Centre

Ongoing Economic development Europe and
Central
Asia

3. Continuous effort to
improve structural
responses

Disclosed non–personal
data

Observed personal data
Observed non–personal
data

Tertiary Private
Public

C7 T1D Index Ongoing Health Worldwide 1. Collaborative effort to
support wide–scale
research projects

Disclosed personal data Secondary Private
No profit

C8 Needs Map Ongoing Social inclusion Europe and
Central
Asia

5. External responses to
structural problems

Disclosed personal data
Disclosed non–personal
data

Primary Private
No profit
Civil society

C9 Act Now Coalition Ongoing Security/public safety North America 3. Continuous effort to
improve structural
responses

Observed non–personal
data

Secondary No profit
Public

C10 Sidewalk Toronto Terminated Infrastructure North America 3. Continuous effort to
improve structural
responses

Observed non–personal
data

Secondary Private
Public
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C11 InBloom Terminated Education North America 3. Continuous effort to
improve structural
responses

Disclosed personal data
Observed personal data

Secondary Private
Public

C12 Bendigo Data Coop Suspended Urban development Australia 3. Continuous effort to
improve structural
responses

Disclosed non–personal
data

Tertiary Private
Public
Civil society

C13 Civic Data Design
Lab

Ongoing Urban development Worldwide 1. Collaborative effort to
support wide–scale
research projects

Observed personal data
Observed non–personal
data

Primary
Secondary

Public
Civil society

C14 Green City Force Ongoing Education and training United States
of America

3. Continuous effort to
improve structural
responses

Observed personal data
Observed non–personal
data

Primary Public
Civil society

C15 SciExpeM Ongoing Economic development Worldwide 1. Collaborative effort to
support wide–scale
research projects

Disclosed non–personal
data

Secondary Civil society
Private

C16 MATSim Ongoing Urban development Europe 1. Collaborative effort to
support wide–scale
research projects

Disclosed personal data Primary Civil society
Private
No profit
Public D

ata
&

P
olicy
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(Yin, 2009) of the interview transcripts and documentary material. The two authors independently
extrapolated the codes and classified them based on epistemic similarity (Yin, 2009). Subsequently,
the codes were aggregated to construct governance-related categories named first-order codes (Gioia
et al., 2010). The processwas iterative and abductive, as the logical scheme of the categorieswas reviewed
and checked with reference to the theory several times before the final framework was formulated.
Supplementary Annex 1 provides details about the duration of each interview and the role of the
interviewee, and Supplementary Annex 2 presents the interview guide.

To enhance the results’ interpretability, the first-order codes were grouped according to epistemic
affinity in the second-order codes, with the last one divided into (i) processes, (ii) structures, and
(iii) elements referring to actors’ agency (Bryson et al., 2006; Ruijer, 2021). Supplementary Annex 3
depicts in detail, using a graphical representation, the relations between the first- and second-order codes.

The next section comprehensively presents the findings based on the first-order codeswith reference to
the elements that emerged in the different case studies. In the discussion, we generalize the findings and
discuss them according to the second-order codes. To increase the generalizability of our findings, only
design settings that emerged from multiple cases have been considered good design practices.

3. Findings

Table 3 details the 18 first-order codes (i.e., the identified design configurations), their relationships to the
seven dimensions of analysis, and the cases from which they emerged. In accordance with our research
objective, we only report and remark on findings related to DCs’ ability to sustain their activities over
time. Each dimension’s design setting is described by examples derived from the case studies. Bryson
et al. (2006) served as the interpretive lens for the transition from the first-order codes to the second-order
ones, which form the discussion’s foundation.

3.1 Initial conditions

Four major critical factors have been determined to be fundamental in the initial phase of a partnership.
Although these factors pertain to the early stages of a partnership’s development, they have considerable
implications for its stability over time. An enabling factor for starting a partnership is the pressure and
facilitation exercised by public institutions. The urgency to act experienced by the public sector, which is
frequently accompanied by a corresponding allocation of public resources, has positive effects on the
formation of partnerships and facilitates their stability over time. Even formal (i.e., regulatory) or informal
pressure from the public sector, without direct participation, can motivate other actors to take action.
Regarding this, the California Data Collaborative reports, “There was also a lot of pressure on water
suppliers from the State to save water to report data on how much water they’re using.” The pressure on
the public sector to act is often triggered by the presence of a clear need. The nature of this need may
differ; it can be of exogenous origin, such as an economic or environmental crisis, or of endogenous
origin, such as process inefficiencies. The presence of a clear need is directly proportional to how fast a
partnership can start and how well it will evolve over time. The MoPoTuSa project states, “They had a
need; we had a solution. I must say that even with other kind of projects that we’ve done and
collaborations, […] there must be some sort of pain that needs to be solved.” Having a clear need helps
in swiftly identifying the best possible contribution a data-intensive solution can bring, thus aligning
actors’ actions and objectives. Conversely, projects characterized by an unclear value proposition
frequently encounter challenges in starting and maintaining their operations due to the increased
complexity of comprehending the developed project’s impact. The Bendigo Data Coop, which is
struggling to sustain its activities, reports, “So we did struggle to find topics, or you know questions to
answer that everyone felt were collectively good questions.”

Other important factors in the initial phases of partnership development, which also influence a
partnership’s stability over time, are the presence of preexisting relationships among partners, the
existence of conjunct previous experience, and a strong individual leadership.The presence of preexisting
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Table 3. First-order codes and the relation with cases

Critical factors
(first-order
codes)

Presence of
a clear need

and
interdependence

Pressure
and

facilitation
by

public
institutions

Conjunct
previous
experience

Competence
and data
expertise

Innovation,
technology,
and data

infrastructure

Vision
and

mission
alignment

Communicating
privacy

compliance

Operational
agreements

with
partners

Non-
disclosure
and data-
limitation
agreements
and the
presence
of an

external
committee

Presence
of a

dedicated
and

neutral
intermediary

Partner and
stakeholder
engagement

Interest
in data
outcome

Non-
profit
legal
entity

Social
impact

measurement
Revenue
generation

Communication
and

transparency
Lean

development

Openness
toward
new

partners
and

partner-
selection
processDimensions

Initial
conditions

C1 C2 C5
C7 C9
C14 C15

C1 C2 C6
C15
C16

C1 C2 C4
C5 C6
C7 C8
C9
C11
C15
C16

C1 C8
C14

C12 C3 C4
C11

Trust C1 C8 C16
C13

C1 C2 C3
C4 C5
C8
C12
C14
C16

C1 C6 C9
C12 C13
C16

C2 C4 C6
C7
C8
C11

C1 C3 C4 C6 C7 C10
C11
C12
C13

C2 C4
C8
C11
C14

C4 C6 C8 C1 C2 C8 C9
C10 C11
C16

C12C13

Formal
structures

C14 C16 C4 C5 C6
C7 C8
C14
C16

C2 C3 C6
C9 C14
C16

Intermediation C2 C3 C4C6
C8 C12
C15

C3 C5 C6 C5 C9 C10 C11 C12 C1 C2 C3
C4 C5
C6 C7

C8, C9 C12

C3 C8 C12 C4 C9
C14

Incentive
system

C3 C8 C14 C1 C3 C14 C12 C6 C8 C15 C1 C2
C3
C6
C7
C8
C9
C12
C14
C15

C4 C6 C1 C4 C5 C6
C8 C12

C12

Business
model

C1 C2 C3
C4C8
C9

C12
Flexibility C1 C6 C8 C2 C1 C13 C1 C2 C3

C4
C5
C6
C7
C8
C9
C13
C15
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relationships facilitates trust building and maintenance, thereby compressing the start-up time and aiding
in overcoming critical moments of a collaboration during its entire lifetime. Personal—more than
organizational—preexisting relations play a crucial role in the start-up phase of a collaboration and in
keeping high levels of engagement even without immediate positive results. The California Data
Collaborative reports, “The initial startup trust was just trust in [person name]. The other water suppliers
trusted what she was saying, they trusted her vision, and so they went along with it.”

Finally, evidence suggests that it is advantageous for DCs to implement a lean development process
that begins with the production of small achievements and evolves through continuous improvement.
Regarding this, Civity reports, “So we made it as a showcase, but the showcase was so successful that
more municipalities came to us, and they wanted to use this application.”Adopting this strategy not only
increases partners’motivation and commitment but also tests the project for potential flaws (particularly
in relation to data use) and refines its activities and outputs over time. When a project begins on a grand
scale, it may encounter ethical and privacy-related problems that result in its suspension or termination. In
an interview, amanager of the InBloom project, whichwas forced to stop its activities, states, “The project
has to scale fast. It’s a big, heavy, large-scale project, with a large initial investment. The belief is that it
can’t be designed small, so we have to go big.”

3.2 Trust

Trust is a complex construct that depends on multiple elements; however, through the analysis of the case
studies, a few of these have been isolated. The first element contributing to a partnership’s stability is
complete vision and mission alignment among the partners with regard to its objectives; this is crucial to
its long-term stability. In line with this, the Consumer Data Research Centre reports, “It was all about
having senior academics who all had the same vision for setting up something which was responding to a
call to do something in a research space where there was a need.” In contrast, when a partnership begins
with a poor alignment, problems and breakups are common. This was observed in theMoPoTuSa project:
“[…] some of the agencies departed early. The fundamental underlying issue was a difference in vision.”
A second key factor in the case of DCs is the capacity to ensure full privacy compliance. Being compliant
with privacy regulations is essential when managing data, particularly the sensitive type. To establish
legitimacy, collaborations must not only be capable of defining and implementing secure data processes
but must also effectively communicate these processes to stakeholders. Salus Coop reports, “To build
trust, we have to go to street […] and explain that one of our values is keeping privacy at the very high
level, because we know that this is a very sensitive thing for citizens.” In contrast, Sidewalk Toronto,
which was forced to suspend its operations, encountered significant opposition due to ambiguous
communication regarding data-use terms. A newspaper article on the project reports, “Who will own
the data streaming from sensors in every park bench, lamppost and dumpster? No one at [company name],
nor in local government, has given a straight answer to that question yet.” In addition to guaranteeing
communication and transparency regarding data privacy, every aspect of the partnership must be
communicated transparently to both partners and other stakeholders, including data use and other aspects
of a collaboration’s management. The California Data Collaborative reports, “We try to be very
communicative about what we’re working on at any given time. In terms of trust, we’re very transparent
about our financials, how we’re spending money, what projects we’re working on.” On the same issue,
Needs Map reports, “We should be transparent with our partners, including volunteers, about organiza-
tional, administrative, and financial information.” Lack of communication creates mistrust and may
engender internal and external tensions, as in the case of InBloom, whose stakeholder declares, “Trust
between states and districts, between districts and teachers, between parents and states, and teachers and
technology was not adequately addressed by [the company’s] communication strategy.” Adopting
proactive communication is the first step in promoting active partner and stakeholder engagement.
Actively involving partners and stakeholders in decision-making processes from the outset and through-
out the development of activities aids in building trust and legitimacy and in preventing significant
setbacks that threaten a partnership’s survival. A representative of the Civic Data Design Lab reports, “At
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the beginning they didn’t trust me, they didn’t know who I was. I have built trust by being there, coming
back frequently, continuously including them, involving them in workshops, continuing to help them
even when the project was over.” On a different level with regard to the first three elements, another
critical point is the capacity to demonstrate the social value generated through a partnership’s activities by
setting a social impact measurement infrastructure. Measuring the social impact generated is essential for
renewing stakeholders’ motivation and gaining legitimacy for an organization’s long-term operations.
Few of the interviewed collaboratives have been able to do so, and many have struggled to assess and
convey the value of the social impact generated despite recognizing its significance. On the matter of how
to create trust, Needs Map reports, “We are sharing with the people and organizations our projects, our
efforts in the field, and we are saying that we create this impact.” In contrast, the Bendigo Data Coop
clearly refers to the difficulty of demonstrating their impact: “Wegot valuable data out of it, where it gets a
little bit tricky, and the rubber hits the road is: What is the data going to influence?What change is it going
to influence?” Finally, the analysis of the case studies suggests that, being the convener, a not-for-profit
legal entity positively influences trust creation and diminishes resistance. The California Data Collab-
orative reports, “By being a non-profit, it really does build trust, especially in the early days when no one
really knew who we were. It’s like a badge of honor that builds trust.” On the other end of the spectrum,
there is some evidence of the risk associated with a for-profit structure managing the collaboration. For
example, in the InBloom case, reports indicate that “[there was a] deep worry that the data infrastructures
underpinning schooling systems would potentially be controlled by private for-profit interests.”

3.3 Formal structures

Regarding formal structures, three main elements appear to be critical for the long-term sustainability of a
partnership. The first one is implementing a clear operational agreement with partners that guarantees
partnership development and sets roles, responsibilities, and the resources to be allocated. These
agreements often take the form of a memorandum of understanding (MOU). Regarding this, Salus Coop
reports, “The agreements are not technical at all. They are very simple.” However, many recognize the
agreements’ role in maintaining the organizations engaged in the project beyond the single data
champions that may have started it. The T1D Index reports, “The MOU definitely helped keep people
committed because there’s change of leadership in all the organizations. Some partners have new
presidents every year. So it was good to have a MOU to keep continuity.” Therefore, operational
agreements are needed to ensure organizational commitment transcending the will of individual reference
people in the long term. Such simple operational agreements should, however, be coupled with detailed
non-disclosure and data-limitation agreements, which are often complex in nature and may imply the
creation of ad hoc data-use assessment processes. C16 reports, “So there is funding agreement, basically,
there is the ethics agreement, there is the user agreement, and there is the agreement with the partner
providing the app. The user’s data is always a central aspect in all these agreements.” The adherence to
data-use terms and conditions is often guaranteed through the presence of external committees, which
assess data-use requests and grant permission to proceed with data sharing in compliance with privacy
regulations and agreements. The Consumer Data Research Centre reports, “We have some expert
reviewers who look at all of those proposals, and then we take it to the data provider who has ultimate
sign off on that proposal.”

3.4 Intermediation

The intermediation modality has significant implications for DCs’ long-term stability. One of the most
influential elements in this regard is the presence of a dedicated and neutral intermediary.A collaborative
may benefit from the presence of an intermediary organization in terms of power dynamics’ balance,
resource management, conflict resolution, and funding. The California Data Collaborative comments on
this as follows: “Being able tomove things to a third partymade it so that themembers and the participants
could be more equal.” The presence of an organization representing a DC facilitates the management of
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support activities for the initiative, such as the management of human and financial resources and the
supervision of processes. Furthermore, having a dedicated entity aids in the management of tensions and
the prevention of dropouts through the establishment of one-on-one relationships with various partners.
Regarding this, the T1D Index states, “So the fact that [the organization] invested in a team which was
only focused on this project, that was really important to the ongoing sustainability of the work.”

Evidence suggests that to foster the long-term stability of a partnership, intermediaries must incorp-
orate advanced data-related competence and skills. The development of data-sharing infrastructure and
standards and the execution of data cleansing and analysis are among the most frequently reported
responsibilities of intermediaries. The California Data Collaborative reports, “You have to show your
technical capabilities, and that you actually knowwhat you are doing.”However, a DCmust also possess
other competencies, such as stakeholder engagement and interaction with specific beneficiaries in need.
Needs Map expresses this as follows: “For big companies, it is not possible to interact with beneficiaries
without [our] intermediation; they don’t have expertise. They can implement the projects, but it’s about
knowing what disadvantaged and disabled people need.” To expedite the operation of a collaborative,
intermediaries should take the form of knowledge centers in which various kinds of competencies are
centralized.

Although the technological and data infrastructure is not the focus of this research, it has emerged as a
critical factor for the success of a partnership, indicating the necessity to design it in coordination with the
organizational aspects concerning the intermediation model and vice versa (Bharosa and Janssen, 2015).
The Impact Deal representatives refer to this as follows: “Also the infrastructure theme, how can the data
club evolve?Onewaymay be to evolve it as a data space […]. If the data space is a neutral subject, then the
governance must also be neutral. It cannot be a single subject, then there could be the need for an
independent third party.” However, the relationship between the two dimensions is not streamlined and
must be further explored.

3.5 Incentive system

Excellence in the technological infrastructure is also required to entice and retain partners in a collab-
oration. Organizations are attracted by the possibility of utilizing innovative technologies, whether for
understanding their potential or for reputational reasons. Regarding this, Civity reports that they “have a
technology that is waymore advanced with respect to what could be developed within municipalities. We
also comply with the highest ISO standards and with the GDPR standards, which are really difficult
sometimes. So we have all the certificates and competencies to manipulate the data.” Possessing not only
the technological infrastructure but also data management and analysis capabilities is, for intermediaries
and DCs in general, an important way to incentivize partners to participate in the collaboration.

Organizations are frequently motivated to participate in DCs by an interest in data outcomes (i.e., the
intentional or unintended benefits they may obtain from the analysis of their data). Referring to this and
the previous dimension, the MoPoTuSa project reports, “So for everybody, [the] incentive [is] just to do
new things, and that is kind of the goal. For the operators, it might as well be that they want to learn more
about their data because these kinds of initiatives could reveal for them something that they didn’t know
before.” Other elements already discussed in this article that have significant implications for enticing
partners to join a collaborative are (i) stakeholder engagement starting from the design phase of a
partnership, (ii) the capacity to measure the impact generated, and (iii) the not-for-profit nature of an
intermediary/project.

3.6 Business model

Developing robust funding models that include revenue-generating activities allows collaboratives to
reduce their dependence on external funding to sustain themselves. Revenues may normally be generated
through two broad categories of activities: (i) “internal services,” which are essential services offered as
part of the collaboration, and (ii) “external services,” which are directed toward actors outside the
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collaboration and typically involve the exploitation of knowledge and resources already developedwithin
the collaboration. Depending on the type of service or product being offered, the business model may be
based on freemium models, one-time license payments, recurring payments, or transaction fees. The Act
Now Coalition, for instance, reports, “We actually have been able to kind of have a funding model where
we can license access to the API and the data to these businesses.” Nearly all the collaboratives,
particularly in the initial phase, received a grant that assisted them in establishing their partnership and
acquiring the necessary assets to construct the first successful use case. However, organizations that rely
primarily on donations struggle to maintain their partners’ commitment over time and risk having to
suspend their operations after a certain point. Therefore, the critical element is the capacity to design, from
the beginning or during the start-up phase, valuable business models that may sustain a collaborative’s
activity once the initial grant used to establish it is depleted.

3.7 Flexibility

The analysis of the case studies also shows that it is important for a collaborative to embrace a certain
degree of openness toward new partners and to formalize a partner-selection process. Openness to new
partners favors the renewal and longevity of partnerships. New partners bring new resources, meaning,
and commitment. Formoremarket-oriented collaboratives, new partners are almost treated as new clients,
such as in the case of the Act Now Coalition: “Partner for us at this point would be like new potential
opportunities for sustainability like a new, we don’t want to say customer, but that’s really what they are.”
This implies that a collaborative develops initiatives or projects with a high degree of adaptability. New
collaborators frequently entail new data, thereby increasing the value of the generated analysis. Impact
Deal expresses it clearly: “There is a need for new partners. First of all, on the data side.” Not-for-profit
forms of collaboratives are often more cautious about accepting new partners because they want to
preserve their value proposition, avoid deviating from it, andmaintain control over their activities. This is
the case of Salus Coop: “We have been very conservative on partnership. […] Projects that we host [need
to] go through an ethical committee, and when [they are] approved, [they] can collaborate with us. It’s a
way in which we can filter quality and critical mass.” Others have established formal or informal
assessment processes to deliberate on the inclusion or exclusion of new partners. However, being able
to balance flexibility and openness with new partners’ mission alignment appears to be a key challenge
that should be addressed. Another challenge in terms of flexibility is the ability to adequately handle
internal and external tensions. In this regard, having a fully transparent communication strategy,
supported by clear accountability procedures, is a safeguard against various forms of criticism and
hazards. For example, the Consumer Data Research Centre reports, “There are sometimes tensions with
the users of the data or people who want to collaborate, because quite often the understanding of what
consumer data are is not that great […]. Trying to manage the expectations of collaborators is really
important in that sphere, and again it comes down to the communication.”

While the factors examined did not encompass every aspect of DC governance (as in the case of Ruijer,
2021), they have emerged as crucial determinants of DCs’ stability. These factors aid in the reduction of
risks and occurrences that typically culminate in the dissolution of a DC following its initial pilot phase.
These may include partners’ diminished interest in investing in a partnership, insufficient evidence
regarding the effectiveness of a DC in delivering on its initial value proposition, inadequate incentives in
comparison to the risk–benefit calculus, insufficient funds to maintain operations, and controversies
surrounding data privacy.

4. Discussion

The distinction between elements pertaining to processes, structures, and actors’ agency (Bryson et al.,
2006) served as the interpretive lens for the transition from the first-order codes to the second-order ones.
The aggregation in the second-order codes has facilitated the discussion of the results and their
comparison with existing collaborative governance models (Agranoff, 2006; Bryson et al., 2006; Ansell
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and Gash, 2008; Provan and Kenis, 2008; Emerson et al., 2012). Aggregating the second-order codes
under the tripartite lens of process–structures–actors’ agency highlights the presence and interrelation-
ship, in both governance processes and structures, of elements pertaining to data management and the
enabling technological infrastructure as well as more organizational aspects. This evidence, obtained by
starting from a predominantly organizational perspective, confirms and reinforces the need to adapt
existing governance models, which often focus exclusively on organizational aspects, to the peculiarities
of DCs (Ruijer, 2021). Furthermore, these findings support a few researchers’ (Bharosa and Janssen,
2015; Susha et al., 2017; Bharosa, 2022; Otto and Hompel, 2022) call to consider the two dimensions of
organizational governance and data and technical infrastructures’ governance as factors that mutually
influence each other. This perspective, although widely recognized, often suffers from the existence of
research silos between information systems research and more organization-oriented research. The
interrelationships among these two elements are evident in the governance factors’ design settings
reported in Table 4 and further discussed below.

The first factor emerging as a critical element in guaranteeing DCs’ long-term stability is their reliance
on robust, well-defined, and schematized data-related processes along the entire data value chain. This
requires precise data collection, storage, access, and sharing procedures. Data-management processes are
also determined by the organizational configuration a DC adopts. Notably, the data value chain is
frequently administered by a single actor who possesses the required skills and knowledge. Nonetheless,
the concentration of data capabilities in the hands of a single actormay result—more than in other forms of
partnerships—in power imbalances and the emergence of endogenous and exogenous crises. Therefore,
the cases analyzed indicate a necessity to activate governance processes (e.g., multi-stakeholder decision-
making mechanisms) aimed at mitigating these risks. Compliance with privacy and data security
regulations, as well as the adoption of a fully transparent and proactive communication strategy regarding
the entire data value chain and addressing all stakeholders, may contribute to this objective. The
combination of compliance and communication significantly reduces risks and encourages the partici-
pation of stakeholders in a partnership.

A transparent communication strategy also helps increase stakeholder engagement. In this regard, the
importance of a strong value proposition alignment emerges as a key element for a partnership’s
continuity. This dimension, often cited in the collaborative governance literature (Bryson et al., 2006;
Ansell and Gash, 2008; Provan and Kenis, 2008; Emerson et al., 2012), is overshadowed by the DC one,
which often focuses more on the presence of a clear social need (Susha et al., 2020; Ruijer, 2021) as a
factor triggering actors to participate in a partnership. While a clear social need is acknowledged as an
important component in the initial development of a partnership, evidence shows a strong value
proposition alignment to have a significant impact on partnership stability over time. In this regard, the
more stable collaboratives among those analyzed often developed value proposition alignment activities
both during the partnership’s founding phase and throughout the course of its development via the
implementation of participatory design processes. Having a value proposition that transcends a single
need helps inmodifying a partnership’s commitment in the long term and avoids the loss of direction once
the initial purpose is achieved or in case data do not fit the immediate need as it has been framed.
Compared to other forms of partnerships, there is a greater need for the value generated for each
stakeholder to be made clear, including the value for indirect beneficiaries and data owners that may or
may not be included in a partnership. Including stakeholders in the partnership development and decision-
making process may be operationalized through the adoption of a lean development process (Klievink
et al., 2018; Global Partnership for Sustainable Development Data, 2023), which is based on the
achievement of small and gradual goals (Ruijer, 2021). Following a strategy of gradual evolution helps
in demonstrating the social value generated and contributes to generating buy-ins from existing and new
partners. The same is true for the design and implementation of a structured impact management and
measurement model. However, although both practitioners and academics recognize its value, efforts
focused on this remain limited (Hlabano and Van Belle, 2019), and further research is required.

More than other kinds of collaborations, durable DCs consistently demonstrate a high degree of
adaptability to external demands and a willingness to continuously recruit new partners. Engaging new
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Table 4. Governance design settings favoring DCs’ stability

Interpretative
lens Second-order dimensions Governance design settings favoring DCs’ stability

Processes Data–related processes – Establish explicit processes for data collection, storage,
access, and sharing

– Balance potential power imbalances caused by the
concentration of data–related capabilities via a distrib-
uted governance model

– Ensure processes’ compliance with data regulations
– Adopt a completely transparent and proactive data–

usage communication strategy
Engagement and

participatory
decision–making

– Ensure a strong value proposition alignment from the
outset of the partnership and keep working on it
throughout its development

– Clarify the value proposition for all stakeholders,
including data owners. Follow a lean development
strategy through small and gradual achievements

– Manage and measure the impacts generated
– Include new partners continuously by assessing them

beforehand
– Be flexible in meeting market and partners’ demands

Actors’ Agency
(In between)

Leadership – Leverage informal and individual leadership, along
with previous relations, networks, and reputations in the
start–up phase of the partnership

– Gradually transfer individual leadership to the organ-
izational level after the start–up phase

Collective intelligence – Combine competencies and knowledge from different
sectors and backgrounds to improve data interpretation
and operationalization

– Utilize anticipated and unanticipated data outcomes to
incentivize and engage data providers

Funding model – Generate a mix of income sources to gain decisional
independence and avoid being overdependent on
funding partners

– Provide data analysis services to generate revenue and
incentivize partners to join the collaborative

Structures Technological structures – Ensure technological excellence and reliability, espe-
cially when dealing with sensible data

– Demonstrate and communicate technological excel-
lence to incentivize partners to join

Organizational structures – Constitute an independent intermediary, ideally in the
form of a not–for–profit organization, to build trust and
manage stakeholders’ interests

– Constitute intermediaries in the form of knowledge
centers, integrating technical and social skills

– Couple simple operative agreements with detailed and
accurate data–usage agreements
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collaborators allows a collaborative to obtain access to new data and resources, thereby enhancing the
analysis’ value. Additionally, evidence demonstrates that stable DCs rely on structured assessment
processes to evaluate partners’ alignment with their values and activities prior to their entry into a
partnership. Adaptability should not only be a value proposition characteristic but also be intentionally
embraced in organizational and technological structures. Particularly important in this regard is the
capacity to manage the trade-off between flexibility and the presence of a clear value proposition and
agreements, especially regarding data use.

With regard to those governance dimensions in between processes and structures that refer to the
agency of the actors involved, in accordance with previous literature (Bryson et al., 2006; Ansell and
Gash, 2008; Emerson et al., 2012), our research provides evidence of the significance of preexisting
collaboration experiences among actors, the relationship network, and reputation. Our research also
emphasizes the significance of informal and individual leadership, particularly during the early phases of
a collaboration. However, the findings discourage excessive reliance on personal relationships and single
individuals. Relying on a single person’s reputation and establishing data champions may engender
success for a partnership at the beginning (Hoffman et al., 2019), but these expose it to a high degree of
reliance on the individual’s continuous involvement. To enhance their long-term stability, collaboratives
must progressively gain independence from individual leaders and transfer leadership and trust capital at
the organizational level. Transferring leadership and trust from the personal level to the organizational
level is not an automatic process; rather, it needs to be planned and pursued through the creation of ad hoc
organizational structures and processes.

Our research also emphasizes the significance of the activation of collective intelligence (Daly et al.,
2019; Verhulst et al., 2019) as a crucial element for the long-term sustainability of partnerships and the
transition from the descriptive use of data to the capacity to operationally use data. While the
availability of data-related skills is a prerequisite for collaboratives’ activation, more social-oriented
skills allow collaboration deployment over time. Possessing in-depth knowledge of the beneficiaries or
area of operations enables the creation of a link between high-level data analysis and empirical field
data. Ground-truthing assumptions (Williams, 2020) and facilitating engagement and dialogue have
emerged as key factors in this regard. Including actors working on the field of analysis helps in
translating findings and evidence into actions and facilitates the creation of evidence on the impact
generated. The activation of collective intelligence and the cross-contamination of diverse knowledge
and backgrounds enable the adoption of novel analytical and interpretative lenses when analyzing data,
which frequently results in the acquisition of unexpected data outcomes (i.e., shared knowledge derived
from data analysis). Expected and unexpected data outcomes appear to be the clearest incentives for
partners to participate in a collaboration. Furthermore, offering on-demand data analysis services
incentivizes partners to join a partnership while also serving as the primary source of revenue for a DC’s
intermediaries, in addition to grant funding andmembership fees (GSMA, 2018; Global Partnership for
Sustainable Development Data, 2023). Our research confirms the difficulties that DCs face in estab-
lishing robust funding models and demonstrates the resilience of DCs that have succeeded in estab-
lishing such models (GSMA, 2018; Susha et al., 2022). It also demonstrates that the optimal funding
model is frequently achieved as a result of multiple iterations in relation to the partners involved, the use
of data, the available competencies, and the extant market demand for the services and products offered.
Hybrid forms of funding, combining revenues, private grants, and research grants, appear to be themost
resilient ones. Cross-subsidizing activities directed primarily at not-for-profit initiatives, with services
offered to private and public actors, is one of the most robust options DCs can develop. However,
establishing cross-subsidizedmodels may create structural inefficiencies and trade-offs, which increase
the management complexity (Battilana et al., 2015).

Concerning governance structures, a clear distinction between technological and organizational
structures has emerged. However, the overall picture generated by the research provides clear evidence
that the two are strongly related and should therefore be designed in relation to one another. The two
dimensions can either exacerbate or mitigate their respective limitations. For instance, the centralization
of technical competencies, which frequently generates power imbalances, can be counterbalanced by a
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participatory management and decision-making system. The trade-off between centralization and decen-
tralization existing in both dimensions can thus be managed as a four-dimensional problem, with multiple
configurations. However, further research on this is needed to understand the optimal combinations.

Technological infrastructures’ excellence is a necessity for DCs, especially in those cases in which
sensitive data sharing is involved. However, while safe data-sharing environments and data-sharing
protocols are easily accessible at present, referencemodels on themanagerial and organizational levels are
lacking. A few elements can be derived from the research in this regard: In accordance with previous
literature (Hernández-Chea et al., 2021; Reischauer et al., 2021; Susha et al., 2022), the presence of an
independent data intermediary appears to be beneficial for the long-term stability of a partnership, as it
pushes organizations to commit to sustain the partnership in the long term, manages one-to-one
relationships with partners, and simplifies and hastens decision-making processes. Evidence from this
study also suggests that intermediaries should take the form of knowledge centers and integrate more
technical and data-related skills with socially oriented ones. Finally, it appears beneficial for trust creation
and partner involvement to establish intermediaries under a not-for-profit legal form, which fosters trust
generation and is generally less vulnerable to criticism.

5. Conclusions

This research advances the existing literature onDCs through threemain contributions. First, it progresses
from determiningwhich aspectsmust be includedwhen designingDCgovernance schemas (Susha, 2019;
Ruijer, 2021) to determining the ideal design settings of those related to partnership stability. Second, it
answers the call (Lapucci and Cattuto, 2021) to provide more empirical evidence on the field that can
serve as a reference for others and challenge previous explorative studies (Smichowski, 2019; Susha,
2019; Ruijer, 2021). Third, it helps clarify which factors favor DCs’ long-term stability, which is
unanimously recognized as one of the major limitations affecting DCs’ capacity to generate systemic
impact (GSMA, 2018; European Commission, 2020; Farmer et al., 2022; Flanagan Anne and Sheila,
2022; Susha et al., 2022). Such a focus on the long-term stability of a partnership constitutes a new
perspective in DC literature, which, despite recognizing long-term stability as an important element for
DCs’ development, has only partially focused on how to foster it. By adopting this research perspective,
this research highlights the importance of a few elements that were overlooked by previous literature. For
example, this is demonstrated by the importance of moving trust from the personal level to the
organizational level, adopting mixed funding schemas, internalizing data-analysis competence at the
intermediary level, and adopting a fully transparent and proactive communication strategy. The particular
focus adopted has also allowed us to highlight elements that evolve during a partnership’s development
phases. This is illustrated by what motivates partners to engage in a DC. While the initial motivation to
join a partnership is often driven by the presence of a clear social need, in the long term, motivation is
primarily driven by (i) a strong value proposition alignment, (ii) the creation of small and simple
successful cases (i.e., the adoption of a lean development strategy), (iii) the assessment and reporting
of the impacts generated, and (iv) access to data-related services and data-analysis outcomes. While we
have focused on individual dimensions’ design settings’ influence on partnership stability, we acknow-
ledge the existence of multiple trade-offs and reciprocal influences among them, which require further
analysis. These trade-offs are typical of social entrepreneurship and concern, for example, the balance
between decisional centralization and stakeholder engagement, resource allocation among more socially
oriented activities with regard to revenue-generating ones, and individual leadership and trust versus its
institutionalization. Therefore, we recommend further research addressing these trade-offs to generate
social and economic value (Battilana et al., 2015).

This research also highlights the interconnection and interdependence between collaborative govern-
ance dimensions and technological ones, calling for more transdisciplinary research on the topic. DCs are
complex socio-technical structures (Liva et al., 2023); therefore, they must be studied with an integrated
technical and organizational perspective. DCs require the creation of specific processes and structures for
collecting, sharing, storing, and analyzing data in a safe and privacy-compliant manner. At the same time,
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data-related processes and structures are influenced by and influence organizational governance elements.
As it is not possible to create a one-size-fits-all model (Klievink et al., 2018; Stalla-Bourdillon et al.,
2019), the governance configuration should be adaptive with regard to the context and the different
development phases (Bharosa and Janssen, 2015); thus, organizational and technological aspects need to
be continuously adapted in synchrony. Therefore, we encourage future research to adopt a holistic
approach toward DC governance, considering and further exploring various relationships between
organizational and technological elements.

From a practitioner’s perspective, our research provides empirical support and guidelines to design an
effective DC governance setting. Despite only partially addressing the general lack of reference models
for practitioners, our research represents a significant contribution in this direction. When designing the
governance of their collaboratives, practitioners can refer to these research findings as a catalog of
elements to consider and fallacies to avoid. In this regard, this study’s reliance on 16 distinct casesmakes it
a significant and robust source of knowledge. Nevertheless, we encourage future research as well as other
endeavors on this topic to aid practitioners in their efforts by creating a shared library of effective models
to which they can refer when structuring their partnerships.

Finally, our research contributes to the broader discussion on the governance of new commodities (e.g.,
internet connection, artificial intelligence, and data) that, because of their actual or potential impact on
communities, require experimentation involving different schemes of multi-stakeholder governance that
would enable a commons-like (Avermaete, 2021) approach, ensuring the representativeness of all stakes
in their management. These new approaches may govern the production, protection, enjoyment, and
reproduction of such resources (Avermaet, 2021), ensuring social licensing over the asset (Verhulst and
Saxena, 2022) and the pursuit of general interest objectives. Thus, our research may constitute one
specific use case, showing which governance dimensions’ design configurations may facilitate the
management of these new forms of commodities. Therefore, we recommend further research in this
direction and urge other researchers to explore the governance design settings of other types of assets in
this category.
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